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Abstract: Affinity spaces refer to digital and geographical spaces in which learning can happen, 
and some of the largest affinity spaces dedicated to education are those that currently exist on 
Twitter. These spaces are public, largely unmoderated, and thriving, yet very little is known about 
them. This paper seeks to shed some light on these basic questions about Twitter-based affinity 
spaces by presenting descriptive data about the participants and their patterns of activity across 47 
State Educational Twitter Hashtags, or SETHs. We examine over 580,000 tweets collected over six 
months and identify who is participating and their degree of activity. We conclude with directions 
for future research on SETHs (or related affinity spaces on Twitter) focused on participants’ 
individual characteristics, the structure of the affinity space, and the content of tweets. 

 
 
Introduction and Literature Review 
 
Teaching and learning are social in nature, especially in informal settings. Accordingly, researchers are increasingly 
recognizing the importance of social organizations, from classroom communities of learners to teachers’ 
professional learning networks. One such organization is an affinity space, which Gee (2004) defines as spaces that 
are structured around some kind of content and in which people interact with each other through some kind of portal 
(i.e., a means by which people enter the space). Like other conceptions of groups in education (e.g., Lave and 
Wenger’s [1991] community of practice), affinity spaces call attention to how knowledge and learning exist not only 
at an individual level but also in a distributed, situated form. 
 
Gee (2004) also draws attention to how changes in technologies are changing the nature of these spaces and 
participants’ interactions therein. Social media technologies in particular are changing how teachers and learners 
interact. Recent research suggests that teachers and other educational professionals are using the social media 
platform Twitter as a means of interacting and connecting with their colleagues and peers (Carpenter & Krutka, 
2014). 
 
Indeed, some of the largest educational affinity spaces in the world are those that currently exist on Twitter. These 
spaces are remarkable in that they are public, democratic, largely unmoderated, and thriving yet have not yet been 
the subject of any large-scale, systematic study. Very little is known about who participates in this community and 
what even the most basic patterns of activity in the community look like. This paper, accordingly, seeks to shed 
some light on these basic questions about Twitter-based affinity spaces by presenting descriptive data about the 
participants and their patterns of activity. Previous research has acknowledged the role of hashtags in organizing 



teachers’ social learning (Britt & Paulus, 2016), and we consider them to be portals to affinity spaces focused on 
education. In particular, we focus our analysis on a number of State Educational Twitter Hashtags (SETHs) that 
serve as content- and region-specific affinity spaces. Accordingly, we answer the following questions on both an 
aggregate level and an individual SETH-based affinity space level: 

 
1. Who is participating in these affinity spaces? 
2. How active are participants in these affinity spaces? 

 
 
Method 
 
We identified 47 SETHs using collected lists of education hashtags based in the United States (i.e., Junkins, 2014). 
In cases where a state was associated with multiple SETHs, we chose to focus on the SETH that appeared to be the 
most active in terms of recent tweets. We were unable to identify SETHs for Alaska and New Mexico, and while we 
were able to identify a SETH associated with West Virginia, we excluded it from analysis because it demonstrated 
very low levels of recent activity.  
 
To collect data from these SETHs, we accessed the Twitter application programming interface (API) through a 
series of Twitter Archivers built with Google Apps Scripts and Google Sheets (Agarwal, 2014). Once activated, a 
Twitter Archiver regularly collects any instance of a tweet that matches a particular search term: in this case, a 
SETH. This includes retweets, instances when one Twitter user reposts another user’s tweet. The content of these 
tweets are stored in a spreadsheet alongside a timestamp, the relevant username, and other information. We ran the 
Twitter Archivers continuously for six months, from January 1st, 2015 to June 30th, 2015. However, Twitter 
Archivers are limited to collecting 50 tweets per 15-minute period, and we therefore likely missed some tweets from 
periods of high traffic.  
  
We also collected information from Twitter profiles using the statistics programming language R. The script we 
wrote collected profile information for a list of usernames associated with SETHs, including the listed name, 
location, and personal description. Based on these data, we used other R scripts to create a number of measures to 
answer our research questions. The following sections list the measures associated with each question:  
 
 
RQ1: Who is Participating in These Affinity Spaces?  
 
We used two measures to answer this research question. We first calculated a unique participants measure, which 
allowed us to measure the size of these affinity spaces in terms of participants. We calculated this measure by 
counting the number of unique Twitter handles associated with both SETHs generally and each specific SETH.  
 
Next, we developed the participant category measure, which describes the role that a SETH participant plays in the 
educational community (e.g., teacher, administrator, unknown). We developed this using data collected from 
participant profiles. Two raters randomly sampled 100 participant profiles and used the resulting data to develop a 
coding frame for describing participants. This resulted in 10 different codes (or possible values for this measure), 
which are explained in Table 1. To apply the participant category measure, the raters first coded 50 randomly 
sampled unique participant profiles to establish the reliability of the frame. The raters achieved 82% agreement and 
a Fleiss’s kappa of .79, indicating substantial agreement. Subsequently, a single rater coded 450 new randomly 
sampled unique participant profiles. These profiles were sampled from all participants associated with SETH-related 
tweets rather than systematically sampled from each SETH. 
 
 
RQ2: How Active Are Participants in these Affinity Spaces? 
 
We used another two measures to answer this research question. In order to understand the activity of participants, 
we developed a measure for number of tweets, which allowed us to determine the size of these affinity spaces in 
terms of activity. We calculated this measure by counting the number of tweets and retweets associated with SETHs 
and by determining the number of tweets and retweets associated with each individual SETH.  
 



We also developed the active weeks measure, which examined the number of weeks in which each user sent at least 
one tweet throughout the six months for which data were collected.  
 
 
Results 
 
RQ1: Who is Participating in These Affinity Spaces?  
  
Our unique participants measure allowed us to determine the size of these affinity spaces in terms of their 
participants. We found 68,552 unique SETH participants over the course of these 6 months, and Figure 1 indicates 
the number of unique participants per state.  
 

 
Figure 1: Number of Participants per SETH 

 
We next used our participant category measure to get an idea of who these participants were. As can be seen in 
Table 1, self-identified teachers are responsible for the most SETH-related tweets (25%). In total, practitioners (i.e., 
teachers, administrators, and instructional staff) are responsible for over half of SETH tweets. 
 
 
RQ2: How Active Are Participants in these Affinity Spaces? 
 
We used two measures to examine how active participants are in these affinity spaces. The first measure, number of 
tweets, yielded 583,716 total tweets associated with all SETHs (N = 47). This results in an average of 12,419.49 
tweets per SETH (Figure 2). This also results in an average of 3,224.95 SETH-related tweets per day across the 47 
states associated with SETHs (or 68.62 tweets per SETH per day), suggesting high levels of activities in this affinity 
space.  
 
The second measure, active weeks, demonstrated that while many participants (61.26 %) sending at least one tweet 
in a week did so for only one week, many (13.67 %) participated for four or more weeks. Table 2 provides a 
complete distribution.  
  



Code Description / Example Proportion of 
Participants 

Teacher accounts belonging to teachers .25 
Administrator accounts belonging to principals, superintendents, or other 

school administrators .16 

Instructional Support accounts belonging to technology coaches, curriculum 
developers, media specialists, etc. .13 

Educational Researcher accounts belonging to university faculty involved in 
educational research .02 

Education-Connected accounts belonging to persons concerned with education but 
whose specific role is unidentified or does not fall in one of 
the above categories (i.e., Teacher, Instructional Support, 
Educational Researcher) 

.19 

Educational Institution accounts associated with schools or government bodies .04 
Educational Organization accounts associated with companies or non-profit 

organizations affiliated with education .08 

Media accounts affiliated with media outlets, social media curators, 
etc. .04 

Hashtag / Chat Accounts accounts affiliated with educational Twitter communities, 
such as SETHs or Twitter chats .02 

Not Clear accounts that did not fall into any of the above categories or 
could not be coded .08 

Table 1: Codes Associated with Participant Category Measure 
 
 

 
Figure 2: Number of tweets per SETH for six months. 

 
 
 



 Number of Participants Percentage of Total 
Participants 

Cumulative Percentage of 
Total Participants 

1 Week 41,992 61.26% 61.26% 
2 Weeks 9,980 14.56% 75.82% 
3 Weeks 4,556 6.65% 82.47% 
4 Weeks 2,647 3.86% 86.33% 
5 Weeks 1,802 2.63% 88.96% 
6 Weeks 1,374 2.00% 90.96% 
7 Weeks 949 1.38% 92.34% 
8 Weeks 744 1.09% 93.43% 
9 Weeks 581 0.85% 94.28% 
10 Weeks 539 0.79% 95.07% 
11 Weeks 439 0.64% 95.71% 
12 Weeks 373 0.54% 96.25% 
13 Weeks 275 0.40% 96.65% 
14 Weeks 259 0.38% 97.03% 
15 Weeks 242 0.35% 97.38% 
16 Weeks 217 0.32% 97.70% 
17 Weeks 196 0.29% 97.99% 
18 Weeks 180 0.26% 98.25% 
19 Weeks 153 0.22% 98.47% 
20 Weeks 148 0.22% 98.69% 
21 Weeks 144 0.21% 98.90% 
22 Weeks 142 0.21% 99.10% 
23 Weeks 131 0.19% 99.30% 
24 Weeks 138 0.20% 99.50% 
25 Weeks 125 0.18% 99.68% 
26 Weeks 226 0.33% - 
 

Table 2: Distribution of Participants by Number of Weeks with at Least One Tweet 
 
Discussion and Future Research 
 
The results listed above provide an introduction to SETHs as a type of Twitter-based affinity space and 
characteristics of their users and their activity. First, our results indicate that SETHs are large enough and distinct 
enough to be considered an established and important educational phenomenon. We collected over 580,000 SETH-
related tweets sent by over 68,000 individuals over the course of six months; on an average day, participants in one 
of these affinity spaces can expect to see nearly 70 tweets that provide information, advice, and other resources 
related to teaching and education.  
 
Although this article provides important preliminary information about SETHs, its ultimate value may be what it 
affords for future research. We expect that tools like Twitter will continue to be a valuable tool for educators in the 
years to come. We discuss directions for future research in the remainder of this section. 
 
First, the characteristics of participants merit additional research. In this paper, we examined what type of participant 
(i.e., teacher or administrator) engaged with SETHs, but many other characteristics, from which grade-level 
participating teachers teach to what motivated them to participate in a Twitter-based affinity space warrant further 
research. Furthermore, research from a social network analysis perspective may begin to illustrate how participants 
begin to engage with the network and may be able to help explain how participants’ individual-level characteristics 
affect their transition from beginners to central members of the community.  
 
Second, the structure of the affinity groups is an important area for research. While we examined characteristics of 
SETHs across all 47 hashtags as well as differences across SETHs, much more research can be conducted in terms 
of how these affinity groups are structured. First, we know that some SETHs have much more activity than others, 
and while we do not address why in this paper, we suspect that some of the differences may be accounted for by the 



presence of synchronous, weekly chats about topics of interest, a question for future research to take up. Another 
question future research can address relates to what type of tools or systems—such as reminders, announcements, 
synchronous chats, websites, or other means of communication—are in place to solicit members to participate in 
SETHs. 
 
Third, the content of tweets merit further attention: While we examined the number of tweets, their content, which 
may range from sharing educational resources to asking and answering questions, was left unexamined. Future 
research that may utilize a content analysis method to characterize the content of these tweets. Furthermore, due to 
the scale of SETHs, future research may be augmented or enhanced by automated text analysis approaches that 
make the analysis of such large amounts of text more feasible.  
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