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3D-ABC  |  WHAT THE PROJECT IS

Multi-modal EO Dataset in the Amazon, a 4M-trained ViT product

Source: P3_coreset_paper_plan.md 3.4 + P4_bottleneck_scaling_notes.md 2  |  pool scale and parameter counts as launched
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OVERVIEW

Current Status of the 3DABC + Coreset Experiments
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3D-ABC

Progress of Downstream Benchmarking and Comparison

Two downstream benchmarks, ability to compare against published encoders
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3D-ABC  |  GEO-BENCH TASK BY TASK, FROZEN

Frozen, we are last of the six frozen encoders

Source: fm_comparison/table_cls.md  |  frozen encoder rows only, per-task, one seed per cell
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3D-ABC  |  GEO-BENCH TASK BY TASK, FINE-TUNED

Fine-tuned we are mid-field: 11th of 15

Source: fm_comparison/table_cls.md  |  fine-tuned / from-scratch rows that ran all six tasks, per-task, one seed per cell
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3D-ABC  |  FINETUNING

We lead in-domain; an ImageNet ViT edges us on GEO-Bench

Source: fm_comparison/indomain_vs_ood.csv  |  fine-tuned protocol, our harness for every encoder
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3D-ABC  |  PANGAEA BIOMASSTERS, FROZEN

Frozen Encoder Results

Source: fm_comparison/bm_pangaea.csv  |  frozen encoder + identical UPerNet head, seed 234, no per-model tuning
8



3D-ABC  |  PANGAEA BIOMASSTERS, FINE-TUNED

Fine-tuned Encoder Results

Source: fm_comparison/bm_pangaea.csv  |  encoder fine-tuned end to end, identical head / optimiser / budget, seed 234
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3D-ABC  |  HOW MUCH DOES FINE-TUNING STILL BUY?

A short frozen-to-tuned gap means the features were already useful

Source: fm_comparison/bm_pangaea.csv  |  same arms, frozen and fine-tuned protocols
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Coresets

Can a fraction of ABC-4M train a foundation model as well as all of 

it?
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P3  |  COST VS QUALITY

Every coreset arm sits below and left of full data

Source: coresets_b_test.csv + gpu_hours_b.csv (scheduler accounting)
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P3  |  ENERGY LADDER

Energy falls almost linearly with fraction

Source: P3_coreset_energy_accounting.md section 3b  |  measured, LLview jobreport export, snapshot 2026-10-01
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P3  |  SELECTION STRATEGY (RQ3)

Selection signal matters at extreme compression - and nowhere else

Source: figures_rq3/rq3_downstream_multiseed.csv  |  53 arms x 7 downstream seeds, 969 runs  |  95 % CI, Bonferroni-corrected per fraction
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P3  |  READ GRANULARITY

Granularity moves cost far more than selection method

Source: figures_rq3/rq3_downstream_multiseed.csv  |  7 downstream seeds per arm  |  read amplification from P3_coreset_energy_accounting.md
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P4  |  STRONG SCALING, IN ONE PICTURE

Appendix A: Energy Scaling

Source: scaling_figs/scale.csv  |  canonical 800-step arms, fixed global batch unless stated
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P3  |  APPENDIX

Appendix B: Iso-compute

Source: QUARANTINE_SETA/coreset_downstream_figs/downstream_all_long.csv.orig (set = A, 4,231 runs)  |  ISO-COMPUTE - fraction confounded with epochs
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