
Results:

➢ We use datasets provided in Li et al. for sentiment and style transfer 

experiments, where the test sets contain human-written references.
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Introduction:

➢ Unsupervised text attribute transfer automatically transforms a text to 

alter a specific attribute (e.g. sentiment) without using any parallel 

data, while simultaneously preserving its attribute-independent 

content. The dominant approaches are trying to model the content-

independent attribute separately, e.g., learning different attributes' 

representations or using multiple attribute-specific decoders. 

➢ In this work, we present a controllable unsupervised text attribute 

transfer framework, which can edit the entangled latent 

representation instead of modeling attribute and content separately. 

Specifically, we first propose a Transformer-based autoencoder to 

learn an entangled latent representation for a discrete text, then we 

transform the attribute transfer task to an optimization problem and 

propose the Fast-Gradient-Iterative-Modification algorithm to edit the 

latent representation until conforming to the target attribute. 

Model:

➢ The whole framework can be divided into three sub-models: an 

encoder E which encodes the text x into a latent representation z, a 

decoder D which decodes text x from z, and an attribute classifier C

that classifies attribute of the latent representation z.

➢ We formulate the text attribute transfer task as an optimization 

problem:

➢ We propose the Fast-Gradient-Iterative-Modification algorithm 

(FGIM), which modifies z based on the gradient of back-propagation 

by linearizing the attribute classifier's loss function on z.

Code is available here!

 

  

Problem:

➢ Given a source text with an attribute (e.g., positive sentiment), the 

goal of the task is to generate a new text with a different attribute 

(e.g., negative sentiment). The generated text should meet the 

requirements:

a. Maintaining the attribute-independent content as the source text;

b. Conforming to the target attribute;

c. Maintaining the linguistic fluency.

Conclusion:
➢ We present a controllable unsupervised text attribute 

transfer framework, which can edit the entangled 
latent representation instead of modeling attribute and 
content separately.

➢ To the best of our knowledge, this is the first one that 
can not only control the degree of transfer freely but 
also perform sentiment transfer over multiple aspects 
at the same time.


