	
	
	



CSCE 4380/5380 400 Data Mining
Spring 2026
IA: Mohana Chandolu
Office hours: Monday - 2:00 PM to 3:00 PM and Wednesday - 1:00 PM to 2:00 PM in E-Wing Cubicle E247 (Cubicle E on Monday and Cubicle F on Wednesday)
Zoom contact: https://us05web.zoom.us/j/3634911003?pwd=BI6LAMy2zZd2uBbjRh28BN6HH6c5R5.1

Email: MohanaLahariChandolu@my.unt.edu


Instructor: Russel Pears
Office: E245G
Office hours: 10:30 am-12:00 noon Thu via Zoom on Russel Pears's Meeting ID (passcode: KsNyT5)
Email: russel.pears@unt.edu







Course Description, Structure, and Objectives 
Introduction to data mining which includes main data mining tasks, e.g., classification, clustering, association rules, and some of the latest developments, which include mining temporal and spatial data. The semester will span 10 weeks. In each week you will be expected to review the lecture session will be broken down into modules, with each module covering a well-defined topic. Each module will be followed by a Quiz that will give you an opportunity you to practice the material, answer quizzes, and participate in timetabled discussions which will be held live via Zoom. The major learning objectives of this course for both 4380 and 5380 streams are:

· Gain familiarity with key data visualization and data pre-processing methods
· Be able to confidently apply both supervised and unsupervised methods across a wide range of real-world scenarios
· Gain a fundamental understanding of time series prediction and its applications
· Understand the basic principles of spatial data mining and its applications
· Gain in depth experience in applying a major language used in data mining 
In addition, the 5380 Graduate stream will have extra requirements on Projects 2 and 3 which will require independent research and model development.
Recommended Materials 
There are two major sources of reference in this course. Both relate to data mining in the R language and are available online free of charge. Additional reference material will be listed in the module content as appropriate.
1. Hashler, Michael; An R Companion for Introduction to Data Mining, available from Preface | An R Companion for Introduction to Data Mining (mhahsler.github.io)
2. Wickham, Hadley; Grolemund, Garrett (2017). R for Data Science : Import, Tidy, Transform, Visualize, and Model Data. Sebastopol, CA: O'Reilly Media. ISBN 978-1491910399. OCLC 968213225.
How to Succeed in this Course 
Success on this course will require you to engage with the course material and assessments on a weekly basis. I encourage you to make good use of my office hours to answer any questions you may have on the course material or assessments. This is the best method of engaging with myself and improving your chances of success. I would advise you to limit email conversations to quick questions and leave the more lengthy and complex queries to office hour meetings.
Disabilities Accommodation
The University of North Texas makes reasonable academic accommodation for students with disabilities. Students seeking reasonable accommodation must first register with the Office of Disability Access (ODA) to verify their eligibility. If a disability is verified, the ODA will provide you with a reasonable accommodation letter to be delivered to faculty to begin a private discussion regarding your specific needs in a course. You may request reasonable accommodations at any time; however, ODA notices of reasonable accommodation should be provided as early as possible in the semester to avoid any delay in implementation. Note that students must obtain a new letter of reasonable accommodation for every semester and must meet with each faculty member prior to implementation in each class. Students are strongly encouraged to deliver letters of reasonable accommodation during faculty office hours or by appointment. Faculty members have the authority to ask students to discuss such letters during their designated office hours to protect the privacy of the student. For additional information, refer to the Office of Disability Access website (http://www.unt.edu/oda). You may also contact ODA by phone at (940) 565-4323.
Valuing Diversity 
As members of the UNT community, we have all made a commitment to be part of an institution that respects and values the identities of the students and employees with whom we interact. UNT does not tolerate identity-based discrimination, harassment, and retaliation so we will work as a class to collaborate in ways that encourage inclusivity.
Course Grading
Grades on this course will be awarded according to the scale given below:
A: 90-100; B: 80-89; C: 70-79; D: 60-69; F: <60 (raw final grades will be curved)
Course Policies and Procedures
1. Emails will be answered as promptly as possible. Emails outside normal working hours (8 am to 5 pm) will be answered on the next working day.
2. Work handed in for grade (homework, project report, etc.) MUST BE YOUR OWN effort only. Students are NOT allowed to use online solutions from previous course offerings, websites, etc. This will be strictly checked and enforced. The students should adhere to the UNT policies and procedures on the Code of Academic Integrity. 06.003 Student Academic Integrity https://policy.unt.edu/policy/06-003. Plagiarism WILL result in a score of 0 for the assessment in which it occurs.
3. Any appeals on assessment grading must be made online in Canvas (not by email) no later than two days after the grading is complete. This applies to examinations as well. Appeals should be as specific as possible and must contain a valid reason. Appeals such as “I think I deserve more for this assessment, or my overall grade has reduced as a result of this assessment” are NOT valid reasons and such appeals will not be processed. Grading is done carefully, and, in most cases, appeals will not result in a change of mark. 
4. No resubmission of work is permitted after the deadline has expired for any assessment. This applies to all exams, projects and discussion forum submissions.
5. The use of Generative AI is prohibited for this course. This applies to submissions to all  assessments on this course, including projects.

Course Schedule 
	Week #
	Lecture Topic
	Tutorial
	Assessment/Project

	Week 1
	Module 1: Overview
	Reading1: Ch 1&2
Practice: Tutorial 1 Data Pre-processing

	

	Week 2
	Module 2: Classification Methods
	Reading: Ch 3

Practice: Tutorial 2: Rule Based and Decision Tree Classification
	Project 1 handed out

	Week 3 
	Module 3: Further Classification Methods 
	Ch 4
	

	Week 4
	Module 4: Logistic Regression
	Ch4 
	

	Week 5
	Module 5: KNN Classifier
	Reading: Ch 4 
Practice: Tutorial 3: Building a neural network to recognize handwritten digits
	Project 1 due

	Week 6
	Module 6: Neural Network Classifier
	Ch 4
	

	Week 7
	Module 7: Preparation for Midterm 

	
	

	Week 8
	Module 8: Midterm exam
	
	Midterm exam on Wednesday 4 March 2026

	Week 9
	Module 9: Association Rule Mining
	Reading: Ch 5
Practice: Tutorial 4: Generating and deploying Association Rules
	Project 2 handed out

	Week 10
	Module 10: Clustering 1: Partitional Clustering
	Reading: Ch 7
Practice: Tutorial 5: Clustering 
	

	Week 11
	Module 11: Clustering 2: Density based and Hierarchical Clustering
	Reading: Ch 7

	


	Week 12
	Module 12: Time Series Analysis
	Reading: Class notes
Practice: Tutorial 6: Time Series Analysis
	Project 2 due Project 3 handed out


	Week 13
	Module 13: Advanced Time Series Analysis
	
	

	Week 14
	Module 14: Spatial Data Mining 
	Reading: Class notes
	

	Week 15
	Module 15: Preparation for Final Exam 
	
	Project 3 due

	Week 16
	Module 16: Final exam on Wednesday 6 May 2026
	
	



Note: All readings refer to the 1st text in the recommended materials section.

Evaluation
Midterm and Final Exam: 25% each
Weekly Quizzes: 8% in total
Projects 1, 2, 3: 14% each

Grading Scale: A: 90-100; B: 80-89; C: 70-79; D: 60-69; F: <60 (raw final grades will be curved)





	
