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INTRODUCTION 
Ladies and gentlemen, welcome to my personal “hero” story that will 

soon be yours: From Zer0 to Hero AI. 

 

I am here to share my secrets of achieving success in the AI space during 

the last seven years. I will try to distill all this knowledge to what I call my 

“7 Figure AI Cheat Sheet for AI Executives” which will be my gift to you. 

 

This cheat sheet is the accumulated experience of my AI products 

development since 2013. It is basically a cheat sheet of all the costly 

mistakes during AI development you can make and how exactly to 

avoid them. 

 

I believe this is a unique opportunity in time. If you were wondering 

where were you during the 2000's, beginning of the millennia AI internet 

revolution, wait and see what is going to happen now. This is going to be 

100 times bigger than the internet revolution. I am sure we haven't even 

scratched the surface yet. 

 

So, all that said, let's go directly to the content, so I don't waste any 

more of your precious time. 

 

Sincerely, 
 
 

 

Dr Alex Louizos 



MY PERSONAL STORY AND AI JOURNEY 
 

 

In 2013, I was a vascular surgeon. 

I was practicing in Cambridge, UK 

(picture on the right). I had zero 

knowledge about AI but, at some 

point, I got infected with the 

entrepreneurial virus. I think I 

always had it but, at that point, it 

got inflamed. 
 

 

So, I decided that I wanted to change the world of medicine with AI. I left 

my career and I started my own company. I spent 200K of my own 

money, plus I raised another $200K from friends and family. I made 

many, many mistakes. I was all in. I was like, “this is going to succeed or 

I better die” (that was my mistake number 1). 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 

 

Hassling with investors in New York at the Wall Street Pier 11 
(2015) 



And, what happened after lots of ups and downs in the rollercoaster, I 

created a seven figure thriving AI company. After exiting that company, I 

created multiple seven figure AI products through my own AI consultancy. 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 

 

Getting a Unicorn Prize in a Startup Competition in Boston. 
 
 

 

I think I that I owe my success to my stubborn persistence and 

analytical thinking that helped me organize my thought in steps to avoid 

making more mistakes. I know a few things about AI. I spent time 

collecting all my notes, and most importantly I'm here today to share 

them with you, so that more people can achieve this AI excellence. This 

is my mission in life. We live in this amazing country (USA), and we can 

be the AI leaders in the new world that is coming faster than we think. It 

is important for us, important for our nation, important for humanity. 
 
 

Let’s do this!!!! 



 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 

 

After many years and lots of ups and down, finally at the top of the 

rock, sharing the success with my family. 

 

Without their support, I wouldn’t by anywhere 
 



WHAT IS THE 7 FIGURE AI CHEAT SHEET  
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 

 

What is the 7 figure AI cheat sheet? 
 
 
 
 
 

 

In order to start doing AI projects, we need to understand in simple 

layman terms what is AI. What's the difference between AI and machine 

learning, what's the difference with stats, what is the difference with big 

data? All these things are terms thrown here and there. You can hear 

them every day, everywhere, but what are they, like in a way you can 

understand them deeply and explain them to a 7 year old. 
 
 
 
 

For me, if you can explain something to a seven year old and even a five 

year old, can understand you, then you actually understand it, otherwise 

it's just buzzwords thrown here and there. This is the most common sign 

that a person doesn’t know what they talk about. It is all buzzwords and 

no substance. 



After we get this deep understanding of these terms, then we will navigate 

all your choices and narrow it down to the simplest elegant ones that will 

exponentially increase your probabilities of AI success. This is exactly 

where the power of this seven figure cheat sheet is: you might have 

probably dozens of choices, but which one should you choose to create 

your AI product? Is everything going to lead you there? 
 
 
 

 

Should you listen to what your newly hired AI scientist, postdoc or 

whatever, tells you, or should you have an opinion of your own? What 

actually works? What should we do? 
 

After this, we will talk about the AI tribes. These AI tribes is like an exotic 

Bermuda triangle mystery. These are the people that are considered to 

be the more sought after individuals of the 21st century. As anybody that 

has tried to hire for AI will tell you, these people have landed from the 

future, came here to save us and are like gods with special needs and 

more rare than the unicorns. But the truth is simpler than that. 
 
 

You need to understand that not everyone of these people will lead you to 

success. You need to know which one to hire, when, in which case. How 

do you know if they are good or not? 
 

This is so crucial for your success. What's the winning method for 

developing AI? What are the people that can actually get you there? 
 

And to achieve this you have to know; you can not be a passive 

delegating executive like, “Oh, yeah, that's what I ‘ve been told by my 

postdoc of AI from **(put your favourite here)** that I pay him $200,000 

per year so she/he must be worth her/his salt.” 
 

Really? Some of them are actually getting paid even more. Do they 

deserve it? Do they actually know what they are talking about? Do they 

have the high level executive picture to guide you to success? NOPE. 



 
 
 

 

This is YOUR job. And there is nothing out there that can teach you to do 

it, how to succeed as an executive leading AI teams and developing AI 

products.  

 

This is why I wrote this book. 
 

If you have these three pillars on your side i.e. the simple and deep 

knowledge of AI terms, the knowledge of which AI methods actually 

work and the experience of hiring and guiding the right AI people, 

then there is nothing that can stop you from succeeding. 
 

Otherwise, you will end up making all the mistakes I've done, having to 

hire and rehire, choosing the wrong AI methods, not understanding what 

you're talking about, not being able to transfer what you need to your 

team. Been there done that, every mistake can cost more than $100K 

and some of these mistakes are so fatal that you can end up having no 

more runaway, time, money and political capital to correct them. 
 

So better keep on reading and do “preventative medicine” rather that 

have to make the same mistakes in order to learn. You can only make so 

many mistakes and still succeed. I have seen them all as I have been 

seeing AI companies failing one after the other while I somehow 

managed to succeed during this wartime. 
 

Don't worry. We'll take the steps together one by one. You do not 

need to know code. You do no need any AI prior experience. I'm 

simplifying everything and I'm not going to take too much of your 

time. Let's go directly to all those that I promised you above 
 

. 



NAVIGATE THE AI GLOSSARY WITH EASE 

AND SHOW AUTHORITY 
 
 

 

WHAT IS STATS 
 

 

So, what is stats i.e. statistics? Statistics is simply a way to get meaning 

out of lots of data. At some point around 17th century, people started 

collecting lots of rows of mathematical data, and a 17th century person 

one day was scratching her head and had the following thought: 

 

“Oh my mighty God, how can we bloody analyse all that? We can not 

do analysis of more than five of these numbers and the computer will 

take another 200 years to be discovered. So what do we do?” 
 

Because they needed to analyze more data than a human mind can 

fathom at once, people started creating statistics, and statistics is a way 

to understand correlations, it's a way to understand how one thing can 

affect the other thing, what stats people call correlations. 
 

But the most important practical thing one needs to know about 

statistics is that statistics is a bit rusty for building predictive models; we 

don't use it too much. It can be useful when we don't have too much 

data. There is a limit to how useful can statistics be for a massively 

valuable product, but we'll talk about it later. 
 

Sometimes, though, statistics do not necessarily say anything about 

causation. Say that we found one parameter that influences the other. Is 

this causal, or it's just a simple correlation? If you Google Spurious 

correlations, you will see lots of these examples. Tyler Vigen has done 

an amazing work to collect all these awesome fun examples a week 

before his finals. I guess urgency/scarcity increases creativity, a concept 

we will also see later in this book. (Tyler’s book is one of my favorite to 

gift, it is like an insider’s joke). 



 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 

 

The number of people that drowned by falling in the pool is 

directly relevant to how many films Nicholas Cage appeared 

in. You see this correlation above? 
 

Oh my god, the next time you watch a Nicholas Cage film, be very careful 

of the pool in your house and please do not go anywhere near it. 
 

Of course, this is ridiculous and this is exactly what the limitation of 

statistics is. You always have to be aware that some things that affect 

each other, that are correlated; are not necessary causal i.e. they’re not 

causing each other. 

 

So, with that in mind, we can ask, “where are statistics useful?” I would 

say: in biology, in medicine, in pharma e.g. in clinical trials. Is this medical 

device good? And we cannot have millions of people using our device; 

you can test your medical device probably, if we're lucky, with a few 

hundreds, and then we have this few rows of data. Is there a correlation 

with few hundred rows of data with our device results, or not? This is 

where statistics might be useful; for medical or pharmaceutical purposes 

and research when you cannot collect a massive amount of data.



And that's one of the problems, actually, because sometimes we find 

correlations, but we don't know if they really are causal. But where 

statistics really excel is when you want transparency in your insights; 

like what are the probabilities of something, what are the correlations of 

this? 
 

So, if you want transparency, like how much is affecting us and how 

much, statistics might play some role for you. Say that I want to run 

some scenarios and see, if I change this and this and this, what will 

happen to that? Statistics can be useful that way. 
 

To summarise: Do you have small amount of data, few hundred to 

few thousand rows of data and you want transparent insights, and 

you are eager to take the extra time to make careful interpretations? 
 

For example, what is the probability of my client buying again if she or 

he is from these zip codes? 
 

These kinds of things. I would say stay away from stats, unless you don't 

have too much data. It's not the way towards the future of AI products. 

This is my unpopular opinion but the next time somebody tells you about 

the importance of stats ask them the million-dollar question: 
 

— “Tell me a 7 figure value product that was created using stats?” 
 
 

There, you have your answer! 

 

PS: (warning: do not ask doctors about that, they are eager to kill to 

support their argument about the importance of stats because the whole 

medical universe depends on it). 



 

 

WHAT IS DATA SCIENCE 
 

 

Data science is one of these terms that is used to describe everything, 

but it’s actually something very specific. 
 

Data science is the science of processing and visualizing data to 

get insights. Cool? Simple as that. Now we will use the term data 

science to describe everything else, heheh. Really? Nope! 
 

So, if you have data, and you can use programming languages (python) 

to analyze it and visualize it, to get some insights about what's going on 

in this data, you can be called a data scientist. 
 

A statistician can call herself a data scientist, but the data scientist is not 

necessarily statistician. This is where some of the misunderstandings are 

happening. And these misunderstandings lead to costly hiring mistakes 

that lead to dead ends. 
 

So, a data scientist does not necessarily know statistics. A data scientist 

can not necessarily develop machine learning models for you. 
 

*SUPER SPECIAL PARAGRAPH BELOW PLEASE PAY ATTENTION* 
 

A data scientist is a person who can process data. 
 
 

So, if he or she can do anything more with this data, that's 

another thing. 
 

You need to have this discussion when you're hiring. Many people 

hire data scientists but in reality, they need something else. We 

shall delve deeply into this issue later in this book. 



 

 

WHAT IS BIG DATA 
 

 

Big data is another of those overused terms. Data is the new oil so the 

more data the merrier, correct? Well, NOT ALWAYS! 
 

You know something? Most of the times, you don't really need big data, to 

create something awesome. 
 

People will try to sell you expensive stuff to be able to to process all 

these terabytes of data so you “find amazing insights”. 
 

Really? Can't you find insights in less than terabytes of data and then 

we shall see if it gets better by adding expensive stuff to do the terabyte 

level analysis? To my experience: ALWAYS!!! 
 

Big data is, for me, an overused term, always used to sell you products 

and other stuff. 
 

The cases that you really need to get into processing big data from the 

beginning, unless you're processing the whole internet, it's very, very, 

very rare (notice how many times I used the word very, I mean every one 

of those). 
 

So, you don't need to spend too much time and worry about the 

bigness, how large your data are. But what is big data practically? Data 

too big to fit into one laptop. Simple? True. 
 

So, if I am a data scientist and I come to your office and I want to 

process your data, and I cannot do it in my laptop, which is a high-end 

laptop, then we're talking about big data. Practical limit for getting into big 

data territory, I will say is around 3 to 5GB of data and above. 
 

Remember: You do not need big data to start with, even if you have 

it. What you need is results and value creation FAST! You can do the 

same thing 1) by spending $100K’s to build a big data 



processing pipeline or 2) by randomly down scaling your data, so you 

can process them in your laptop for less than $100. 
 

Get your insights, get them fast, and then move to big data and spend 

all these resources to buy all these things to be able to process big data. 
 
 

 

Big data is mostly for enterprises to keep on selling you stuff. No pun 

intended. I used many of these tools, I love them at the right use case, 

but big data is exactly this: You don’t need it till very later in your value 

creation pipeline. 
 

So, before you invest in creating big data from scratch, be sure 

you don’t need it to start with. 
 



 

 

WHAT IS MACHINE LEARNING 
 

 

Machine learning is, some people say, advanced statistics to make 

predictions. I do not necessarily and deeply agree with his but it makes a 

memorable quote which can be mostly true. 
 

What is the special thing about machine learning is the capability to make 

predictions based on the input data. So, I have this data and I want to 

make some predictions. This is where I use machine learning. 
 

It's actually a way to teach a machine how to learn and make decisions. 

So, whenever I want to make a decision based on incoming data and that 

decision looks intelligent, this is when we use machine learning. 
 

And that's why it's so different from data science. Data science means I 

can just process data. Machine learning is the next step: It let’s build 

something with this processed data that we used data science to process. 

 

With statistics all I need is to find insights on the data; I don't 

necessarily want to do predictions; but maybe I can do. 
 

With Machine learning, 95% of the time, you will take data and 

have a predictive outcome. Make predictions, make decisions with 

this data, and build models to make decisions, and deploy them and 

use them. 
 

**IMPORTANT TRUTH NUGGET IN THE NEXT PARAGRAPH** 
 
 

FOCUS ON MACHINE LEARNING. THIS IS WHERE THE GOLDMINE IS. 
 
 

Forget stats, forget big data, forget analytics visualizations. Machine 

learning is the future. This is where you will get most of your profits and 

your benefits. 



SUPERVISED MACHINE LEARNING 
 

 

When it boils down to machine learning there are two basic types of 

doing it. You will hear them often. The first one and the most important 

is called Supervised Machine Learning. 
 

Imagine that you are the supervisor and you are supervising your 

machine learning models as you teach them to make decisions. So, if 

you have data and these data have labels; lots of pictures of cats, lots of 

pictures of dogs, and you want to build the machine learning model to 

understand, if there is a cat or a dog in the picture, then you will build a 

supervised machine learning model. 
 

Most of the times, and this is where most of the value is, you need 

supervised models. 
 

**IMPORTANT TRUTH NUGGET IN THE NEXT PARAGRAPH** 
 

FOCUS ON BUILDING SUPERVISED MACHINE LEARNING MODELS 
 
 
 

UNSUPERVISED MACHINE LEARNING 
 

 

Unsupervised models are the ones you build when you have no labels for 

your data. Oh my god, this brings back bad memories,  if you have no 

labels then you are poised to have a tough life in building your models. 
 

You better go and start creating some labels, rather than trying to 

create something with no labels, you know? 
 

With unsupervised models you will get probably some clusters. 

Clustering is an unsupervised method. You have your clusters. What 

are these clusters? Go figure. The case you will actually be able to find 

out something useful with unsupervised methods is very rare. 



Unsupervised means no labels but to me it means low value, also. No 

labels; no value, so you build a model, you don't know what it says. It 

gives you some clusters. What do these clusters mean? 
 

Forget about it. In a nutshell, unsupervised equals machine learning 

with no labels in your data. It also means: Forget about it. 
 

Focus on labels. You do not have them? Go create them! 
 

WHAT IS DEEP LEARNING 
 

 

This is another overused term. Use it in place of everything AI and you will 

sound cool. Isn’t this super awesome? But overuse it in front of your AI 

team and you will lose respect and drop morale to the ground. This is why 

we have to learn what each term means. So that we deserve the respect 

of the AI team we will build. 
 

Deep learning is some type of neural networks that are deep. Layer 

after layer, after layer, after layer, after layer of doing some magic in 

between the layers. 
 

Not all neural networks are deep, by the way; there are some that are 

shallow. But if they are deep; layer after layer after layer after layer, 

then you have deep learning, and deep learning is always neural 

networks. 
 

There's no deep learning without neural networks (some scientists 

might disagree, but we care about substance not nuisance here). 
 

**IMPORTANT TRUTH NUGGET IN THE NEXT PARAGRAPH** 
 
 

Deep neural networks are the most powerful machine learning method 

today and for the foreseeable future. This is where you will focus, this is 

where you will get most of your results. 



I would say, if you have to focus on one thing, focus on machine 

learning, supervised training with labels, deep learning as a model of 

choice. That's all. Nothing else. You don't need to know anything else. 
 

Unsupervised learning, statistics, let's do this, let's do that, let's visualize 

this, let's... All right! All the rest are just the cherry on the top. 
 

What you need is labels, data, not big data; normal data but enough. 

Tens of thousands, or hundreds of thousands of examples; start 

with tens of thousands, and then use deep learning. Boom. Now you 

will succeed. You are poised for success. 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 

 

A complex deep learning model in the picture. Your job is to ask your machine 

learning experts to simplify and remove everything unnecessary to get to results 

faster. 

 

SIMPLICITY IS KING. 



WHAT IS ARTIFICIAL INTELLIGENCE 
 

WHAT IS INTELLIGENCE 
 

 

Artificial intelligence; that's another very, very, very big discussion. First of 

all, let's start off with what is intelligence? 
 

Okay, seriously think about it; what is intelligence? 
 
 

Presumably... you are clever, okay, everybody thinks they are clever by 

the way. So, I think I am clever, right? Well, what does it mean to be 

clever? 
 

I'm intelligent, you are intelligent, this is a clever person. How can we 

define it? 
 

Intelligence is the property of an agent, whatever this agent is (a person, 

an animal or a machine) that can maximize the use of resources of 

the environment by spending the least energy to do so. 
 

So, if you spend the least energy and you get the maximum resources, 

this is this is when you are the most intelligent. 
 

If you ask me today, who's the most intelligent person? It's probably 

Bezos and Buffett. They spend the least energy and own the maximum 

amount of resources. Like, really? Alex, you didn’t tell us anything new 

here. Bezos is very clever. But I told you why, haven’t I? This is very, very 

important for us to deeply understand AI. And the reason follows in the 

next chapter. 
 

Knowing What Intelligence Fundamentally Is 
 

Will Help Us Succeed in Our AI Journey 



THE NEED FOR SCARCITY AND RESOURCES OPTIMIZATION 

TO ACHIEVE SUCCESS 

 

A very good AI model should not be a very clumsy model, a very 

difficult to run model, a very big data model that takes three days to 

run. 
 

It needs to be an efficient, minimal in need of resources, but with 

maximal performance, model. A model that maximizes results with the 

less energy spent, remember our discussion about intelligence? 
 

So, when we have a good AI, it needs to be fast, it needs to be 

minimalistic, it needs to be something that can help you achieve 

excellence, achieve more results, get more resources of the 

environment; but spend the least energy. 
 

Because, if you have to buy half AWS to build the model to do 

something, you're not there building something intelligent, correct? 

Hope it makes more sense now. 
 

If you need to use, say terabytes to build the model, this is not a great 

model, but if you can build the model with less than half of your data, or 

even one thousandth of the data, this is a good model. Because you now 

have to spend less energy to develop a model. Sounds good? 
 

Let’s repeat that: Intelligence is something that can help you maximize 

the use of resources by minimizing the amount of energy to do that. 
 

Very, very important. We need to build processes that help our AI team 

and model work like that; processes that remove the fat from all around 

the place and keep the best parts only. 
 

The scientists in your team love to complicate stuff, no pun intended. —

— “Oh, we need to do this, oh, this is so important, this, this, this, let’s 
 

complicate, play with new tech, lets learn more on your dime.” 



What is your permanent answer to all these requests? Practice it. 

Learn it by heart. USE IT ALL THE TIME WITH YOUR AI TEAMS 

 

—- “No, no, no; we need something which is minimalistic and works, 

something that doesn't need a trillion-dollar budget to be trained and to be 

deployed. We need to build the simplest model that works with the least 

amount of complexity and get it from there.” 
 
 
 
 

 

DEFINITION OF EXCELLENCE IN AI EXECUTIVE MANAGEMENT 
 

 

Focus your people on doing minimalistic experiments and achieving fast 

success, instead of getting the latest, complex and unproven out of the 

box system and playing around with it with no results. 
 

I don't know what other professional consultants might be telling you 

about the best terabyte scale AI models and whatever else they might 

suggest. 
 

Don’t even worry about fancy things. 
 

In order for us to understand how to build AI and how to lead the AI 

teams, we need to deeply understand intelligence. 
 

Intelligence per se needs limited resources. There is no meaning of 

intelligence in an infinite resources’ environment. What can an agent 

optimize for, in an environment with infinite resources? If the resources 

are abundant, there is no need for intelligence 
 

Weird enough the same thing is true for your AI team. If you give them 

infinite resources, if you get them everything, they need from AWS plus 

more, then they do not operate in an environment in need of optimization. 



Say you have one terabyte of data; they ask you for more and also the 
 

latest ***big data terabyte scale machine ****. They will spend ten days to 

get extra ten terabytes of data. Why would you need more terabytes of 

data? You DON’T. 
 

Always ask WHY more resources are requested and if there is no 

straightforward answer to “Is there an easier, faster way?”, then be 

wary of the team’s capacity to be “intelligent” as per the definition of 

intelligence. 
 

You need to create a scarcity environment for your AI team to be able to 

create AI excellence, and if your team is not focused on maximizing the 

existing resources, instead of requesting more and more and more and 

more, then, I am sorry to tell you that, but, they are probably not the right 

team. 
 

So, you need to create a pseudo scarcity environment, where your AI 

team can build good products with the right amount of resources. 
 

Hundreds of thousands of examples, maybe a million rows of data, but 

that's all; you don't need anything else. 
 
 
 
 

 

THE NEED FOR CUSTOM AI MODELS THAT WE POSSESS AND CONTROL 

EXCLUSIVELY 

 

Another very, very important thing about intelligence is that it is very 

predatory. 
 

INTELLIGENCE IS THE MOST 
 
 

PREDATORY THING IN THE UNIVERSE 
 

Imagine two agents. One needs to spend 1 unit of energy to get 1 unit 

of resources. The other agent needs to spend 0.95 units of energy to 

get 1 unit of resources. What happens in the long term? The less 



effective agent is bound to get less and less resources which are 

accumulated by the more effective agent. This less effective agent will 

not be able to sustain growth in the long term. The more effective agent 

is able to sustain growth and get more and more resources, effectively 

starving the less effective agent. Eventually the less effective agent will 

get extinct. 

 

If the more effective agent shared his strategy with the other agent, then 

this more effective agent no longer be effective and would lose its 

advantage. What might happen is that another agent might come up and 

take the resources from both of them. 
 
 

There are two very important lessons for us, the AI executives, distilled 

from this short story about the competing intelligent agents. 
 

The best intelligence will eliminate all the rest. Remember the 

highlander movie with the immortals engaging in sword fights? They 

used to say: “There can be only one” 
 

This is very, very true and this is very, very important, and I will let you 

know, in a bit, why. 
 

The next time that somebody from the X big cloud company comes to 

you and says: 

 

—-“Hey, here's our ready-made AI systems. Use them and create 

something awesome and … (lots of sales-y stuff and business meals 

here…)” 
 

You know what will happen if you take this path? You will be using 

something that everybody else is using. It is shared so it has no value 

for anyone apart from the guys that sold it to you. 
 



You can probably get some early, very small benefits with these 

models. I had nothing, now I have something kinda benefits. But 

everybody else has a similar way to do the same thing. So, there is no 

win there. Your intelligence is shared. This means that effectively you 

killed its efficiency. 
 

By now you must have understood that you need to build something 

custom. Something that nobody else has, and this custom needs to 

be minimal and powerful. It needs to be maximizing your resources 

by using less energy. It needs to be very small but very powerful. 
 

Forget about using ready-made models, let everybody else fall in the 

trap, while you do the right strategy, the most compatible with the nature 

of intelligence and be in a position to succeed. 
 

I made this mistake. I used readymade methods to create AI. And 

learned my lesson when everybody did the same. Someone might tell 

you it is your dataset that is important. It is not for long. Everybody will 

have it soon and resources are not the most important part of 

intelligence. It is the process of maximizing resources that matters. 
 

I don't want to have the AI that everybody else has. I want to have 

intellectual property. I want to win. I want to have the best AI, and 

this AI will be the fastest, will have the best results, and nobody 

else has access to it. 
 

If I'm going to share my AI with the rest of the world or use the 

same AI that the rest of the world is using, I'm dead. I'm done. Like 

I'm not going to get anywhere. 
 

So, remember the pillars of your executive AI success: 
 
 
• limited resources for your AI team, 
 
• minimalistic models to start with and 
 
• custom models. 



• Never let your AI team use something which pre-exists or is a 

ready-made service like a model from Amazon or a model from 

Google or Microsoft or any other big company. These things 

are dead, and my prediction is that these services will cease to 

exist because it's a race towards the bottom of the value chain. 

People are using the shared model of the cloud in the wrong 

context with AI and it will never take off regardless of billions 

of dollars spent.  
 

So, remember: be clever, reap the benefits of owning AI intellectual 

property. Build something custom, minimalistic, beautiful, and that's all. 

it's not very difficult. It's actually easier to do it this way. 
 

The only thing you need to do is focus your team towards this simple 

goal. 
 

It's easier than just using what everyone else has access to e.g. the 

black box of Amazon (Google etc) AI. Because this black box of 
 

Amazon AI belongs to Amazon. Duh, you will never have it, it 

will never be yours. 
 

So, where is your AI? Where is your road to the riches? In your team’s 

capacity to build something simple and proprietary that works by 

providing value to your customers. 
 

 

I believe it must be clear to you by now. Now that we know what 

intelligence is, let's move on to what artificial intelligence is. 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 



 
 
 

WHAT IS ARTIFICIAL INTELLIGENCE 
 

 

Artificial intelligence is the intelligence that exists in a non-

carbon-based creature. 
 

I think that's the best definition I could find. If there is a way for an 

agent to react to the environment and be able to maximize resources 

with less energy, this agent is intelligent and if this property of this 

agent is in a non-carbon-based form we call it artificial. 

 

I believe that AI is a catchier way to talk about machine intelligence. 

Machine intelligence will be something more proper as a term than 

artificial intelligence, because there is nothing artificial with intelligence. 

It’s just an intelligence regardless of the host. 
 

Nothing is artificial with intelligence. It's a property. Machine intelligence 

is intelligence of a machine. We can say human intelligence, animal 

intelligence, carbon base form intelligence. Artificial? It's just a much-

hyped way to describe intelligence in machines. 
 

ARE STATS AI 
 

 

So, are stats AI? of course not. Stats are not AI. There's a big fight 

among scientists around the right to use these terms. We don't give a 

rat’s tail or whatever, about this fight. 
 

Our job is to build machine learning, supervised models with deep 

learning. 
 

Stats or not we don't care so much. Let the scientific fight continue 

while we snatch all the gold through our ventures. 
 

 

 



 
 
IS MACHINE LEARNING AI 
 

 

Machine learning is definitely AI. If you can make a machine learn, this 

is AI. Machine learning is 100% an AI method. 
 

There is no debate, everybody knows that, so whenever you use 

machine learning and this machine learning is creating machine 

intelligence, then you do AI. 
 

So, that's all. 
 
 

Stats are not AI. AI are not stats. 
 

Machine learning is AI. 
 

 

Hopefully by now we have familiarity with the terms of AI and the nature 

of intelligence and how we will leverage this knowledge to lead our AI 

teams towards success. 
 

Next thing we need to know is how to hire and build successful AI 

teams. Let’s go deeper into that in our next chapter. 
 



THE TRIBES OF ARTIFICIAL 
 

INTELLIGENCE PEOPLE 
 

WHAT IS COMMON AMONG AI PEOPLE 
 

 

First of all, all AI people usually know advanced math. 
 
 

Most of them are programmers. 
 

But those are the only common things. 
 
 

Nothing else. There are so many subspecies, and this is where I got it 

wrong so many times, because I wanted to build AI so I needed to hire a 

kick a** AI team. 
 

So, who do I hire? I'm going to hire a data scientist as everybody else, 

even my mother (sorry mom), has done already. 
 

Oh, my God this is a maze to navigate, like which data scientist and 

what do they know and what can they do for me and can they do it for 

me or not? 
 

Hiring is one of the most important things as an executive in AI and 

we're going to focus a lot on that. Successful AI hiring is one of the 

most important skills for us, AI executives, who want to build the 

amazing team that will build our path to AI riches and success. 
 

Let’s study the characteristics of the different tribes of AI people. 
 

THE STATISTICIAN TRIBE 
 

 

Ahh, the famous statistician tribe! Who is she? 
 
 

She knows mathematics. She knows some special math tools, the 

mathematics of statistics. There might be a lot of mathematics for AI 

she might not know. 



She knows how to use special tools like R, SPSS or even excel 

spreadsheets to build her models. Yes, indeed with the spreadsheets 

you can do statistics, beautiful statistics, just by using excel. 
 

Most of the times the stats tribe is not a programmer. Keep that in mind. 

A statistician - data scientist as they might call themselves, might not be 

programmers. He might not even know Python, which is the language for 

AI. Be careful when you're hiring a statistician data scientist, because 

she might not be able to do what you need. And you need to know 

programming to deploy AI models so you can sell them. No programming 

(python), no deployment, no sales. 
 

So, before you hire a statistician data scientist push on that matter. 

Do you know programming? What programming languages do you 

know? What's your experience? 
 

If there is a computer scientist that specializes in statistics and they know 

how to do it in Python, this is perfect. If they are a statistician that knows 

only to use R or SPSS be mindful that these packages cannot be used to 

deploy your models for your clients, what we call in deploy models in 

production. 
 

With R, SPSS and Excel and a stats person you're going to just get 

some insights. Okay, take them, use them that’s all and it might be 

great. But nothing else. No long term value through AI product 

deployment in the web. 
 

If you cannot deploy the AI you built, there is no AI value. Forget 

about it. Focus on building AI that can be deployed and used by 

your customers. 
 

In a nutshell about the statistician: Probably they don't know 

programming. They don't know machine learning models, but they might. 

You have to ask. If I am a statistician this doesn't mean I know how to 

develop deep learning or machine learning or anything else. 



Statisticians are what their name implies: Very good at statistics. Most of 

the times they're good in visualizations. Yeah. They can process the data, 

of course; they need to in order to analyze the statistics. But that's all, 

keep that in mind. 
 

Programming knowledge? You got to ask. 
 
 

Machine learning models? You got to ask. 
 

DO NOT ASSUME ANYTHING DURING INTERVIEW 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 

 

 
 
 
 
 
 
 



 
 
THE DATA SCIENTIST TRIBE 
 

 

The data scientist title is the biggest trap of all. Because it is an 

overused term that is used for everything but it can lead to very bad 

hires if not treated with a careful and accurate approach. 

 

Who is the data scientist? She knows math, most of the time. She knows 

Python and/or R, and she knows how to process and analyze data. They 

do know how to program. She knows how to visualize data, most of them 

know at least the fundamentals of visualizing data. Expert visualizations, 

i.e. to be able to show deep and intuitive insights with visuals after 

analyzing data, is a very special talent. That's very rare. If you find 

somebody that can do it, keep them if you need them. Do not assume 

though that all the data scientists can be very skilled at building amazing 

visualizations. 
 

The data scientist might not be able, to build machine learning models 

for you. This is one of my worst mistakes in hiring before I knew the true 

meaning of data science. Data scientists do not always know machine 

learning. 
 

Data scientist is the mean average of the whole tribe, it means no 

specialty but rather a part of a skill needed to do the whole job. Be 

careful of the data scientist titles when hiring and in your job posts. 
 

So, a data scientist knows programming. She knows data processing. 

Okay, she can process your data. She can do visualizations, but does 

she know statistics? You have to ask her about that. 
 

Does she know machine learning modelling? You have to ask, because 

data science title does not imply that she knows machine learning. 
 



That was one of my worst mistakes. I was hiring data scientists, and I 

hired some people and they didn't know how to build machine learning. 

Oh, my God. It was very painful for me and for them. 
 

I did this mistake because I didn’t know what data scientist really is. 

Because I considered that data scientists know AI, and most of them 
 

they tell you, "Yeah, we know AI." 
 
 

Of course, they know. Because it's easy to use programs that are ready-

made and copy paste and do monkey programming. The cookie cutter AI 

modules, as they call them, are really easy to use. Nevertheless, is your 

data scientist in a position to really understand the difference between 

several choices of machine learning models, the nuances and how to 

build something beautiful and minimalistic? 
 

Well, not necessarily. Because you can do some ready-made out-of-the-

box machine learning models that everybody can do, it does not mean 

that you can build a valuable AI. They can do online courses and 

tutorials and assume knowledge, but do they really know how to build 

something unique and beautiful? Not necessarily. 
 



Always dig the past of your data scientist especially if they are fresh out 

of the academia or still there. Ask: 

 

—-“Have you ever build an AI model from scratch? What did you do? 

What was your thinking process?” 
 

Pay attention to their response. Do they tend to keep on moving forward 

and solving problems with creative ways or are they overcomplicating?  

 

Ask them if their experience is not a pet project, they found somewhere 

online and they copy pasted. Yes, some of them do tend to present those 

copied projects as their past projects and experience. 
 

Keep on digging to see if they ever did something novel. 
 

 

—-“Have you ever built anything novel in the past? Show me. Explain to 

me details. Go deep.” 
 

That's how you understand if they are really the people for you. 
 
 

If you need help with hiring your AI team, connect with me here and I will 

be happy to help you.  
 

Let’s talk about the machine learning expert tribe. 
 
 

THE MACHINE LEARNING EXPERT TRIBE 
 

 

The machine learning expert is the one you really need to build AI. That's 

the hire you need. In your job posts and advertisements, you should 

be asking for machine learning experts, not data scientists if your 

goal is to build AI. 
 

Who is the machine learning expert? 
 
 

This person knows advanced math. She knows programming. 99% it's 

Python the language of preference. If she knows R, forget about it. R is a 

nice language to do some processing but you cannot deploy anything 
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scalable with R in production. No way to deploy. Some might say that 

there are ways to deploy with R (R-shiny etc) but they're so clunky and 

non-scalable that you better not even try to waste your money on those. 
 

So, you need machine learning experts that they know Python. 

Actually, if a machine learning expert who doesn't know Python then you 

might as well look for someone else. Because, really, like what ...? Do 

you do it in R which means you cannot deploy for your customers? 
 

Or they might say, "I do Lua. I do C++." Okay, good, but Python is what 

we need for fast iteration here. Python has everything ready for AI. Do you 

know the nuances to develop something fast and deploy it and see how it 

goes and iterate on this awesome beginning? That’s what we need. And 

almost the only way to do that fast is with Python. If you don't know Python 

how can you do it? 
 

In addition, a machine learning expert can also do visualizations and 

process data like a data scientist. It is a necessary skill they and built as a 

prerequisite of building predictive models. 
 

The catch 22 of the machine learning expert 
 
 

So, you are ready to hire this amazing machine learning expert. High 

priced person, lots of experience, they know what to do. You're 

confident they will build your AI models for your customers because 

they have done it before and history tends to repeat itself. They're 

focused on agile development, they iterate fast. Awesome! 
 

But what's the problem with the machine learning experts? What is the 

catch 22? In 9 out of 10 cases, the machine learning expert doesn't 

know how to deploy AI products, after developing these AI models. 
 

And this is very, very important. Because you cannot create revenue 

with your AI if you cannot deploy it to your customers. 
 

This is such a common problem that special services have been created 

to help data scientists deploy models in production. But you know what's 

the problem with these services? They are very expensive 



and they're clunky and they're not scalable and you cannot customize 

them. You got to own the machinery that mines the gold out of your mine 

and you got to own the way that get this gold to your customers. You 

cannot depend on anyone for these operations. 
 

So, the machine learning experts can develop the model for you. But 

then if you tell them: 

 

—-“Great, awesome, it works. Let's deploy it in production." 
 
 

You will start noticing problems. They cannot. Most of the times. Not 

everybody but 90% of them cannot do it. It's difficult for them to tell you 

that and it's difficult for us to understand why. 

 

—-"How can you build it and you cannot deploy it? What does it mean? 

Cannot deploy?” 
 

But actually, they cannot because it is such a diverging skill, the build 

from the deploy, that you need another person to help your machine 

learning expert deploy in production. So, what you need is to find a data 

engineer to work with your machine learning expert. More about this 

in the next chapter. 
 

In conclusion: The machine learning expert knows programming. They 

are deep experts in their data processing. They can do, most of the 

times, nice visualizations if they try. If they are very good at visualization 

you're already going to unicorn area. Statistics? You have to ask them. 

Some of them do not even like statistics. You really have to ask them and 

not assume anything. Do you know statistics or are you more focused on 

machine learning? It's okay if she only knows machine learning. If you 

need statistics find a statistician. The machine learning skill is more 

difficult, rarer and more valuable to you. 
 

Machine learning, they should be five out of five. Ask for experience, 

example of previous projects, not pet, BS projects that they copy- 



pasted from the web. Have they done it before? Have they deployed in 

production (how did they do it) ? These are some of the secrets of hiring 

amazing AI teams. Dig very, very deeply into ask for prior 

experience/excellence in your interview.  

 

We need to understand, and then, when we finally find this person, we 

need to be sure that we keep them for the long term. Keep them happy. 

Keep them motivated. This is a special skill for the AI executive. The 

secret is to end each week with a feeling of small success. 
 



HOW TO AVOID ONE OF THE BIGGEST MISTAKES 
 
 

YOU CAN MAKE AS AN AI EXECUTIVE 
 

At some point during my Zer0 to Hero journey in AI, the following 

happened to me: After hassling for months with lots of AI interviews, I 

finally managed to hire an experienced machine learning expert that has 

done it before. I thought I was now looking into a bright future with high 

probabilities of success for my AI product. 
 

And then I hit the wall. Because right down the corner one of my biggest 

mistakes in my career as AI executive was looming. We develop the 

product, we've perfected it, we've spent months to get it there, and then 

…. boom: we couldn't use it, we couldn't deploy it, we couldn’t sale it to 

our customers. 

 

Building machine learning models and thinking about deployment 

needs to be taking place at the same time. Development and 

deployment need to be happening simultaneously, because you need to 

be designing the development profile of your model with the deployment 

of your model in mind. The profile of deployment will characterize the 

development of the AI model, and these go together. 
 

I spent months building machine learning, getting to an amazing model, 

and when the time came to deploy these models I couldn’t deploy as my 

customer requested. You know why? Because the requirement for my 

customer was one execution of the model every second, and my model, 

that I spend months to build, close to $80K in expenses, and it was 

performing like a purring kitty, needed three seconds per execution. The 

life of an AI executive can be very cruel if you do not know which mistakes 

to avoid. 
 

I couldn't deploy my model to my customer requirement, so it was 

effectively useless. $80K and precious time down the bin. If you build a 



model and you cannot deploy it, it's time for this model to go to the 

trash can. 
 

Your customer does not care about how much money and effort 

you spent if you do not have the right specs to their use case and 

do not solve their problem as they want you to. 
 

To protect yourself from such a costly mistake, you need to create a 

balanced and effective team of a machine learning expert and a data 

engineer, talking to each other and talking with you while you are talking 

with the customers.  

 

You set the specifications according to the needs of the customer; the 

machine learning expert talks with the data engineer and decide together 

which model they need to build according to the deployment profile. And 

they build it iteratively. The machine learning expert trains models, the 

data engineer tries to deploy it and again. Back and forth, back, forth till 

they get it perfect. Then you can have a million dollars smile to your 

customers. JACKPOT! 
 

This is one of the most common mistakes only second to using black 

box ready-made models that will eventually become useless. 
 

If we build it and then we cannot deploy it, it was the wrong model from 

the beginning. 
 

So who is this data engineer that we so much need ? 
 

 

THE DATA ENGINEER TRIBE 
 

 

They're expert programmers. They've done products before. They know 

something about machine learning, maybe hobbyist, but if you try and go 

deep with them, they do not know all the nuances. Data engineers are not 

the people that can create awesome machine learning models for you.  

 



After interviewing 1000+ AI people and meeting many more in person I 

have yet to find a person that is both machine learning expert and data 

engineer at high level. 
 

What is the catch 22 with the data engineers? 
 
 

They cannot create the models. They might say I can, sure they can, but 

not deeply, they don't have deep understanding of all the details. If you 

ask them to build an AI model, they will propose what they have been 
 

doing in their career as expert programmers: “let's use this and this and 
 

that, all the LEGO pieces to build your AI model”. This approach doesn't 

work, by the way, with machine learning. By the time you find out why, 

you will be dead fish. Take this LEGO piece, take this LEGO piece, take 

this LEGO piece. NOPE! You need to know what you do in every small 

step. You need to know the math behind it to build AI, you cannot copy 

paste or reuse all the time. 
 

Data engineers cannot also debug the models after they are deployed. 

Sometimes the machine learning expert will develop a model, it will look 

and behave perfectly in tests. You decide to deploy it, and then all of 

the sudden it blows up with the customer (embarrassing). There are 

many reasons why this might happen and you need the machine learning 

expert to understand why it blew up. The data engineer will not help you 

to get there. 
 

If this is happening to you your model behaves well in training but not in 

production, then the reason may be very nuanced. I have had this 

experience so many times that I have operationalized the whole 

production level debugging process. Feel free to get in touch here if you 

need help with this. 
 

This is one of the secrets of success in AI. Many people have developed 

AI products and then they tried to deploy them and they did not work very 

well as in development. They did not know the reasons behind this 

conundrum and decided to call it quits. To my experience they were a few 

feet away from finding gold or striking oil.  
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THE PERFECT AI TEAM FOR YOUR SUCCESS 
 

 

The realization of the necessity of building a team of at least one 

machine learning expert and one data engineer is one of my most 

important wins throughout my AI career. 
 

This is the winning team when it comes to AI products from concept to 

production with clients. 
 

This the path to seven figures in the AI world. 
 

What you need is this team of a machine learning expert and a data 

engineer because the machine learning expert can develop, design, 

and train the AI, and debug it post product deployment. The data 

engineer can make sure the design and development are going to be 

deployable to your customers’ specifications, so you keep your 

customers happy and you can start making money by scaling it up 

seamlessly. Match made in heaven (smile with gold teeth shining). 
 

You need these two people. This is the AI dream team; experienced 

machine learning expert, one or two data engineers. This is what I call 

the concept of The Brain Cell. 
 

THE BRAIN CELL CONCEPT 
 

 

The combination of a machine learning expert with a data engineer 

working as a team with the executive is what I call in my AI consulting 

organization the Brain Cell Team. 
 

The Brain Cell Team is scalable. You can have two, three, four, five, 10 

Brain Cell Teams, all of them working in different projects. 
 

This is the only team that wins every time. It took me many years, 

probably millions of dollars to get it right. 



Nevertheless, this is the only way to set up your project and your team 

for success from the get go. 
 

Anything else will not work. I have tried all potential combinations. 
 
 

You need a Brain Cell Team. This is the most important thing. END 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 

 

THE 7 FIGURE AI CHEAT SHEET 
 

Okay. So, now let's go to the nitty gritty of the decision-making process 

that you should follow as an AI executive to maximize your probabilities of 

success. 
 

You started theoretically with Zer0 AI experience. 
 

By now you should know who to hire. You know what are the different 

types of AI tribes, what are the different people. You managed to hire a 

Brain Cell Team. Awesome and Congrats! If you want to avoid the time 

wasted and the risk of hiring a Brain Cell Team get in touch and we can 

work on your idea together with one of my Brain Cell teams without any 

time waste and HR risks.  
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Now, let's start thinking about our AI project. How will we go forward? 
 

How will we lead the team to maximize our probabilities for success? 
 
The first question you need to ask yourself as an AI executive is: 
 
 

Do We Have Labeled Data? 
 

If the answer is no, I would stop right there. Do not try to spend money on 

unsupervised methods. It will never work for you, or if it works it will 

provide minimal value. Unsupervised methods will not justify a good 

return on your investment. I haven't seen lots of valuable AI products built 

by unsupervised methods (some names for unsupervised methods: k-

means, outlier detection, t-SNE). Try to get some data instead. 
 
 

 

How To Get Data 
 

 

You can scrape for data. You ask your data engineer to scrape data for 

you when you're allowed from the Internet and ethically. 

 

You can buy data. Yes, buy labeled data. Sometimes it is cheaper than 

trying to get them yourself and with higher quality. 

 

You can create labels for your data, and this process of labelling your 

unlabeled data is whole art on its own. It needs to be done effectively with 

specific operating procedures. This process is another source of my costly 

mistakes of the past. How do you label your data? You will have to be 

very diligent and very specific on how you do it. And nobody will tell you 

how to do it exactly to maximize your return on your investment because 

there are not too many people that know how to do that or have done it in 

the past. The process of labelling is super time consuming and expensive. 

You need to set up the operations of labelling for success. If you want the 

advice, just feel free to contact me. Reach out and I will be happy to help. 

Because if you do not setup your labelling project right you might be losing 

money and time and you will need to redo it because you AI models will 
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not be working. I feel pain even just thinking about the subtle mistakes we 

have done in the past on this front, things you would never imagine they 

would cause problems, small mistakes costing $50K each.  

 

But in general to our original train of thought, do not expect too much if 

you don't have labels, okay? Do not expect too much till you get your data 

labelled. If you have labels, keep on moving. 
 

How much data do I have? 
 

This is the third most important question. If you have few hundreds of 

examples or few thousands, say from 100 to 15,000 examples of data, 

you'd be better off using statistics or trying to get more data. This is the 

level of achievement you can get with few thousands of examples. Go 

with stats or get more data. 
 

You cannot do advanced AI with that. If you do, it's going to be probably 

messy. It will not be working and it will probably not be able to generalize 

in production, thus it will not be producing value for you. 
 

But if you start having five figures and above of labeled examples, up to 

millions of examples, what do you do then? If you get drowned by labeled 

data, downscale. You don't have to go to big data territory. It's expensive, 

it's slow, you need very expensive people and very expensive 

infrastructure. Big things have small beginnings, rarely the opposite, so 

downscale. Get to a smaller random sample when you have millions of 

data, and start getting some progress. 
 

When you see progress in the right way to build something, then upscale 

it and make it perfect. Keep that in mind. Do not go big data. It's like a big 

data siren calling you there: 

 

——“Spend your money with us, we are the big data sirens, spend your 

sweet money with us, you will feel great and your investors will be 

impressed”. 



 

—— “No, I will resist your temptation and downscale. I will create 

something simpler and beautiful faster, and then I will come, and if I see 
 

value, then I will spend more money with you, big data sirens”. 

 

So, okay, you have more than tens of thousands of data examples. 

What do you do then? 
 

Do you need explainability? 
 

Does your model need to explain why it’s producing its decision? 

Sometimes you need this explainability by law, like the GDPR of 

European Union. In EU for example you need to be able to explain to the 

customers why you sold them this advertisement or why did you deny the 

credit? 
 

If you don't need explainability, though, you should use deep learning. 

That's it. That's very easy. This is all you need to know on your decision 

making as an AI executive. 
 

_______________________________________________________________ 
 

 

Let’s do some examples of fast AI executive decision making. Like 

sparring in boxing but faster (also: easier to get hurt as an AI 

executive rather than boxer :-) 

 

— “I have data. I have more than ten thousand of labeled data. I do 

not need explainability at all. What do we do?” 

 

—- We use deep learning. Boom. That's the best way to success. 
 

Fastest, way to success. 
 
 

Another case: 
 

 

——I have data. I have more than ten thousand of labeled data. And I 

need explainability. What do we do? 



 

——If you need explainability use decision trees. This is my direct 

thought. If I need to explain something, the first thing I go and try is 

decision trees. And everybody is happy because decisions trees are 

powerful machine learning method and the customers also have an 

explanation of why our model made this decision. 
 

 

Somebody might propose logistic regression instead. It is not very 

powerful. Decision trees are very powerful, and to my experience, deep 

learning and decision trees have created most of my value, nothing else. 
 
 

 

Statistics? Boo, very minimal results. Support-vector machines and 

other methods? Nothing special. 
 

Decision trees. Deep learning. That's your choices. That's how you 

build amazing AI….. 
 
 
 
 

 

 

 

 

 

 

 

 

 

 

 



 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

MOVING FORWARD AS AN AI EXECUTIVE 



 
 
 

 

Imagine this scenario…… 
 

You have led the initiative of your company to create an AI team and to 

innovate an AI product. This product is a success and created tens of 

millions of dollar value. Your career is skyrocketed and you are leaped to 

the position you always dreamed. You are envied by your colleagues and 

although they were against you, they now behave like they always knew 

you would be a success. 
 

What if you were the AI success story in your company? 
 
 

What if your company used your success to do PR with you in it? 
 

What if these million dollars of value you created is reflected in a fat 

bonus and the promotion everyone was fighting for? 

What if you became a celebrity in your niche and you were invited to 

talk about your AI success a lot? 
 

Sounds like a stretch? 
 
 

Well, this is exactly how it felt to me 7 years ago that I knew nothing about 

AI. It felt like an endless uphill battle, with no available mentors to guide 

me towards the right executive decisions. 
 

Not because I couldn’t afford the mentors. I actually connected with lots of 

them: professors from academia and guys from the googles and 

facebooks of the world. They were not aware of the whole picture to help 

me as an executive. Always experts in their super niche but they have 

never done the whole AI executive building from scratch to help me get 

there. 
 

I fought against the odds, I persisted and I won. I ended up created 

multiple millions of dollars of value with successful AI products that are 



used by many companies including Fortune 500. In fact, you might have 

already used some of my products and you wouldn’t even know. 
 

The thing that got me there is the birds eye view of the whole 

ecosystem of AI: People, Techniques, Products, Sales. 
 

This book is just a small hint of what you can achieve if you get all the 

pieces of the puzzle right. And in order to do them right you need to 

follow a proven formula. 
 

This formula has nothing to do with being a technical expert in AI or a 

coding wiz (if you are, good for you). It is all about pushing towards the 

right direction to get the greatest results, faster with the least effort 

(remember the definition of intelligence we talked about earlier in this 

book?). 
 

And here are all the steps: 
 

• learn the basics about AI terms, teams and paths and start by 

following the 7 figure AI cheat sheet decision making 

• learn which AI products are doable and lucrative and how to choose 

right 
 
• get exclusive access to the tools and cheats to create the perfect AI 

team. How to find, interview and hire the AI people that will get you 

there 
 
• the cheat sheets of how to operationalise the team and the product 

creation and know what to do in every hiccup both operational and 

technical 
 
• all the experience and tactics on how to sell the AI product, best 

practices for AI fundraising, marketing and sales. 
 



For those of you that want to take advantage of this unique timing for the 

biggest gold rush in the history of humanity, I am happy to show you 

exactly how to do it. 
 

What I gave you in this book is barely scratching the surface of your 

Hero AI journey. It is just an overview of first steps to set the path right 

from the beginning. 
 

I am sure you want more so here is what I have for you: 
 
I have built Man Ex Machina a machine learning consultancy based in 
New York and working with select clients to help them built excellence in 
AI products without the time waste of hiring the right team and the 
potential HR risks of not having the right team in place.  
 
We work with the principles outlined in this book and we are focused on 
excellence and fast ROI for our clients. If you are interested in working 
with us in one of your AI projects or just get advice on the potential and 
feasibility of the AI project you have in mind please contact us by clicking 
the link below.  

Contact Man Ex Machina Team 
 

Looking forward to meeting you soon!!! 
 

Till then enjoy your Hero AI journey! 
 
 

We live in the most exciting times in history! So lucky to be alive! 

Sincerely, 

Dr Alex Louizos 

Connect with me at LinkedIn 

 

https://go.oncehub.com/manxmachina
https://www.linkedin.com/in/artificial-intelligence-expert/


 
 
 
 
 

 


