Foreign Package:

This package helps to read Data Stored by Minitab, S, SAS, SPSS, Stata, Systat, Weka, dBase, SAV.

Note: To use any package in R we need to make sure that we have that package installed in R.

E.g: Reading a sav file

install.packages(“foreign”)	
library(“foreign”)
mydata<-read.spss(D:/Cancer.sav”)
mydata

ff package:
It helps for memory-efficient storage of large data on disk and fast access functions

The ff package provides data structures that are stored on disk but behave (almost) as if they were in RAM by transparently mapping only a section (pagesize) in main memory - the effective virtual memory consumption per ff object. ff supports R's standard atomic data types 'double', 'logical', 'raw' and 'integer' and non-standard atomic types boolean (1 bit), quad (2 bit unsigned), nibble (4 bit unsigned), byte (1 byte signed with NAs), ubyte (1 byte unsigned), short (2 byte signed with NAs), ushort (2 byte unsigned), single (4 byte float with NAs). For example 'quad' allows efficient storage of genomic data as an 'A','T','G','C' factor. The unsigned types support 'circular' arithmetic. There is also support for close-to-atomic types 'factor', 'ordered', 'POSIXct', 'Date' and custom close-to-atomic types. ff not only has native C-support for vectors, matrices and arrays with flexible dimorder (major column-order, major row-order and generalizations for arrays). There is also a ffdf class not unlike data.frames and import/export filters for csv files. ff objects store raw data in binary flat files in native encoding, and complement this with metadata stored in R as physical and virtual attributes. ff objects have well-defined hybrid copying semantics, which gives rise to certain performance improvements through virtualization. ff objects can be stored and reopened across R sessions. ff files can be shared by multiple ff R objects (using different data en/de-coding schemes) in the same process or from multiple R processes to exploit parallelism. A wide choice of finalizer options allows to work with 'permanent' files as well as creating/removing 'temporary' ff files completely transparent to the user. On certain OS/Filesystem combinations, creating the ff files works without notable delay thanks to using sparse file allocation. Several access optimization techniques such as Hybrid Index Preprocessing and Virtualization are implemented to achieve good performance even with large datasets, for example virtual matrix transpose without touching a single byte on disk. Further, to reduce disk I/O, 'logicals' and non-standard data types get stored native and compact on binary flat files i.e. logicals take up exactly 2 bits to represent TRUE, FALSE and NA. Beyond basic access functions, the ff package also provides compatibility functions that facilitate writing code for ff and ram objects and support for batch processing on ff objects (e.g. as.ram, as.ff, ffapply). ff interfaces closely with functionality from package 'bit': chunked looping, fast bit operations and coercions between different objects that can store subscript information ('bit', 'bitwhich', ff 'boolean', ri range index, hi hybrid index). This allows to work interactively with selections of large datasets and quickly modify selection criteria. Further high-performance enhancements can be made available upon request.

Please refer to the  below link which guide us on Managing large datasets using ff packaged.
http://ff.r-forge.r-project.org/bit&ff2.1-2_WU_Vienna2010.pdf

Plyr Package:

This package will act as a tool for splitting, applying and combining data.

plyr is a set of tools that solves a common set of problems: you need to break a big problem down into manageable pieces, operate on each pieces and then put all the pieces back together. For example, you might want to fit a model to each spatial location or time point in your study, summarise data by panels or collapse high-dimensional arrays to simpler summary statistics. The development of plyr has been generously supported by BD (Becton Dickinson).

Please refer to the below example in which we use the plyr package.

Note: ddply() is one of the function in the package “Plyr”. 
Please refer to the below link for more details about plyr and ddply.
http://seananderson.ca/2013/12/01/plyr.html

install.packages("plyr")
library("plyr")
data <- read.table(header=T, text='
subject sex condition before after change
    	 1   F   placebo   10.1   6.9   -3.2
                  2   F   placebo    6.3   4.2   -2.1
                  3   M   aspirin   12.4   6.3   -6.1
                  4   F   placebo    8.1   6.1   -2.0
                  5   M   aspirin   15.2   9.9   -5.3
                  6   F   aspirin   10.9   7.0   -3.9
                  7   F   aspirin   11.6   8.5   -3.1
                  8   M   aspirin    9.5   3.0   -6.5
                  9   F   placebo   11.5   9.0   -2.5
                  10   M   placebo   11.9  11.0   -0.9
                  11   F   aspirin   11.4   8.0   -3.4
                  12   M   aspirin   10.0   4.4   -5.6
                  13   M   aspirin   12.5   5.4   -7.1
                  14   M   placebo   10.6  10.6    0.0
                  15   M   aspirin    9.1   4.3   -4.8
                  16   F   placebo   12.1  10.2   -1.9
                  17   F   placebo   11.0   8.8   -2.2
                  18   F   placebo   11.9  10.2   -1.7
                  19   M   aspirin    9.1   3.6   -5.5
                  20   M   placebo   13.5  12.4   -1.1
                  21   M   aspirin   12.0   7.5   -4.5
                  22   F   placebo    9.1   7.6   -1.5
                  23   M   placebo    9.9   8.0   -1.9
                  24   F   placebo    7.6   5.2   -2.4
                  25   F   placebo   11.8   9.7   -2.1
                  26   F   placebo   11.8  10.7   -1.1
                  27   F   aspirin   10.1   7.9   -2.2
                  28   M   aspirin   11.6   8.3   -3.3
                  29   F   aspirin   11.3   6.8   -4.5
                  30   F   placebo   10.3   8.3   -2.0
                  ')

data

cdata <- ddply(data, c("sex", "condition"), summarise,
              N    = length(change),
              mean = mean(change),
              sd   = sd(change),
              se   = sd / sqrt(N) )

cdata

lme4:

This package helps to fit Linear mixed-effects models (LME) to data using Eigen and S4

Fit linear and generalized linear mixed-effects models. The models and their components are represented using S4 classes and methods. The core computational algorithms are implemented using the Eigen C++ library for numerical linear algebra and RcppEigen "glue".

Please refer to the below link for an example of lme4.
http://www.inside-r.org/packages/cran/lme4/docs/lmer

Design: - There is no such package in R. I hope you might be referring to designGG. Please correct me if I am wrong.

designGG:
The package provides R scripts for designing genetically genomics experiments.

Please refer to the below link for information and usage of it. 
http://www.inside-r.org/packages/cran/designGG/docs/designGG

mass:
MASS stands for 'Modern Applied Statistics with S’. It support the functions and Datasets for Venables and Ripley's MASS.

Please refer to the below link for the usage of Mass package and its function:
http://www.ats.ucla.edu/stat/r/dae/rreg.htm

[bookmark: _GoBack]car:
CAR stands for Companion to Applied Regression. 
Please refer to the below links for the information about car package and its usage:
http://www.ats.ucla.edu/stat/r/examples/asa/asa_ch4_r.htm
http://rprogramming.net/recode-data-in-r/

Rdatamining:

Rdatamining is not a package in R. It indicates the data mining done with the help of R.

Please refer to the below link for example of R and Data mining.
http://www.rdatamining.com/examples

In the above link you can find the examples in which we use R for Data mining in different ways.
Click on each link and go through them.

ggplot2:

An implementation of the grammar of graphics in R. It combines the advantages of both base and lattice graphics: conditioning and shared axes are handled automatically, and you can still build up a plot step by step from multiple data sources. It also implements a sophisticated multidimensional conditioning system and a consistent interface to map data to aesthetic attributes. See the ggplot2 website for more information, documentation and examples.

Please refer to the below link for example in GGplot2.
http://www.cookbook-r.com/Graphs/Bar_and_line_graphs_(ggplot2)/

