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Summary
Although AI has the potential to bring many benefits to an organisation, the lack of organisational readiness for AI could impede adoption. Organisations face myriad technical, organisational and cultural challenges in adopting AI. This paper aims to extend current research on organisational readiness for AI adoption with the aim of first creating an updated AI readiness framework and then develop a comprehensive research instrument that could be used to make a holistic assessment of organisational readiness factors. Literature on AI adoption and readiness factors has been briefly covered. A gap has been identified and the rationale for developing a holistic research instrument explained. The paper seeks to make theoretical, practical and methodological contributions to the understanding and evaluation of organisational AI readiness. 
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Introduction
AI systems are being adopted in a wide variety of business areas ranging from finance (Cao, 2021), healthcare (Das and Sanyal, 2019; Vaananen et al., 2021), logistics (Soltani, 2021; Ferreira and Reis, 2023), manufacturing (Li et al., 2017; Arinez, 2020), marketing (Stone et al., 2020; Nair and Gupta, 2021) and oil and gas (Zhang, 2018). The adoption of AI systems is largely driven by the anticipated benefits they can bring to a business. AI systems can improve efficiency and productivity in the business by automating repetitive tasks and faster processing (Wamba-Taguimdje et al., 2020). Where the business has large amounts of data, AI related machine learning techniques can be used to analyse and gain insights from the data. AI can even enable real-time analysis and forecasting based on the data (Mediavilla, 2022). These improvements allow the business to adopt data driven decision making. Some businesses have adopted AI-enabled chatbots for customer service (Stoilova, 2021). There are also other niche applications of AI systems; for example, pharmaceutical businesses use AI for drug discovery (Jimenez-Luna, 2021; Blanco-González et al., 2023) while airlines can use AI for predictive maintenance of aircraft (Shukla et al., 2020; Stanton et al., 2022). Given these advantages, researchers believe that a business can gain competitive advantage by successfully adopting AI. 
Despite the numerous potential advantages, the adoption of AI could be impeded by challenges such as the complexity of the technology, lack of skilled employees and staff resistance (Alsheiabni et al, 2019). Another key barrier is the lack of organisational data necessary to train AI systems (Berube et al, 2021). Therefore, a business may not possess the organisational readiness for integrating AI within its operations (Cubric, 2020; Radhakrishnan & Chattopadhyay, 2020). Failed implementations could be caused by technical issues such as biased or incomplete datasets (Slota et al., 2020) but social and cultural factors (Bianco, 2021) are a more serious barrier to AI adoption.
Problem statement
The benefits and challenges of AI adoption have received attention from researchers. To analyse AI adoption, some researchers draw upon broader IS adoption literature and employ theoretical frameworks such as the Technology Acceptance Model (Alhashmi et al., 2019; Na et al., 2022; Wang et al., 2023) or the Unified Theory of Acceptance and Use of Technology (Andrews, 2021; Venkatesh 2022). These theories are focused on employee acceptance of new technology. Other researchers like use the Technology-Organisational-Environment framework. Alshami et al. (2019) and Wang et al. (2023) have attempted to identify success factors of AI acceptance by employees. In similar vein, the objective of Venkatesh's (2022) paper was to identify issues that aid or hinder employee adoption of AI tools. Moreover, these theories are centred on enterprise systems although they have been used in other contexts. Arguably, AI tools are not the same as enterprise IT systems. There are many “off the shelf” AI tools or AI features in other applications that may already be in use within the organisation (for e.g., Microsoft Co-Pilot) or those which could be rolled out immediately. Therefore, this study adopts a broader view of AI adoption and is not limited to the perspective of employee acceptance of enterprise IT. The focus is on the maturity level or readiness of an organisation to adopt AI.
Research aim
Greater Manchester (GM LSIP, 2023), on which one of the authors was the lead researcher, showed that many business leaders believe that AI will impact their industries. The also reported that they do not have sufficient understanding of the tools and techniques available, nor the implementation process and challenges that might come in the way. Johnk et al (2021) emphasise that AI readiness increases the probability of successful AI adoption and is important when the organisation wants to gain benefits from AI use. However, there is no universal set of readiness factors, and it is a complex area requiring more research. 
To address this gap and provide researchers and practitioners with a practical tool to assess organisational AI readiness, this research study has the overall aim of creating a comprehensive survey instrument i.e. the outcomes from this research will include a research questionnaire. The aim of the researchers is not to make an isolated assessment of AI readiness in an individual business; rather, it seeks to create a research instrument that could be applied across many businesses. By providing a research instrument that could be adopted and/or adapted by other researchers, the outcomes from this study will make methodological and practical contributions. Data will be gathered via qualitative interviews with businesses, practitioners and policymakers in Greater Manchester. Based on the findings from the interviews, an updated AI readiness framework will be developed, which will be presented at the conference along with an initial version of the instrument. In partnership with Greater Manchester Chamber of Commerce, the questionnaire will be tested with a set of businesses based in the Greater Manchester area as a pilot phase. Using the findings from the pilot, the researchers hope to further develop and refine the instrument before it is finalised.
Literature review
The following literature review covers two broad areas. First, adoption of AI is discussed along with some associated challenges. This sets the context for a brief summary of current research into organisational AI readiness. An extended review covering technological, social, and cultural factors which impact organisational AI readiness will be presented at the conference.
AI adoption
A report published by researchers at The Alan Turing Institute and the Financial Conduct Authority (Maple, 2023) provides a comprehensive review of the use of AI tools in finance. The authors view AI as a paradigm change in the sector with the application of a range of tools from simple rule-based systems to more advanced machine learning models. Considering the volume of and the velocity with which data is generated in the finance sector, the adoption of AI could enhance banking services, aid fraud detection and provide algorithms for high-frequency trading (Maple, 2023). In his assessment of the AI ecosystem in the finance sector in the German state of Hessen, Bredt (2019) opines that AI can shape new business models and create new revenue generation opportunities in the financial sector. Agreeing with the above views on the potential for AI application in the finance sector, Cao (2021) states that AI and data science techniques can be applied to a wide range of problems in the sector. Although researchers concur on the potential beneficial role of AI for the finance sector, there are concerns about the risks that widescale AI adoption might pose. Giuduci et al. (2019) discuss the increasing influence of technological innovations like blockchain and AI and call for the need for a balance between fostering innovation and mitigating associated risks. In addition to discussing the threats and pitfalls arising from AI, Maple et al (2023) also highlight the lack of good quality data, staff with the right skills to select and apply suitable AI models and poor technology infrastructure as barriers. 
The manufacturing sector has seen significant developments in the context of Industry 4.0 (Ghobakloo, 2018) and the volume of data generated through the integration of cyber physical devices with manufacturing systems makes is suitable for the application of AI. The application of AI and Industry 4.0 principles can enable data analytics and bring about improvements in manufacturing processes (Zheng et al., 2020). Tracing the evolution from Industry 4.0, Jan et al. (2023) say that further digitalisation of the sector enables the application of AI but call for careful consideration of individual sectors and differences in business processors and consideration of the extent of Industry 4.0 adoption. Arinez et al’s (2020) survey of literature on AI adoption also reveals implementation challenges such as knowledge gaps, gaps with available data and skill requirements. 
Although the above review of literature covers only two sections, similar issues have been raised in the context of other sectors (Baabdullah et al., 2021; Mediavilla et al., 2022). In assessing whether an organisation is prepared for the implementation of AI technologies, a wide range of technical, organisational and social factors need to be considered.
Organisational AI readiness
In view of the challenges that have been experienced in preparing an organisation for the introduction of AI, researchers have focused on the issue of organisational AI readiness. Because improving AI readiness of the organisation prepares the ground for AI adoption, Johnk et al (2021) suggest that there needs to be a holistic assessment of the organisation's situation. Nortje and Grobbelaar (2020) agree that an assessment of AI readiness consists of several dimensions because AI implementation requires the development of a digitization strategy and associated managerial, staff and financial support. Recognising the complexity of assessing AI readiness, Tehrani et al (2024) identified eight dimensions of AI readiness. Others such as Eljasik-Swoboda (2019) have attempted to extend or adapt big data readiness models to AI readiness while Dora et al (2021) identified technological readiness as critical success factors for AI adoption. Finally, there is also a body of research on barriers to AI adoption (Radhakrishnan & Chattopadhyay, 2020), overcoming which could facilitate the implementation of AI in the organisation.
AI readiness
Organisational readiness for AI adoption refers to an organisation’s preparedness to successfully implement and adopt AI technologies. It is the organisation's preparedness and capability to effectively utilise AI technologies in a way that adds value (Lokuge et al, 2019; Holmstrom, 2022). Researchers suggest that AI readiness is not a simple concept. It is determined by the interplay between several organisational aspects and technical infrastructure (Holmstrom, 2022). By identifying eight different dimensions of readiness, Tehrani et al (2024) established that organisational readiness for AI adoption encompasses not only the technical infrastructure but also the organisational culture, leadership, and workforce skills necessary to embrace AI effectively.
Technology-Organization-Environment framework
Considering the complex nature of organisational readiness for AI adoption, many researchers (Johnk et al, 2021; Kurup & Gupta, 2022) have adopted the Technology-Organization-Environment (TOE) framework to explain AI adoption in an organisational context. Baker (2012) provides a detailed explanation of the TOE framework and its application within Information Systems literature to understand technology adoption. An interesting feature of the TOE framework is that it is adaptable and can include a wide range of factors relating to the implementation of new technology. The optimal approach to understanding successful adoption depends on various contextual factors. These factors are categorized into three main areas:
· Technological context
This includes the internal and external technologies relevant to the organisation. Internal technological factors include the technological infrastructure and applications currently in use in the organisation, while external technological factors include the maturity, innovativeness and suitability of new technologies and solutions available in the market. While assessing technologies available in the market but not in use within the organisation, the compatibility of the new technology with currently used systems must be considered. 
· Organisational context
This encompasses organisational characteristics such as its size and structure along with numerous other aspects including business processes, work culture, resources available and senior management support for innovation and technology adoption. These factors influence the organisation's ability to adopt and implement new technologies. For e.g., larger firms or those that operate in technology intensive sectors may tend to invest more in adopting new technologies as opposed to smaller, less profitable firms. 
· Environmental context
The environment that the organisation also affects its ability and intention to adopt new technologies. The environmental context involves external factors that influence technology adoption. These could include the nature of the industry, regulation, competition and the broader socio-economic circumstances within which the business operates. 
The TOE framework suggests that the successful adoption of new technologies, such as AI, depends on the alignment and interaction between these three contexts. While considering the adoption of any new technology, organisations need to assess their technological capabilities, organisational context and environmental conditions to develop effective strategies for successful adoption.
TOE framework in AI adoption
The TOE framework has been employed by many researchers to assess organisational readiness for AI adoption. By systematically categorising the factors that influence the adoption and implementation, the TOE framework offers a structured approach to understanding how internal and external factors impact AI readiness. However, different researchers include different factors within each of the three contextual areas. The table below summarises the views of five recent publications that employ the TOE framework to assess AI readiness. 
	Paper
	Main findings
	Factors used within TOE framework

	Alsheibani et al (2018)
	Propose a research framework, combining the TOE framework with the Diffusion of Innovation theory, to study AI adoption at firm level. The research highlights technological readiness, organisational readiness, and environmental readiness as key contexts for AI adoption.
	Technological: Technological readiness, relative advantage, compatibility. Organisational: Top management support, firm size, resources. 
Environmental: Competitive pressure, government regulations

	Johnk et al. (2021)
	Top management support, data availability, technological compatibility, and AI tools are critical in AI adoption. Regulatory environment also plays a role.
	Technological: Data availability, technological compatibility, use of AI tools. Organisational: Top management support, 
Environmental: Regulatory environment, industry standards

	Kurup & Gupta (2022)
	Leadership vision, change management capability, and AI readiness positively impact AI adoption. Trading partners should also be considered in adoption. 
	Technological: Compatibility, relative advantage, AI-specific infrastructure, data management. 
Organisational
: Leadership vision, change management, culture. 
Environmental: Competitive pressure, trading partners

	Polishetty et al. (2023)
	Successful AI implementation depends on advanced data analytics, a culture of innovation, and proactive regulatory frameworks.
	Technological: Data management capabilities, AI infrastructure. Organisational: Leadership support, employee training, culture of innovation. Environmental: Regulatory frameworks, market competition

	Mihai & Dutescu (2024)
	Larger firms are more prepared for AI adoption due to having better resources and infrastructure. SMEs can also build their organisational readiness by adopting cloud-based solutions and investing in training.
	Technological: Compatibility with existing systems, perceived advantages, complexity, security. 
Organisational: Top management support, organisational culture, employee competencies. 
Environmental: Industry pressure, regulatory environments



Limitations of the TOE framework 
Although the TOE framework encompasses many factors and enables broad analysis of technology adoption, the framework does not specify the relative importance of each factor. The flexibility of the framework could, in some contexts, also be a weakness because it allows many different factors to be included within each context. In other words, there is a lack of consensus on the specific TOE factors to use in assessing AI readiness. Furthermore, the current literature on AI readiness rarely addresses employees’ skills as a distinct factor that affects AI readiness, and further work on AI readiness should also facilitate the identification of specific technical, managerial and interpersonal skills most critical for successful AI adoption.  
Testing & validation 
Once the AI readiness assessment tool i.e. the survey instrument has been developed, the researchers propose to test and validate the instrument through pilot testing in partnership with Greater Manchester Chamber of Commerce. The objectives of the testing are to assess the validity and reliability of the AI readiness assessment tool and its practical applicability to organisations in different sectors. The content validity of the instrument will be assessed by consulting with other researchers and AI practitioners. To assess the reliability of the instrument, the researchers will work with Greater Manchester Chamber of Commerce to identify a set of business members of the Chamber across different sectors and sizes. The instrument will be tested with a sample size of at least 50 organisations to ensure a variety of responses and sufficient data for preliminary analysis. Based on the empirical findings, the instrument will be refined and retested with the same businesses three months after pilot testing. The two sets of results will be compared to assess the retest reliability. 
Conclusions
Organisational AI readiness is an important determinant of successful AI adoption within an organisation. Not only are there different AI readiness factors but there are also different approaches to framing organisational AI readiness such as readiness research, critical success factors and barriers of adoption, the converse of which could be used as readiness factors. These different perspectives highlight the need for a coherent and integrated framework for understanding AI readiness. Even the popular TOE framework has some limitations in understanding AI readiness and further research into organisational readiness for AI adoption is required. The researchers believe that further research should aim to arrive at a universal set of readiness factors. The lack of a universal set of readiness factors is one of the important gaps that this research seeks to address. By developing a comprehensive AI readiness assessment framework for organisations, this research can provide a unified understanding of AI readiness. It follows that researchers and practitioners should be able to apply the framework to assess organisational AI readiness in a wide variety of contexts. On that point too, there remains a gap because there isn’t a standardised and easy to administer instrument for conducting readiness assessments. This study also seeks to address that gap. By first conducting a comprehensive review of available literature on AI readiness, the completed paper will propose an integrated AI readiness framework, which will become the basis for the survey instrument. The integrated AI readiness framework, and an initial version of the instrument will be presented at the conference. It is believed that the outcomes from this research will guide business leaders, AI practitioners, strategists and policymakers to encourage and enable more businesses to understand AI readiness and use those insights to introduce and integrate AI technologies into their operations with a view to improving organisational productivity and efficiency.  
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