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The impact of AI on HR's process landscape and strategic orientation

With rapid advancements in artificial intelligence (Al), the technology is becoming increasingly
attractive for various organizational applications. Recent research highlights Al's potential for
integration into organizational processes, automating tasks, and assisting employees by enhanc-
ing their decision-making. Particularly in corporate areas like Human Resource Management
(HRM), Al has the potential to reshape core HR activities and redefine roles and responsibili-
ties. However, the intersection of Al and evolving competencies required in HR remain unex-
plored. This study adopts a multiple-case study approach to explore the impact of Al integration
on skill changes across key HR functions through expert interviews. We expect the results to
reveal that Al integration necessitates reskilling and upskilling of HR professionals to effec-
tively engage in human-Al collaboration and leverage the full potential of Al in their roles.
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Research Relevance

Technological transformation has historically been closely linked to continuous learning, re-
skilling, and upskilling across all sectors of society. During the First Industrial Revolution in
the 18th and 19th centuries, a period of profound technological upheaval, mechanized produc-
tion systems, particularly the steam engine and the factory system, fundamentally reshaped the
world of work. Traditional manual labor was increasingly replaced or supplemented by ma-
chines. As a result, the demands on the workforce shifted significantly: technical and mechan-
ical knowledge, such as the operation, maintenance, and repair of complex machinery, became
indispensable. Those unable or unwilling to adapt to these new requirements risked being left
behind in a rapidly changing labor market (Kohnova and Salajova, 2019).

Today, the world is undergoing yet another deep transformation, referred to as the Fourth In-
dustrial Revolution (Kohnova and Salajova, 2019). This new era is primarily driven by artificial
intelligence (Al), increased digital connectivity, and the widespread integration of intelligent
systems into economic and societal processes. According to the World Economic Forum, ap-
proximately 39 percent of the core skills currently in demand in the labor market are expected
to change fundamentally within the next five years. In growing demand are competencies in Al
and Big Data, such as data analysis, machine learning, and algorithmic literacy, as well as a
broad-based technological education (World Economic Forum, 2025).

One sector that is particularly affected by this transformation is human resources (HR). Al tech-
nologies are increasingly being implemented in HR processes, especially in recruitment and
selection. Al-supported systems are already being used in the initial screening phase of job
applicants. These systems analyze resumes based on predefined criteria, thereby enabling a
more efficient and data-driven preselection process. As a consequence, the role of recruiters is
changing, from manually reviewing all applications to making final decisions based on Al-gen-
erated recommendations (Raisch and Krakowski, 2021).

To remain competitive in the face of these developments, organizations are increasingly reliant
on harnessing the potential of collaboration between humans and artificial intelligence. A key
prerequisite for this is the successful integration of Al into existing work processes, such as in
personnel management (Krakowski, Luger and Raisch, 2023). Crucial to this integration is the
targeted closing of skill gaps that emerge in response to the rapid pace of technological change
(World Economic Forum, 2025).

Research Gap

The integration of Al has been extensively studied from an organizational perspective (Hen-
driksen, 2023). It is well established that Al brings about profound transformations in organi-
zational processes, particularly within human resource management (HRM), and that its imple-
mentation requires the development of new organizational capabilities (Raisch and Krakowski,
2021; Einola and Khoreva, 2023; World Economic Forum, 2025). However, the implications
of Al integration for individual capability development have received comparatively little at-
tention. In particular, there is a significant research gap regarding the specific changes in skill
requirements within the HR domain resulting from the adoption of Al technologies.

This paper investigates the skill transformations induced by Al across decision-making pro-
cesses in core HR functions, such as acquisition, motivation, development, and placement. The
analysis focuses on identifying the individual capabilities required to facilitate effective human-
Al collaboration within these key HR areas. Building on this analysis, the paper develops a
conceptual model of critical HR competencies needed in Al-augmented work environments.



Theoretical Framework & Literature Overview

Al can be understood as a technology capable of correctly interpreting external data, learning
from it, and applying these learnings to achieve specific goals and tasks (Spring, Faulconbridge
and Sarwar, 2022). The technology enhances human employees' work by either augmenting
their decision-making (Faulconbridge, Sarwar and Spring, 2023) or enabling the automation of
entire tasks (Hendriksen, 2023). The concept of humans and Al systems working together is
also referred to Al augmentation, describing the collaboration between humans and Al to jointly
accomplish goals (Raisch and Krakowski, 2021; Shao ef al., 2024). Studies examining this col-
laboration show that Al can take over routine tasks, reducing manual activities and thus increas-
ing process efficiency. This allows employees to focus on more complex and value-adding ac-
tivities (Spring, Faulconbridge and Sarwar, 2022; Hendriksen, 2023; Konsynski, Kathuria and
Karhade, 2024)

The interplay of humans and Al is becoming increasingly prevalent in HRM, a central corporate
function with operational and strategic tasks (Dulebohn and Johnson, 2013). Key HR functions
include acquisition, motivation, development, and placement (Kaiser and Ringlstetter, 2008).
By automating subtasks and providing decision-making support, Al enables significant effi-
ciency gains and strategic advantages in these functions (Nosratabadi et al., 2022). One exam-
ple is the use of Al in the acquisition phase: while Al can handle the initial screening of appli-
cants, the recruiter can focus on the final selection of candidates. By automating certain tasks,
Al enables HR professionals to allocate more time and resources to strategic initiatives and
exploring new business opportunities (Raisch and Krakowski, 2021).

The integration of Al into key HR functions fundamentally reshapes the design of decision-
making processes. Subtasks can be completely automated by Al, augmented with Al assistance,
or performed solely by humans. While automation seeks to delegate tasks entirely to Al sys-
tems, augmentation assists human decision-makers by providing intelligent systems that deliver
information and enhance analytical processes (Benbya, Pachidi and Jarvenpaa, 2021). Konsyn-
ski, Kathuria and Karhade (2024) propose that organizations integrate human and intelligent
Al-system actors to achieve goals through interconnected decision-making processes. These
decision journeys can be broken down into elements, while at each step, organizations need to
decide whether the tasks should be assigned to human or Al-system actors. Figure 1 illustrates
the decision journeys for key HR functions.

Introducing Al applications changes existing processes and creates new demands on organiza-
tions, work structures and professionals (Faulconbridge, Sarwar and Spring, 2023). It shifts the
locus of action, control, and decision-making from human employees to Al systems (Queiroz,
Anand and Baird, 2024). As a result, human workers are increasingly tasked with overseeing,
managing, and troubleshooting these systems, leading to expanded roles and responsibilities
(Coombs et al., 2020). As Al technology transforms traditional work processes from planning-
oriented processes into explorative and complex processes (Hopfetal., 2023; Vial et al., 2023),
workers are evolving from specialists into all-rounders who have to master various skills instead
of specific tasks (Hopf ef al., 2023). While domain-specific knowledge remains a fundamental
prerequisite for making informed decisions in the context of Al, the integration of Al into busi-
ness processes requires a broader set of complementary skills. These can be categorized into
five core categories: technological, cognitive, social, self-efficacy, and ethical-regulatory capa-
bilities (Tong et al., 2021; Jaiswal, Arun and Varma, 2022; Maragno et al., 2023; Hermann and
Puntoni, 2025; Koponen et al., 2025).



Key HR Functions:

Monitoring, controlling and rectifying of Al decisions
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Figure 1 HR Decision Journey (own figure based on (Kaiser and Ringlstetter, 2008; Coombs et al., 2020; Konsynski, Kathuria and Karhade, 2024)
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Methodology

To explore the skill changes along the HR decision journeys, this paper builds on a qualitative
approach. To gain detailed insights into Al-influenced HR practices across various HR func-
tions, we conduct a case study using a holistic multiple-case design following (Yin, 2017). Each
of the four key HR functions defined by Kaiser and Ringlstetter (2008) (i.e., acquisition, moti-
vation, development, placement) serves as a distinct context in which a separate case study is
carried out. This perspective on skill changes along the decision-making journey of HR profes-
sionals in context of various HR key functions enables us to evaluate how these professionals'
skills are changing and what competencies are required for a successful Al integration into HR
processes.

Data collection follows a purposive sampling strategy that focuses on various HR experts. For
each of the four HR functions, semi-structured interviews will be conducted with professionals
specializing in these areas (i.e. recruiting, training & development, compensation & rewards,
HR business partner). To reach data saturation, we conduct five interviews per function and
case to ensure a representative sample. Currently, the study is in the process of collecting these
interviews. After conducting the interviews, the data analysis follows a grounded theory ap-
proach (Gioia, Corley and Hamilton, 2013), allowing for new insights. The data analysis will
be carried out using MAXQDA.

Expected Contribution

While existing literature primarily focuses on the integration of Al in organizational processes
(Hendriksen, 2023), this study connects Al integration to the implications of skill transfor-
mations in HR.

From a theoretical standpoint, we anticipate that Al will profoundly influence the HR decision-
making process. As a result, HR professionals will be required to take on new responsibilities,
including monitoring and evaluating Al-driven decisions. In addition, they must upgrade their
skill sets to effectively collaborate with Al systems and critically assess Al-generated outcomes.
This paper addresses the limited body of research exploring the intersection of Al and the evolv-
ing competencies required in HR. Specifically, it proposes a conceptual model outlining the key
skills necessary for HR professionals to thrive in Al-augmented environments.

In practice, this study will guide managers in effectively integrating Al into HR functions to
optimize processes, enhance HRM efficiency, and ultimately improve organizational competi-
tiveness through strategic upskilling and reskilling of employees.

Overall, this study significantly contributes to the discussion of Al augmentation in an organi-
zational setting, providing valuable findings on how Al shapes the nature of work.



Comments on expected development
Before the presentation at BAM 2025, we plan to enhance the paper by:

o Continuing data collection to build a robust database for the conference.

e Analyzing the interviews and providing clear insights into the first-, second-, and third-
order findings.

o Expanding the implications by exploring how key HR functions evolve and incorporat-
ing feedback on changing skill requirements within the corporate function of HR.

We are confident that these enhancements to the paper will provide a strong foundation for
presenting and discussing our study at the conference.
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