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POVERTY AND ENTREPRENEURSHIP IN INDIANA:  

WIDENING THE ROAD OUT OF POVERTY 



Executive Summary: 

Several years after the end of the Great Recession many Hoosiers and their families find themselves with 

substantially lower incomes than before the recession.  A decade ago, fewer than one in ten Hoosier families 

were below the poverty line.  The latest poverty figures suggest that the rate is closer to one in six.  Many find 

themselves in poverty for the first time, and others still struggle with unemployment or underemployment.  

The new face of poverty in Indiana calls for new approaches to alleviating poverty.  This study examines the 

evidence on entrepreneurship Indiana, particularly low-income microenterprise ventures, and whether it can 

complement existing social safety nets to promote self-sufficiency.  It reports on several months’ worth of 

field interviews with stakeholders scattered around the state and systematic data collection and analysis of 

county-level poverty trends in the past decade. 

The results emphasize two pathways for entrepreneurship as an antipoverty force: the entrepreneurial poor 

directly bettering their circumstances, and other entrepreneurs creating opportunities that the poor can 

benefit from.  The evidence shows that substantial investment in low-income micro-entrepreneurs has not yet 

occurred, but instead many formidable barriers disproportionately constrain them.  The direct path for the 

enterprising poor is blocked, often diverting them to underground enterprises.   

Costly and Byzantine regulations, licensing, permitting – especially to the poor who lack many resources and 

networks – are very real barriers.  Limited resources and safety net rules that discourage building capacity and 

pursuing legitimate businesses compound matters.  Yet committed Hoosier organizations believe firmly in the 

promise of microbusinesses and struggle to overcome these hurdles and connect the low-income 

entrepreneur to a marketplace.   

The promise of achieving self-sufficiency through microbusinesses remains largely unrealized potential in 

Indiana, yet the second, indirect entrepreneurial pathway remains.  Data were collected for all Indiana 

counties over the past decade or more in order to assess the impact of new economic activity (new 

businesses, commercial innovations), government activity (regulatory reach, size of local government), and 

other factors.  The results show considerable variation between counties and within counties during the 

recent turbulent economic times.  Emergent patterns point to a strong, positive role for entrepreneurship in 

alleviating poverty.  Adding new businesses to a county – especially small- and medium-sized employers – 

tended to be followed by lower poverty rates in the next year.  Lower poverty rates also tended to follow 

more inventions and more building permits issued.  While boosting conventional social safety net 

mechanisms like public assistance and nonprofits led to rising poverty rates the following year, the more 

interesting results were rejections of commonly held suspicions about certain market forces exacerbating 

poverty.  Siting more Wal-Marts or payday loan outlets is shown to have no long-term impact on poverty 

rates in their host counties.  Despite popular sentiment, catering to low-income markets need not adversely 

affect community poverty levels.   

The bottom line of this investigation is that policymakers sincere about tackling income inequality would do 

well to anticipate the unintended consequences of regulatory barriers and how their adverse effects 

disproportionately constrain the poor.  Rather than erecting new barriers, this report suggests that facilitating 

microenterprises and entrepreneurship still holds promise for widening the road out of poverty in Indiana.  



Study design: 

Part 1 of the study reports on nearly a year of fieldwork collecting information from key stakeholders and 

organizational representatives ‘on the ground’ around the state.  The research team at IUPUI includes faculty 

and graduate students from the School of Public and Environmental Affairs (SPEA) and the School of Social 

Work with decades of experience in applied research related to poverty and local economic development.  

Their extensive background research covered many sources and consultations with field experts, community 

leaders, and others.   

Before going into the field, they developed a peer-reviewed interview guide with rigorous implementation 

protocols.  The field researchers sampled widely across the state and across organizational types, formally 

consulting with numerous stakeholders representing city, suburban, and rural communities.  Organizations 

were chosen for their connections with low-income entrepreneurs, micro-lenders, and technical assistance 

providers. Most organizations were nonprofits, but a for-profit consultant and government-sponsored 

program provider also participated.  Eight individuals who directly provide loans or technical assistance to 

low-income entrepreneurs gave lengthy interviews that added more detail and insight to study.  The rich 

information gathered by interviewing stakeholder “on the ground” provides a clear and precise understanding 

of Indiana’s microbusiness climate and low-income entrepreneurs’ access to it 

Part 2 of the study summarizes the results of a detailed statistical analysis of a 10-20 years of data on poverty, 

economic development, and local government activity across Indiana counties.  The data compilation tapped 

dozens of federal, state, and nonprofit databases to assemble hundreds of variables to track and analyze.  This 

yielded a panel dataset consisting of detailed observations for all 92 counties over a dozen years.   

The analysis in Part 2 relies on an econometric model designed to identify causal relationships that drive the 

changes in poverty rates in Indiana counties over the past decade.  The statistical approach accounts for many 

crucial and potentially confounding factors like national and statewide-trends outside of the control of local 

communities, year-to-year persistence in county poverty rates, and possible unobserved characteristics of 

counties unrelated to economic and regulatory 

trends.  The focus is thus on trends in poverty 

within and across Indiana counties.  This is 

especially important given the dynamics of the 

Great Recession and markedly different experiences 

around the state.  (See graphic at left.) 

The results offer robust estimates of the impacts of 

factors (e.g., revenues for nonprofits, the number 

of small businesses formed) affect poverty rates in 

subsequent years.  This helps identify the leading 

indicators for poverty alleviation at the county level 

– built around Indiana’s experiences over the past 

decade.  Alternative model specifications test for 

sensitivity to variable selection, include alternative 

measures of income.  A lengthy technical Appendix 

offers additional details about the statistical analysis. 
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Highlights of the findings: 
The fieldwork, interviews, and environmental data consistently raised several important themes on the 

challenges on moving to self-sufficiency: 

 Unintended consequences of policies and regulation.  Means-tested safety net programs can act 

as a deterrent.  Accumulating assets, additional income streams, and other entrepreneurial activities 

can put other support at risk.  Regulation – licensing, permitting – disproportionately affects low-

income entrepreneurs.  Some regulations appear intended to curtail entrepreneurship by the poor 

(e.g. busking bans, licensing for hairdressers), while other regulations accomplish the same 

inadvertently (e.g., permitting for food vendors, licensing for daycares).  Regulatory complexity and 

compliance costs can serve as indirect barriers to entry, keeping aspiring low-income entrepreneurs 

“out of the club.” 

 Limited resources still a fundamental challenge.  Resource scarcities affect both the aspiring low-

income entrepreneurs and the support organizations. 

 Poor coordination across support organizations.  Issues of turf and suboptimized coordination 

persist. 

 Barriers divert microbusinesses to operate in the shadows, in underground economies.  

Significant numbers of microbusinesses operate underground.  Many low-income entrepreneurs 

scared off from costs, oversight of legitimized business. 

 Microenterprise is an underdeveloped avenue for addressing poverty in Indiana.  

“Entrepreneurship can be a great equalizer.” 

 
The quantitative analysis of county-level poverty rate trends in Indiana identifies several important drivers of 
poverty alleviation:  

 More economic activity in the form of a growing number of businesses (especially smaller and 

medium-sized businesses in recent years) and more patenting also consistently drives lower poverty 

rates.   

 Controversial businesses often linked to localized poverty (e.g., Wal-Mart, unsecured consumer 

lenders) show no adverse impact on poverty rates and might even help.   

 A better-funded nonprofit sector does not appear to alleviate poverty in its county.  The same can be 

said for increased local government employment, although additional spending on welfare programs 

in a county is associated with increases in its future poverty rates.   

 Regulatory stringency in the form of fewer housing permits issued consistently leads to higher 

poverty rates. 

 Similar relationships hold for drivers of county-level median income, especially for innovation, 

indicating important interdependence between the middle and lower end of the income distribution. 

 
Overall, the results point to the potential for using economic engines and entrepreneurial activity to widen the 

pathways out of poverty and toward self-sufficiency.  Both qualitative and quantitative evidence support the 

positive roles for new business formation and innovation in improving conditions for low-income Hoosiers.  

This suggests that fostering more innovation, regulatory relief for low-income micro-entrepreneurs, and 

removing barriers for the development of small enterprises can be potent antipoverty tools. 

  



POVERTY AND ENTREPRENEURSHIP IN INDIANA:  

WIDENING THE ROAD OUT OF POVERTY 

Background1 
 

Improving the prosperity and quality of lives of Hoosiers presents a major, multidimensional challenge.  Just 

as there are many aspects to the challenge, there are alternative – and often opposing – approaches to meeting 

the challenge.  This study seeks to inform a fairly narrow portion of this field of debate.  Specifically, it is 

primarily concerned with improving the well-being of the less economically fortunate members of Indiana 

communities.  While the total income and average income of Indiana residents is of interest in its own right 

and clearly informs many discussions, this study focuses on the “left tail” of the income distribution: those 

who live in poverty.  Improving the conditions of those who live in poverty – moving people out of poverty 

– is an increasingly salient public policy challenge, especially in light of growing concerns over income 

inequality in the United States.   

At the risk of great oversimplification, one of the more dominant approaches to addressing the plight of the 

poor in the United States is through more public support.  This typically entails more government 

intervention in markets and directly providing assistance and subsidies to poor individuals (i.e., “means 

tested”).  Quite often the default in policy discourse casts the government as the agent primarily tasked with 

providing the “social safety net” (as market or community institutions fail) and shortcomings here mean more 

public investment or policy reform.   

Of course, alternative approaches currently coexist and operate interdependently.  Market events (e.g., the 

Great Recession) can constrain the public resources available with which to provide the safety nets (Seefeldt 

& Graham, 2013).  And community organizations are often employed by governments, explicitly or tacitly, to 

provide social services to the poor, and those organizations themselves often rely on government funding and 

tax breaks.  The markets also depend on public infrastructure, broadly speaking, to create the economic value 

that gets distributed (evenly or not) in the first place.  While these elements all complexly interweave, the 

public discourse often reduces the discussion to rather narrowly constructed narratives around one approach 

exclusively.  (And often that approach is advocated explicitly in contrast to other approaches.)  This study 

seeks not to resolve these debates or find support for one approach over another.  Rather, it intends to shed 

light on the roles of different forces and factors in promoting poverty alleviation.   

Particular attention is paid here to the role of the private sector – and entrepreneurship – in alleviating 

poverty, in large part because the efficacy of public-sector interventions is very well-rehearsed elsewhere (e.g., 

Seefeldt & Graham, 2013).  Rather than proffer yet another analysis of public assistance programs, this study 

remains largely silent on their impacts, their merits, or ways to improve them.  Those discussions are left to 

others in the literature.  The contribution of this study is to bring new evidence on the role of the private 

sector in promoting prosperity for the poorer segments of society.  The emphasis on entrepreneurship and the 

vibrancy of the private sector can nicely complement other studies that emphasize the role of the public sector or other more 

communitarian efforts. 

                                                           
1 The author would like to gratefully acknowledge the generous research support from the Charles Koch Foundation for 
this study of poverty alleviation in Indiana.  Thanks also go to the research team of Catherine Jackson, et al.  All views 
and errors expressed in this report are solely the author’s. 



The New Face of Poverty in Indiana 
Officially, the Great Recession ended in 2009, yet in Indiana poverty rates remain at high levels and include 

many families and individuals with little to no previous experience with poverty. Indiana’s poverty rate is still 

half again greater than it was 25 years ago.  While there may be improvement in conditions over time, it is 

likely that we are seeing a new face of poverty and must search for different solutions to impact change.  A 

decade ago, less than one in ten Hoosier families were below the poverty line.  The latest poverty numbers 

suggest that the rate is closer to one in six.   

Several years after the end of the recession, while unemployment in Indiana has dropped, many Hoosiers and 

their families find themselves with substantially lower incomes than before the recession. Some find 

themselves in poverty for the first time. Many previously held manufacturing jobs that provided middle-class 

wages but now find themselves with skills no longer in demand and diminished employment prospects. 

Others may be working but have suffered wage cuts or a reduction in hours. 

While Indiana’s unemployment rate has fallen to 5.7 percent in 2014 from a high of 10.4 percent in 2009, its 

total labor force (3,245,934) is still below the level in 2008 (3,248,553).  According to the U.S. Census Bureau, 

in 2002 8.7 percent of Indiana’s population was below poverty, while in 2012 it was 15.7 percent. The percent 

of children under 18 in poverty rose from 11.9 percent in 2002 to 22.1 percent in 2012.  Even more 

disturbing is the poverty rate for children under 18 in Indianapolis (the largest city in Indiana): a third of all 

children (32.3 percent) were below the poverty line in 2012. Seven counties in Indiana still face poverty rates 

greater than one in five.   

As more Hoosiers fall into poverty, their reliance on public programs for things such as assistance in 

purchasing necessities like food continues to rise. The increasing dependence on public programs can be 

witnessed in the participation in the government-sponsored Supplemental Nutrition Assistance Program 

(SNAP) (previously known as food stamps). Eligibility in SNAP is available to individuals who have assets 

valuing less than $2,000 per household and whose household income is less than 130 percent of the poverty 

level. The number of Hoosiers reliant on SNAP benefits has grown significantly since the beginning of the 

Great Recession. From 2008 to 2013, the number of Hoosiers participating in SNAP increased 43 percent. 

One possible way out of poverty is entrepreneurship. Many studies have found a global relationship between 

economic growth rates and the level of entrepreneurship. Other studies (both national and international) have 

shown that states with high rates of entrepreneurship are more likely to have lower poverty rates.  The 

connection is a promising one for a state looking for new responses to the challenges of the new face of 

poverty in Indiana. 

Dual pathways 
After acknowledging the important role played by government “social safety net” programs, this report turns 

its attention to the possibility of entrepreneurial and market forces positively impacting poor Hoosiers.  The 

approach taken here is largely agnostic about the merits or effectiveness of conventional safety net policies.  

Instead, the research project results from an effort to empirically assess the role of entrepreneurship and 

microenterprise in alleviating the new face of poverty.  Safety net policies do receive attention here insofar as 

they interact with these efforts to advance self-sufficiency for low-income families – something that our 

qualitative and quantitative data suggested was indeed taking place.  The analysis here takes the existing public 

antipoverty policies as the starting point while considering the possibility of leveraging entrepreneurship as a 

complementary force against poverty. 



Another dual pathway toward poverty alleviation can be found in entrepreneurship itself.  Most directly, 

individuals facing poverty can undertake new ventures – small-scale startups – to achieve self-sufficiency and 

build wealth.  These microenterprises hold some promise for the poor to advance their own causes and earn 

their way out of the safety net.  Indeed, many low-income individuals actively undertake entrepreneurial 

pursuit.  That this activity often occurs in underground or shadow economies points to important roles for 

public policies in fostering or hindering (often unintentionally) microenterprises.  The direct pathway for low-

income entrepreneurs to lift themselves from poverty has at least a romantic appeal.  This research project set 

out to assess its empirical reality in Indiana. 

The second entrepreneurial pathway is the indirect one.  Rather than entrepreneurial poor pulling themselves 

out of poverty, this indirect pathway sees creative enterprises and new business ventures as contributing to 

regional economic development.  Adding jobs and wealth can increase the demand for goods and services 

that can ultimately be provided by the poor.  Further, entrepreneurs can innovate new goods and services that 

improve the well-being of poorer consumers.  In this dual path to alleviating poverty, it is the broader 

community that creates the opportunities that the poor, among others, can take advantage of to move 

towards self-sufficiency.  The entrepreneurs provide jobs for the poor and unemployed rather than the poor 

becoming their own boss and possibly hiring others to help.  For no other reason than employees outnumber 

management, this indirect pathway may in fact be far wider and more effective than the direct entrepreneurial 

route.  Evidence of this indirect pathway is more elusive, but the second part of this research project 

assembles a variety of data to assess its success. 

The Roadmap for the Report 
This study has two major parts.  Part 1 presents findings from extensive fieldwork to better understand the 

nexus between poverty alleviation and entrepreneurship around Indiana.  After outlining the research 

methods used, the qualitative results of interviews and focus groups performed in many locales over the 

course of 2014 are described and insights from that rich qualitative data are drawn.  Part 2 presents a 

statistical analysis of a large dataset to describe the distribution of poverty around the state over the past 

decade or more.  This quantitative analysis identifies which factors drive poverty alleviation around the state, 

especially in a post-Great Recession “recovery.” The conclusion links the qualitative data to the quantitative 

data and offers some new insights for policymakers interested in poverty alleviation around the state. 

The qualitative empirical analysis in Part 1 proceeds in three steps. It first provides a detailed description of 

the microenterprise support system in Indiana.  Then, using the findings from the literature and program 

reviews, the field research methodology is described.  The interviewees from a diverse set of organizations 

and geographic locations around the state informed the assessment of the barriers and successes in 

microbusiness development for low-income Hoosiers.  Third, the various challenges and barriers identified in 

the field research are summarized. 

The quantitative empirical analysis in Part 2 also proceeds in three steps.  First, the distribution of poverty 

and related indicators – and their trends over the past decade – across Indiana’s 92 counties is described.  

Second, a simple statistical model is estimated to identify the factors that jointly explain those trends in 

poverty rates in counties around the state.  These results suggest a strong connection between faster poverty 

alleviation and the presence of entrepreneurial activity and fewer regulatory barriers.  Third, a more complex 

econometric model is estimated in order to identify the causal drivers of changes in poverty rates across 

Indiana counties over each of the past 10 years.  Results across a series of models consistently show positive 

effects of business formation on poverty alleviation.    



Part 1: The Road to Micro-Entrepreneurship in Indiana 
 

Introduction 
Traditionally, policy makers and scholars have attributed wage-earning jobs, education, and job training as key 

factors for moving poor individuals into the middle class (Schreiner & Woller, 2003).  In theory, the poor 

could utilize welfare as a viable safety net while pursuing pathways that produce social mobility. In the 1980s, 

critiques to the viability of welfare programs were substantiated when policymakers recognized traditional 

welfare programs discouraged full participation in the economic mainstream and ultimately precluded the 

poor from mobilizing upward (Sherranden, Sanders, & Sherraden, 2004). Since then, popular contention 

fueled a shift in policymaking from supporting traditional welfare programs to welfare-to-work initiatives, and 

the poverty alleviation debate shifted its focus from safety net provision to identifying strategies for helping 

the poor become self-sufficient. Building models around self-sufficiency led U.S. policymakers and scholars 

to support microbusiness as a distinct pathway for moving the poor out of poverty (L. Servon, 2007; 

Sherranden et al., 2004).  

Despite continued optimism, however, many scholars contend that after 20 years of implementation, 

government-funded microbusiness programs in the U.S. have caused minimal impacts on moving the poor 

into the middle class (Acs & Kallas, 2007; Bhatt & Tang, 2001; Servon, 2006). Some scholars claim self-

employment is not a viable pathway out of poverty for a majority of impoverished individuals, yet it may be 

used as a form of secondary income for families that struggle with consistent and reliable income (Cooney & 

Shanks, 2010).  

Since the inception of statewide initiatives (detailed below in section I.b), an assessment regarding the 

effectiveness of the statewide aim is warranted. The following report provides a broad overview of the 

perspectives shared by stakeholders who are agents in the pipeline for microbusiness development in Indiana. 

Taken together, they provide us with keen insight into the current situations and problems faced by existing 

and aspiring low-income entrepreneurs.  

We begin by providing an overview of the methodology and the fieldwork strategies used to gather data. 

Next, we review the literature on microbusiness development policy and the major programs and 

infrastructure for microbusiness in Indiana.  Set against this frame, we identify general principles shared by 

various stakeholders on their role as resource stewards and their divergent views on the readiness of the low-

income person to pursue entrepreneurship. Following this assessment, we identify overarching themes that 

shed light on the barriers that work against improving microbusiness outcomes. This includes a brief 

examination of the current state of affairs regarding existing efforts and possible avenues for reform.  

I.a Methodology 
In preparation for conducting fieldwork on microbusinesses in Indiana, we implemented an appraisal of 

policy briefings, periodicals, television programming, and academic journals. From the preceding sources, we 

were able to develop a conceptual framework that incorporated theory and principles from existing 

microbusiness models from various states.  All information was utilized to undergird our inductive approach.2 

                                                           
2 For example, social policy experts Margaret S. Sherraden, Cynthia K. Sanders and Michael Sherraden (2004) describe in 
depth the attempts of the federal government to support microenterprise in low-income households. Theories that 



In order to gain additional context, team members attended community meetings and academic lectures and 

consulted with subject matter experts, community advocates, policy experts, and legislative staffers in the 

state and around the country. Simultaneous with the appraisal, they identified and analyzed economic, 

demographic, labor, and other related indicators that ranged in scope from county level data to global level 

data. Special emphasis was placed on developing an approach that would round out any tangential 

associations and directly compare as much as possible how the government is affecting low-income 

entrepreneurs and microbusiness at the county level in Indiana.  

After an extensive appraisal of both environmental and hard data, the team developed an operational 

definition and working theory in line with the scope of the project, and prepared an extensive interview guide 

for stakeholders who in various fashions either provided funding, technical assistance and coaching, or 

motivational support to current or aspiring entrepreneurs who were low-income. Several rounds of revisions 

were implemented which culminated in the initial draft the interview guide. Content validity of the guide was 

provided by a qualitative research faculty member at the Indiana University School of Social Work. Next, the 

initial draft of the interview guide was piloted by subject matter expert with experience interviewing in 

Indianapolis, Indiana. Special attention to ensure the sensitivity and anonymity of study participants without 

compromising the aim of study, and the alleviation of inherent bias in the question prompts, were addressed 

during the pilot. Finally, the research team implemented additional revisions to the guide. On balance, during 

the formulation stage the team sought expertise and implemented rigid research protocols to ensure that the 

study maintained a high-level of rigor and trustworthiness. 

Fieldwork 
Fieldwork was comprised of various activities.3 First, team members developed a list of statewide contacts 

who would potentially serve as key informants or study participants. Phone calls and email solicitations were 

then made. Next, team members sent mass emails to community organizations and community organizations 

soliciting participation in the study. Finally, team members attended various community meetings and made 

formal pitches about the study to attendees. During the initial stages of fieldwork the team grew sensitive to 

the complex and heavily-integrated nature of mediating the needs of low-income Hoosiers.  Hence, a decision 

was made to also dialogue with organizations that offer social services to the poor, supported by our tentative 

hypothesis that potentially some overlap may exist between social service support offered by these 

organizations and linkages to microbusiness programs.4  

Our aggressive solicitation effort produced mixed results. With respect to community agencies, we received 

tepid responses. Organizations in Marion County, Hamilton County, and Allen County were responsive to 

our solicitation. We received fewer responses from rural counties around the state. However, we received 

better study participation from organizations that participate directly with microbusinesses (although many 

organizations that we reached out to around the state did not respond).  

                                                                                                                                                                                           
informed work in the study included: Human Capital, Compensating Differential Theory, Disadvantaged Worker 
Theory, Resource Theory, Social Network Theory, Diversification Theory, and Asset Theory.  
3 Case studies tend to have smaller sample sizes (Padgett, 2008, p. 56). In order to gain an accurate understanding, we 
wanted to engage in more intense and deep data collection procedures. As a result, we decided to utilize various 
approaches including unconventional approaches such as implementing cold calls to community agencies and driving 
around various communities to identify entrepreneurs.    
4 We contacted churches, legal aid organizations, civic organization, grassroots entrepreneurship clubs, and workforce 
organizations, as well as other social service connectors.  



Overall, we formally consulted with approximately 10 organizational stakeholders representing city, suburb, 

and rural communities around the State. With respect to microbusiness development, we interviewed 8 

individuals that provide loans, technical assistance, or coaching to low-income entrepreneurs. Interview 

duration ranged between 1.5 to 2 hours. Interviews were conducted in office locations, via phone, and at a 

residence in one instance.  

Our data consisted of field notes and taped interviews that were recorded firsthand. The field notes contained 

extensive near-verbatim quotations and summary notes of what we saw and heard. In addition, we 

encapsulated themes that revealed the process for providing resources to low-income, aspiring entrepreneurs. 

In addition to the field notes, we collected copies of various program reports, brochures, and other artifacts 

to bolster our analysis. Several program participants submitted subsequent information regarding their 

programs after their interview. Study participants reviewed, and signed informed consent forms and assurance 

of their anonymity was confirmed on the tape and in writing. All recordings were encrypted, and stored on a 

secured server that is housed and maintained at Indiana University.  

Study Participants 
We interviewed microbusiness stakeholders within urban, rural, and suburban counties. Organizations were 

chosen based upon their connections with low-income entrepreneurs, micro-lenders, and technical assistance 

providers. A majority of the organizations are nonprofit 501c3 classified; however, we were able to interview 

both a for-profit consultant and government-sponsored program provider. Our hope is to use the 

information gathered from these interviews to provide a clear and precise understanding of Indiana’s 

microbusiness industry and low-income entrepreneurs’ access to it. Please see the Appendix for more 

thorough descriptions of the interviewed organizations and programs.   

Interviewees had various backgrounds. All of the interviewees were college educated. The majority had 

education beyond the bachelor’s degree. Their approximate ages ranged from 27 – 60 (skewing towards 

middle to upper ages). In addition, the majority of participants either had formal training in business or 

finance, or formal experience working in the business sector, holding various leadership positions in 

management. Only two people actually had previous experience as an entrepreneur. Various members 

expressed having experiences in their family or community that inspired their interest in small business 

development. The team established that all the interviewees were supportive and passionate about working 

with entrepreneurs, and they viewed themselves and their roles as providing critical support towards the 

development of a thriving microbusiness sector in the state.  

I.b  Microbusiness Development (U.S. & Indiana) 

Overview 
Microbusinesses (i.e. microenterprises, small businesses) are defined as sole proprietorships, partnerships, or 

family businesses with fewer than five employees, and are predominantly within the construction, retail, and 

health care service industries (Sherranden et al., 2004; CFED, 2013). The term microbusiness includes 

startup, home based, and self-employed businesses (IACED, 2011). Individuals are motivated into self-

employment through a variety of reasons, the most characteristic being personal growth opportunities and 

education, financial stability, and independence from a typical work environment (Renko, Galen, & Bullough, 

2012). Research has indicated nascent entrepreneurs are likely to spend more time and energy on their 

microbusiness if their initial motivation is generated by a need for personal or educational growth, rather than 

a financial focus (Renko et al., 2012).  



In the book Kitchen Capitalism, Sherraden et al. discuss the values that draw low-income individuals to 

entrepreneurship, even though these values may not necessarily indicate a financial escape from poverty. 

These values range from personal growth and learning to autonomy and control to various other personal 

benefits within an individual’s family (Sherraden et al., 2010). From their interviews and focus groups, 

Sherraden et al. found many of the micro-entrepreneurs either were barely breaking even in their profits or 

simply closed their businesses. However, the response from participants in the study showed continued 

enthusiasm for entrepreneurship and owning one’s business; some participants saw their failed business as a 

learning experience, whereas others found themselves more confident in a traditional workplace, having 

gained new knowledge (Sherraden et al., 2010). Because of these findings, Sherraden et al. (2010) suggests 

looking at entrepreneurship and job creation from a “human and household development perspective,” rather 

than simply an economic pursuit 

The nascent entrepreneur, hailing from chronic poverty, typically lacks financial savings, access to credit, 

human capital, and social networks that are necessary for starting and sustaining a small business. These 

deficiencies could foretell the success of an entrepreneur, given that formal business plans and self-efficacy 

are contributors to prosperous microbusinesses (Hechavarria, Renko, & Matthews, 2012).  

According to the Association for Enterprise Opportunity (2013), there are approximately 25.5 million 

microbusinesses within the United States and they employ 31 million individuals—effectively generating an 

average of 1.9 jobs for workers in addition to the owner (Gomez & Thetford, 2014). However, more than 13 

million microbusiness employers are financially vulnerable, and garner an income below the national median 

of $50,000 per year or have difficulty accessing business capital (CFED, 2013). 

The US microbusiness industry disbursed 36,936 micro-loans in 2012 at a total of $292,149,870 (Field at the 

Aspen Institute, 2012). Sixty-five percent of microbusiness entrepreneurs were people of color or members 

of traditional disadvantaged racial or ethnic groups, and fifty-one percent had been already operating a 

business for more than a year (Field at the Aspen Institute, 2012). Program funding predominantly came 

from private or federal funders.  

Perspectives on the impact of microbusiness programs are mixed. According to the Aspen Institute, 

microbusiness lending and training programs in the United States skyrocketed from 84 programs in 1992 to 

554 programs in 2002 (an average annual growth of 56 percent (Walker & Blair, 2002). Among these positive 

findings, a national longitudinal study showed that in 1999, out of 405 micro-entrepreneurs who received 

micro-loans, 72 percent experienced income gains and more than half moved out of poverty in five years 

(Bhatt & Tang, 2001). In 2012, the Aspen Institute estimates that approximately $509,742,648 in capital was 

available for micro-lending. 

Additional studies suggest borrowers who receive micro-loans experienced increases in income and high loan 

repayment rates (Bhatt & Tang, 2001). In contrast, several studies identified various shortcomings of micro-

lending programs that include limited outreach, high administrative costs, and underutilized loans and 

services (Bhatt & Tang, 2001; Cooney & Shanks, 2010). For example, Bhatt and Tang (2001) indicated that 

on average a program made seven loans per year, with an average of about 50 percent idle capital. In spite of 

mixed reviews, scholars support the assumption that the US has more transparency and capacity to 

implement microbusiness programs than developing-world governments (Schreiner & Woller, 2003).  



 

Governmental Role in Supporting Entrepreneurship 
Federal, state, and local governments have attempted to resolve structural and economic barriers by 

establishing (and funding) programs that provide financial assistance, technical assistance, business 

development training, soft skill training, mentoring and coaching to low-income program participants 

(Cooney & Shanks, 2010). In essence, the government’s role has primarily focused on funding-targeted 

programs that would reduce barriers to entry and enable access to markets for low-income micro-

entrepreneurs.  

Indiana entrepreneurs and small business owners have two pathways through which they may directly receive 

micro-loans, mentoring or coaching, or business education courses. One funding pathway originates from 

within the federal government. In 2009, the Obama administration passed the American Recovery and 

Reinvestment Act (ARRA); an economic stimulus designed to create jobs, invest in small business creation, 

and provide relief to individuals and families hurt by the recent recession. Within ARRA, funding was 

allocated to the Business Loans Program Account, which gave the Small Business Administration (SBA) the 

authority to provide funding throughout Indiana for small business loans. In turn, the SBA provides micro-

loans and business development to both its specialized programs (e.g. SBA district offices) and to external 

organizations with similar missions (e.g. SCORE, Small Business Development Center, and Women’s 

Business Center).  The second funding pathway follows state funding.  In contrast to funds stemming from 

federal agencies, state-funded organizations and programs tend to support low-income and underserved 

populations.  

History of Entrepreneurial Funding  
The Personal Responsibility and Work Opportunity Act (PRWOA) of 1996 changed the US welfare system 

and its methods for aiding individuals and families in poverty (Worts, Sacker & McDonough, 2010). The 

Clinton administration used PRWOA to shift focus from the traditional redistribution roles of the welfare 

state to a system that would encourage individual responsibility and self-sufficiency. While the overarching 

goal was to decrease government dependence and poverty persistence, PRWOA and its critics highlight the 

debate over the role of the welfare state and the tradeoffs in providing support and incentives for self-

sufficiency.   

The federal Small Business Jobs Act of 2010 provided funding and developmental support for small 

businesses to spur economic recovery following the Great Recession.  It emphasis on entrepreneurship 

followed the broader ARRA. The Small Business Jobs Act allowed increased federal funding to state 

programs, additional tax cuts for small business owners, and added accountability for loan fraud or abuse. 

The Indiana district of the Small Business Administration (SBA) established a micro-lender pilot program in 

Central Indiana to distribute low-interest loans ranging (up to $35,000) to prospective and established small 

businesses (Schneider, 2010).  

The State of Indiana also recently acted to develop a statewide infrastructure to support a robust 

microbusiness sector. Indiana stakeholders, however, also sought to helping low-income Hoosiers use 

microbusiness as a mechanism to achieve self-sufficiency.5 In 2011, Indiana’s General Assembly passed the 

                                                           
5 Indiana stakeholders testified that microenterprise was important because of the economic boost it provided the 
business owner. In testimony to the Indiana House of Representatives, stakeholders referenced a report by the 
Enterprise Opportunity (AEO) that claimed that low-income microbusiness owners experience major improvements in 



Microenterprise Partnership Program (and Fund), designating program oversight to the Indiana Housing and 

Community Development Authority (IHCDA).  Prevailing consensus shared by statewide stakeholders was 

that, pragmatically, IHCDA’s extensive ties to community-based and social service organizations could be 

leveraged.  Its primary program was the Business Expansion and Entrepreneurship Development (BEED) 

initiative. The mission of BEED is to support underserved entrepreneurs in starting, stabilizing, and 

expanding businesses.  The program provides financial and business development counseling, and offers 

micro-loans ranging from $10,000 for startups to $25,000 for expanding businesses.  

IHCDA partners with various community action organizations throughout Indiana to help distribute its 

services and loans. In addition, BEED works in union with Individual Development Accounts (IDAs), which 

are also under the control of IHCDA and act as matched savings accounts.  The organization administering 

the IDA typically matches the initial investment two to four times (Corporation for Enterprise Development, 

2007). The accrued amount from the IDA can be used for the client to start a new business, buy a new home, 

or receive higher education (IN.gov, 2014). In 2007, HEA 1075 increased the maximum matchable 

participant savings, and authorized IHCDA to open up to 1,000 new accounts annually (Corporation for 

Enterprise Development, 2007).  In 2013, however, the Indiana legislature voted in favor of HEA 1001, 

which decreased Indiana’s total IDA funding by half—$1,000,000 to $500,000. The Indiana Institute for 

Working Families (2013) was one of many anti-poverty organizations against the budget cut, and called 

Indiana’s IDA program “successful” despite its loss in funding.  

Establishing entrepreneurship pathways for the poor in the United States remains an arena for improvement. 

The scholarship on the matter begs the question: how can federal, state, and local policy allow entrepreneurs 

to pull themselves out of poverty through microbusiness? 

 

                                                                                                                                                                                           
their living situations with the help of microenterprise programs. After five years of operating their businesses, low-
income families increased their household assets by $15,909, 53 percent moved above the poverty line, and 61 percent 
decreased reliance on public assistance.  



 

Figure 1: Federal and State Microbusiness Funding Pathways 

 



Governmental Barriers 
Research suggests that federal, state, and local governments both contribute to and must deal with several 

challenges that stymie the effectiveness of microbusiness development programs (VanSandt & Sud, 2012; 

Cooney & Shanks, 2010; Worts et al., 2010). These challenges largely comprise the following issues: 

fragmentation, insufficient data, risk tolerance, barriers to market entry, and inconsistent and unreliable 

funding streams. With respect to fragmentation, microbusiness development organizations (MDOs) either 

provide loans, support programs, or a combination, and they largely lack the capacity to meet all that they set 

out to do (Early-Aden, 2012). The complexity of various programs has resulted in higher costs. In addition, 

fragmentation has made partnerships among organizations difficult to establish and enhance the quality of 

services to meet the unique needs of microbusinesses (VanSandt & Sud, 2012). Furthermore, the lack of 

benchmark and performance data frustrates the ability to identify best practices that foster innovation. Thus, 

programs are quick to rely on anecdotes for developing or managing programs (Worts et al., 2010). 

Microenterprises face inherent risk, more than the entrepreneurs themselves or those supporting the 

programs may be willing to accept.  The nature of capital-intensive and heavily regulated US markets may also 

limit microenterprise effectiveness.  Finally, MDOs are heavily dependent on subsidies from government and 

philanthropic institutions. Only three states (Nebraska, North Carolina, and Colorado) have established 

appropriations from their general funds for MDOs. Federal, state, and local governments have been scaling 

back funding for MDOs during the recent recession years.  

Prominent barriers to wealth creation and entrepreneurial activity by the poor come in the form of active 

regulatory barriers.  These barriers frequently take the general form of classic barriers to entry.  Individuals in 

poverty struggle to legally start and operate new business endeavors.  Whether it is licensing or permits, or 

other regulatory hurdles that greatly favor incumbent or larger firms, there are numerous impediments to 

entrepreneurship in the lower echelons of the income distribution (Taub, 2004; Sherraden et al., 2004).  This 

less glamorous side of entrepreneurship and innovation may hold the key to substantially widening the 

pathway out of poverty.  However, initial indications suggest that many viable avenues for new business 

ventures, apt for lower income markets, are blocked off or encumbered by government regulations.  These 

barriers involve licensing and permits for new businesses (i.e., the right to operate) and for support for those 

businesses (e.g., access to credit, human capital).  Some regulations are intended to curtail entrepreneurship by 

the poor (e.g., busking bans, licensing for hairdressers), while other regulations merely accomplish the same 

inadvertently (e.g., permitting for food trucks, licensing for daycares).  Government programs that inhibit 

entrepreneurial wealth creation may also adversely affect the poor who are employed by or otherwise 

indirectly benefiting from the entrepreneurial activity.  (Part 2 of this report discusses this possibility in more 

detail.) 

Microbusiness Trends in Indiana 
Indiana ranks 31st in creating jobs through self-employment, receiving a ‘C’ grade, according to the 

Corporation of Enterprise Development’s Assets and Opportunities Scorecard (2014a).  This grade is based upon a 

wide range of data points, including poverty rate variables, microbusiness and small business ownership 

variables, homeownership variables, uninsured population variables, and educational proficiency rates. One of 

the most notable weaknesses of Indiana’s initiatives in creating jobs through self-employment is the state does 

not use federal Community Development Block Grant (CDBG) funding or federal TANF/WIA funding to 

support entrepreneurs and microbusiness development (Corporation for Enterprise Development, 2014b). 

These weaknesses are included in policy evaluation and effectiveness because low-income entrepreneurs 

typically do not have income set aside for basic necessities.  All of their income, personal or business, is 

combined for survival (Gartner, Frid & Alexander, 2010).  According to the CFED’s Scorecard, the only 



weakness of Indiana’s IDA policies was there was not an annual investment per low-income resident of $200 

or more.  

A case study of microfinance and small business incubation in Fort Wayne, IN reveals several conditions 

reflective of the state as a whole (Early-Aden, 2012).  Micro-lending programs beneficial to low-income 

entrepreneurs who have little or no credit are very scarce.  In Fort Wayne, approximately 99 percent of small 

businesses lack micro-lending opportunities. Additionally, only two community agencies that target their 

support to low-income entrepreneurs. Early-Aden (2012) identifies the lack of vision from local government, 

limited credit, unwillingness of public-private investors, and cumbersome state and regulatory red tape as 

causes of the problem. A major theme in Fort Wayne and found throughout this research is a lack of 

coordination between community stakeholders, local and state government, and entrepreneurs themselves 

(VanSandt & Sud, 2012; Early-Aden, 2012; Gartner et al., 2010; Sherraden et al., 2004). 

After identifying these insights from the literature, the next step in researching barriers to low-income 

entrepreneurs is to compare them to qualitative feedback we receive from microbusiness shareholders within 

Indiana. This analysis is informed by lengthy interviews with informants who range from micro-lenders to 

technical assistance providers to business advisors. By conducting qualitative interviews, we can effectively 

assess whether low-income Hoosiers have access to microbusiness resources and have the ability to become 

successful entrepreneurs.  

I.c Profiles 

Micro-Entrepreneur Profile 
A typical entrepreneur was identified by comparing qualitative data collected during each MDO interview. 

Typically, clients ranged from 30 to 50-years-old.  African Americans and women were in the majority of 

entrepreneurs served by MDOs. Notably, all MDOs had very few Hispanic clients or simply none at all. A 

majority of entrepreneurs did not have an educational background higher than a high school diploma, but a 

close minority had some level of college degree.  Many interviewees noted a client’s educational background 

does not necessarily have a bearing on his entrepreneurial success. This observation was the same for 

entrepreneurs with or without business acumen. Many interviewees affirmed that an entrepreneur’s self-

assurance or determination for his business was much more of a hallmark for success.  

Depending on the organization interviewed, entrepreneurs with varying types of socio-economic 

backgrounds were served. A majority of the MDOs emphatically stated they would never turn an individual 

away without some form of help.  These same interviewees, however, indicated that a client who could not 

afford introductory courses or business seminars would not be successful in their entrepreneurial endeavors. 

From these observations, it is assumed a majority of these MDOs do not cater specifically to low-income 

entrepreneurs, but rather clients who have access to capital or credit.  

All of the interviewed organizations had a client base of more than half of nascent entrepreneurs—individuals 

who have never owned a business. Interviewees noted many of their clients are just coming out of the 

corporate or service world and want to become their own boss. Current business owners look to these 

organizations for help in creating growth or generating new business after a period of stagnation. Human 

Services cautioned that this is sometimes difficult (“Business owners are reactionary…we get them out of their heads and 

out of the day-to-day plan.”). Many clients are referred to these organizations either through banks or other 

community organizations. 



The interviewees listed a variety of business types clients hope to open.  Some examples are included in 

Figure 2, below.  The most frequent business ventures involve restaurants or food trucks.  These ventures, 

however, are also considered the most risky. SCORE gives the following example: “The thing to get a loan on is 

restaurants. The failure rate is high for restaurants…  We had a food truck guy who went to eight banks for loans and seven of 

them denied him loans. The eighth one gave him one.”  A few interviewees noted one of the biggest issues for 

restaurant owners is the high cost of food preparation and kitchen space.6  

Interviewees also spoke of the large predominance of “lifestyle businesses.” These business types range from 

hair salons to little grocers. In many instances, these types of businesses begin as gray market or 

“underground” ventures in which the individual is working out of his home or selling at a farmers market. 

Interviewees explain that clients begin making enough money or wanting to rent a space for their products, 

and come to them for help in becoming legally-recognized as a business. However, many clients are turned 

off by the commitment of money and time to become legitimate.  

 

Figure 2: Microbusiness Examples from Qualitative Interviews 

 

Microbusiness Stewards Profile 
In order to successfully manage a microbusiness loan program or training program, it became clear that all of 

the interviewees—whether working in a highly organized setting or at the grassroots level—shared common 

perspectives regarding overall guiding principles to support the success of entrepreneurs. The guiding 

principles are as follows: 

 Strive continuously to build contacts and leverage resources. Because of scarcity and limited 
capacity, organizations cannot provide all of the training and funding resources to assist both low- and 
middle-income entrepreneurs. As a result, interviewees saw themselves as continuously looking for ways 
to leverage their connections or referring their clients to outside organizations for additional support.  

 Believe individuals who desire to become entrepreneurs should be encouraged and not turned 
away.    

                                                           
6 SCORE spoke of the potential for a commercial kitchen in which food preparation costs would be severely reduced 
for the entrepreneur. This centralized solution would cut costs for a large number of microbusiness owners in the 
restaurant field. 
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 Be honest with clients in developing their business goals. The interviewees stated that it was in the 
best interest of the client (especially low-income individuals) to help them understand the arduous 
process of launching a business and the importance of providing realistic feedback to clients about the 
likelihood of success of their business ideas.  

 Clients must provide a monetary premium to demonstrate commitment to the program. The 
interviewees stressed clients who paid a loan application fee or for technical assistance were more likely 
to persist in the game. One interviewee suggested that they put “skin in the game.”   

 Clients should be intrinsically motivated and exhibit initiative. The prevailing perspective was a 
sizable number of clients (low-and middle-income) contact agencies seeking grant funds, upon which 
they become quickly dissuaded. Moreover, the interviewees believed they should not do the work for 
client. Clients needed to take the lead on completing any homework or follow-up work suggested by their 
coaches or program heads.  

 

From a normative standpoint, all interviewees believed that low-income Hoosiers should have access to 

opportunities to become entrepreneurs. Moreover, all had a right to share in the “American Dream,” and that 

business ownership should be viewed an important mechanism to allow people to pull themselves up from 

their bootstraps and achieve self-sufficiency. Some of the interviewees provided further insight and nuance to 

their organization’s approach to serving clients. ISBDC, for instance, immediately expounded on its agency’s 

approach to working with low-income clients: “We’re not gonna work with somebody because they don’t have the 

funds…  I’d never turn my back on anyone.” BOI talked about its target market: “We target anyone who cannot receive 

financial assistance from banks… We pull credit but do not base our decisions solely on this aspect.” Overwhelmingly, many 

in the group saw themselves as vital gatekeepers, and believed that they could assist any low-income Hoosier 

who expressed the desire to become entrepreneurs.  They shared in the notion that being a business owner 

provides a sense of self-fulfillment, increased freedom of choice, more personal discretion over one’s agency, 

and better recognition and acceptance from others in society. In line with the group, BOI most appropriately 

said: “Entrepreneurship can be a great equalizer.” 

When discussing the interviewees’ work with their low-income clients, however, their practices diverged from 

their normative claims.  We observed that, in some instances, the ideal that everyone deserves access is more 

relative and arbitrary than an unflinching standard.  Interviewees also implied that scarcity imposed realistic 

impositions on time and resources that ultimately imposed a level of criteria on who could be served effectively 

from their organization. Capacity limitations were exemplified when SCORE addressed human capital deficits 

shared by some low-income clients: “I wish we could help more…but being able to articulate and put things down in 

writing is a very different challenge… It’s difficult to help when people don’t understand what they are trying to do.” ISBDC 

observed a few barriers to the quality and consistency of contacts with clients: “We don’t know why they don’t 

come back to us.  We don’t have time to check up on them.” 

I.d Major Barriers 

Attitudes, Culture, and Stigma 
Consistent with conversations surrounding human capital and skill deficits of low-income clients (or 

interested prospective clients) were conversations that centered on clients’ attitudes. What emerged was that 

many of the micro-lenders and technical assistance providers identified cultural distinctions between middle-

income and lower income clients. Cultural distinctions impinged their belief in their ability to provide optimal 

technical assistance or ultimately funding. Cultural distinctions also reflected the ability of low-income 



individuals to realistically take the steps necessary to become a microbusiness owner. These distinctions 

became clear as interviewees discussed their experiences in talking with clients regarding their business ideas.  

Business Coach: “Low-income entrepreneurs get frustrated more easily…  They get sidetracked with life…  And 

entrepreneurs have to focus.” 

Flagship Enterprise: “I think that the difference between low-income and upper income clients is that the upper-

income folks have solid support systems in place. That’s the big difference… If you don’t have a cosigner, how do you 

prove you have some back up?… We have to see some type of backup to provide a loan.”   

SCORE: “It’s difficult to tether from dream to reality… There are differences in attitudes… They are unwilling to 

bootstrap… They want five hundred thousand dollars to rent a space… It’s a major challenge to get them to overcome 

the mindset that I don’t have to bootstrap… They are unwilling to pay attention to numbers... It is very difficult to 

work with low-income…sad because you don’t want to mislead them.” 

Interviewees also discussed the expectation of clients taking the initiative to complete the steps for 

establishing a business. All respondents who provided technical assistance said that they do not write business 

plans for their clients. They all suggested they provide mentoring and guidance, but will not do the work for 

the clients. Moreover, there was an expectation that the client would be responsible for maintaining the 

relationship with the technical assistance provider, mentor, or coach. The Business Coach illustrated this: 

If you say you want me to work for you then it’s up to you to make all appointments and meetings. I’m not going to do 

your work for you… You have to want it for yourself. I will motivate you, help you identify resources, and coach you 

and try to identify ways to resolve problems…but I am not going to want your success more than you want it. 

Representatives discussed various strategies they used to ‘screen’ potential applicants. Human Services said: 

“There is plenty of help available if you use it. Clients will call or come to see us, and I’ll try to talk them out of a loan… I will 

then give them a loan application that is 25 pages that they have to complete… Our guidelines are a little strident.” Other 

comments were provided regarding the rigid screening processes. ISBDC said: “People will come to us with a 

business idea who are not very far along, attend a three hour workshop on the nuts-and-bolts...where they hear about financial 

literacy, and the feasibility of business ideas… You can see the deer-in-the-headlights.” 

It appeared that some of the interviewees might not understand the sensitive attitudes of the low-income or 

understand the social position of low-income Hoosiers. Two interviewees provided real-world context 

sensitive to the social position of the low-income entrepreneur:  

BOI:  People don’t understand who is an entrepreneur…who needs help. Most micro-entrepreneurs, regardless of where 

they live, are the working poor. Most turn away before they get their legs underneath them.  

CAGI:  A lot of times you got to get to know them. They are very guarded, and they lack the ability to build 

capacity… And there is a level of distrust…about the government providing what it is supposed to do.  

Other interviewees espoused a more strident stance. 

 Human Services:  Some [low-income clients] feel like they are owed success.  

Anonymous:  The process of starting a small business or becoming an entrepreneur is confusing and daunting for low-

income people… They can’t speak the language…articulate the idea… or put it down in writing… It’s challenging… 

It’s hard to work with them because I can’t even understand what they are trying to do.  



The cultural divide can be wide and not easily bridged by dedicated individuals working in the field.  Would-

be micro-entrepreneurs may not possess the necessary capacity and attitude, and the lenders and advisors may 

also not be up to the task.   

Lack of Resources 
The structuring and funding of micro-lending in Indiana has created various challenges for identifying and 

funding low-income entrepreneurs. Of foremost concern is the limited capacity of micro-lenders to recruit 

and serve low-income clients. All micro-lending interviewees stressed their small staff sizes constrained their 

ability. Flagship Enterprise said: “We really only have one staff person on the loan app side.” The problem becomes 

clearer when considering this micro-lender services a significant number of urban, city, and rural counties in 

the state. Flagship Enterprise also suggested there is not enough contact with rural counties, although the 

intent is to expand efforts in rural counties in the future.  

When examining the processes for identifying and engaging clients, we observed that there were contrasting 

ideas about the marketing, quality of client engagement, structure and rigidness of program guidelines, and 

communicated messages to low-income Hoosiers that stymied their success. When asked about how clients 

find out them, only one organization described a detailed marketing strategy. CAGI described a grassroots 

approach for identifying and marketing to clients: 

We don’t just rely on people coming in to see us… We go to them…in addition to hosting a workshop or speaking at 

an event, we walk through the alleys in the communities… We meet the people where they are…and told them how we 

could help them grow their businesses.  

Conversely, other respondents said that their marketing strategies were more limiting. For example Flagship 

Enterprise, the sole SBA-appointed micro-lender for a ten-county area, said: “Right now we are working really 

hard, but it is difficult to reach out because we are short staffed. We rely on referrals or people finding our website.” The 

majority of the interviewees said they rely on word-of-mouth, website traffic, their organization’s Facebook, 

community presentations, or referrals from banks for their clients. Outside of BOI and CAGI, interviewees 

suggested they rarely attended events dedicated to informing low-income Hoosiers about their products and 

services.  

Micro-lenders who provide loans to low-income clients maintain active and continuous communications 

throughout the life of the loan period. It bears emphasis, however, that only a small percentage of low-

income Hoosiers actually receives micro-loans. Ways of monitoring and communication are varied. All micro-

lenders expressed having a tracking system of loan repayment activities—some more sophisticated than 

others. Moreover, several developed tracking systems and one organization had an early warning system. 

Flagship Enterprise provided an example: 

We receive a flag in the system when a person gets behind…we reach out to determine how we can address the 

problem…with the low-income…many times they may have a hard time separating personal finances from business 

expenses…or they have an emergency…one person had to pay for a surgery. When these things happen we work with 

the client and develop a plan to get them back on track...we work hard to helping you get your books in order.  

On balance, it appears that if low-income clients can make it through the screenings and receive a loan, their 

chances of receiving some continued assistance are likely. Micro-lenders suggested they refer their clients to 

BOI or ISBDC for additional mentoring and consultation due to their limited staffing capacity. However, 



they were unclear on how this process occurs. Additionally, when questioned, they did not provide evidence 

that feedback mechanisms were in place to monitor this process.  

In addition, the micro-lenders in particular conveyed they did not know how to address the lack of material 

aid and limited social support, childcare needs, and other issues that impose barriers to low-income, 

microbusiness owners. Similarly, with the exception of CAGI, technical assistance providers expressed 

limited ability, capacity, or knowledge on how to assist low-income entrepreneurs navigate material aid 

support issues. In sum, CAGI fittingly characterizes the funneling effect:  

We found that low-income entrepreneurs really needed services… Some we couldn’t provide… However we brought in 

volunteers who could provide training, help with budgets…looked at their financial statements…figure out ways to 

address impediments… We would do whatever we could think of in order to help them get off of page one and move 

forward. 

Internal Policy Makes Successful Pathways Rare 
All of the respondents, in some variation, keyed in on the notion that self-sufficiency is an important goal and 

motivation of their work. Self-sufficiency was explicitly featured in organizational mission and vision 

statements or was verbally identified as a key driver and major goal of programs. From 2000 to present day, a 

traceable pattern has appeared; the integration of self-sufficiency standards and performance metrics in 

programs, services, and rhetoric are managed by governmental agencies, non-profits, and community 

development corporations. Although the interviewees were optimistic about helping low-income clients 

achieve self-sufficiency, what emerged in the interviews was a pattern of informal policies and practices that 

resulted in outcomes that seem contrary to their missions.  Recall the contrasting views about clients’ attitudes 

and aptitudes, described above.  They combine with the use of extensive paperwork and other screening 

techniques to yield a less idealized practice of micro-lending. 

A major source of tension centered on the issue of fees that low-income clients were required to pay in order 

to receive mentoring, technical assistance, attend workshops, or process loan applications. The cost for 

receiving various services ranged from $30 to $160. We surmise that a major factor driving this tension are 

the constrained budgets of agencies and organizations.  They are primarily nonprofit organizations that rely 

on public funds for sustainability. Program managers who work under these conditions often feel pressure to 

curtail the quality and scope of involvement they have with low-income clients. Flagship Enterprise put the 

high costs of servicing these client in perspective in noting: “We need to dive into their personal budget… We spend a 

lot of time going into the personal details… [We] need to be able to refer them to outside resources.” 

Many of the interviewees seemed less sensitive when discussing the issue of low-income clients who were 

unable to pay for these services yet were interested and motivated to start microbusinesses. Their lack of 

funds seem to be construed as personal failings of the low-income clients. ISBDC said: “If they don’t have $30 to 

go to that class, how are they gonna become a business? They have to spend $90 to start an LLC. That’s one way to think about 

it.” This was the general sentiment of the majority of interviewees.  

When asked if they provided support or made exceptions to waive fees, most of the respondents suggested 

they might or had limited discretionary funds for this purpose but could not substantiate this with examples. 

The interviewees representing community-based organizations or close involvement with clients held 

empathetic viewpoints.  For example, the Business Coach did suggest that he has waived or lowered fees if 

the person was highly motivated. He further said: “I know people are making it day by day… I will work with you… 



I have even bartered with clients… In my experience clients will find a way to pay eventually.” CAGI also elaborated on 

this point: 

You can hold a hand and teach…and when needed, steer them back on the path... This is real world stuff… This is 

the real deal. As people move along…people can start paying for the service.  

Other non-pecuniary, organizational-level policy barriers were the communications and rules that could have 

made the programs feel rigid and intimidating to clients.  In addition to the lengthy loan application used to 

deter or screen prospective clients, Human Services will “tell them that they have to complete a business plan… The 

application process needs to be rigorous… If they can’t do that, they can’t run a business.”  Many of the organizations ran 

programs with rules that disproportionately screened out low-income Hoosiers.  One organization had a six-

month program for training clients. Another respondent said their organization expected clients to use 

training modules posted on the organization’s website to gain a foundation prior to applying for a loan.  

 

Figure 3: Microbusiness Pathway 

 

Thus, we expect that the formal and informal rules have benefitted low-income clients who adhered to 

program standards (or paid fees) over those who were passionate about developing microbusinesses but 



lacked sufficient resources or social capital.  This program format has produced a revolving door of high 

program attrition—many low-income people expressing interest but quickly dropping out of programs. 

SCORE encapsulated the sentiment of the interviewees when saying: “[It is] rare that people go through the whole 

process.” 

Lack of Education 
Several interviewees provided examples that in their estimation confirmed the non-existence of a statewide 

mechanism for providing support in the form of coordination and assistance. Interviewees described that the 

isolation of being an entrepreneur is particularly daunting on lower-income microbusiness owners. CANI 

said: “Well-established entrepreneurs have entrepreneurs in their family or know other entrepreneurs.” Conversely, other 

interviewees said low-income microbusinesses work in a pseudo-entrepreneurial desert, and have limited to 

no social networks. 

In addition to differences in attitude and networks, other distinctions regarding skill deficits frustrated the 

interviewees. SCORE notes the difficulty experienced when trying to mentor clients during the process of 

developing a business plan: 

We want to give something back to the community… There are many deserving people… We feel strongly about trying 

to help…but it’s very unfortunate because many don’t have the educational skills… They have a difficult time 

articulating the language… We can’t teach them the language needed to help them understand business finance or 

business planning… It’s unfortunate.  

The interviewees provided contrasting views on the level of understanding of low-income entrepreneurs that 

also implied low-income entrepreneurs do not understand what types of funding sources are available. Most 

interviewees suggested many low-income people are just looking for grants. Human Services said: “Most people 

call looking for grants… Well there aren’t any grants… Usually we don’t hear from them again.” The Business Coach 

provides additional context for the high influx of grants inquiries from low-income individuals: 

A lot of low-income people think they want to start a business, but actually want to start non-profits. They are 

overwhelmingly a philanthropic community…so I get a lot of people calling me looking for a grant… They think it’s 

easy to get grants.  

A majority of the interviewees noted low-income people especially believed that there was an abundance of 

grant money available and reserved for starting businesses.  

Overall, the perspectives regarding the grounding and level of preparedness of low-income Hoosiers 

clustered around two basic types. Organizations such as CAGI, BOI, and the Business Coach had the most 

optimistic views toward their ability to provide support to the low-income entrepreneur. Organizations such 

as ISBDC and SCORE were less optimistic that they could be effective in helping low-income clients. All 

organizations, however, expressed a willingness to help clients.   

All respondents noted the Hispanic community was a difficult group to penetrate. No one, however, 

provided recommendations as to how to engage this group. The general consensus was Hispanics had 

established a support system for small business development. One interviewee said: “We don’t have much 

connection with the Hispanic population. They are very insulated…but they seem to have a system in place.” Further research 

into Hispanic microenterprise is warranted, especially with the prospect of an effective institutional 

arrangement outside of the mainstream state-nonprofit system in Indiana. 



Irrespective of the intent of micro-lenders and technical assistance providers to help underserved low-income 

Hoosiers to pursue a viable path towards microbusiness ownership, the unintended consequences of program 

management, statewide policies, and politics have created barriers to preclude significant movement towards 

that end. The next section will highlight some of the major barriers that were identified by the study 

participants.  

Government Constraints 

1. Barriers to Entry 
Major barriers to entering the market with a new venture arise in several ways.  Most of these directly or 

indirectly result from government regulation – almost always as unintended consequences of otherwise well-

intentioned policies.  Further, many of these barriers disproportionately affect low-income micro-

entrepreneurs. 

(i) Direct barriers to entry.  Licensing requirements (paperwork, fees, and testing) all 
contribute to the cost of starting a new business.  At the extreme, permitting and 
prohibitions also impose the steepest barrier of all as entry might be restricted at any cost.  
Licensing and permitting often target industries and activities closely associated with low-
income entrepreneurs.  Prominent examples include tight regulation and licensing of 
hairdressing, child care, restaurants, and street performances.  In some cases (e.g., busking, 
recreational drugs), outright bans have immediate and disproportionate consequences for 
low-income entrepreneurs.  Some permitting processes, while not altogether banning certain 
industries or activities but rather carefully limiting the place or time of their activity, can also 
restrict entry opportunities in poorer communities or other markets attractive to low-income 
entrepreneurs.   
 
The costs associated with beginning a small business vary and depend on the type of 
business being created.  For instance, a kennel/pet shop/stable license fee is $200.  A 
cosmetology professional license fee runs $40, in addition to an examination fee of $53, 
renewal fees of $40 (but a late fee costs an additional $50), and an application fee for salon 
owners of $40.  An application for a license to deal in salvage or scrap metal has a $568 fee, 
with an additional $84 fee for an IFD Fire Inspection.  Low-income entrepreneurs may not 
be able to afford the high application fees, coupled with costly testing and inspections, 
necessary to operate legally.   
 
What seem like nominal fees to some are substantial barriers to those in financial distress.  
While the licensing and fees may signal quality or safety, their overall effect on safety is 
questionable both in practice (Kleiner & Park, 2014; Wheelan, 2010; Barker, 2008) and in 
light of their pushing entrepreneurs to operate in the shadow economy. 
 

(ii) Indirect barriers to entry.  Regulatory complexity and significant compliance costs can 
serve as indirect barriers to entry.  Navigating the complex legal and regulatory system 
associated with starting a business, obtaining the proper permits and licenses, and clearing 
other administrative hurdles is a daunting task, especially for low-income entrepreneurs who 
lack the financial resources and network of expertise.  As Early-Aden (2012, p.9) noted, 
“Regulatory impediments intimidate and slow down small business owners through barriers 
including a long application process, knowledge required outside a small business owner’s 
field, and preexisting on-hand capital or other collateral.”  Filing paperwork to start a 
business and paying taxes correctly is difficult enough that entrepreneurs routinely hire 
lawyers and accountants – all adding substantial expense to the start-up process.  These act 
as powerful barriers for low-income micro-entrepreneurs.   



 
They also compound the more direct barriers to entry.  For example, a food cart vendor 
license requires various forms of documentation in addition to the license fee ($90), vendor 
cart transfer ($69), and a vendor cart franchise zone drawing fee ($40). Additionally, a 
vendor cart owner is responsible for scheduling a Department of Code Enforcement 
inspection for each of their carts, providing photos of the carts, and taking two photos of 
each applicant and employee(s). While fairly simple in nature, these additional requirements 
of mobile food carts are barriers to the nascent entrepreneur and are not typically required 
by brick-and-mortar restaurant owners. Additionally, cart vendors are not permitted to sell 
food between the hours of 10 PM and 6 AM in the public right of way, but they may operate 
on private property during this time if they first obtain a transient merchant license (fee of 
$121). 
 
Complying with relevant regulations and codes imposes another informational and 
operational cost.  This is especially true for licensed industries like child care (Wetzel, 2013).  
Even newly exempted “home-based vendors” of food prepared in their home kitchen must 
comply with strict guidelines and costly testing (Purdue Extension, 2010).  Regulatory 
compliance is often seen as an effective barrier to entry, where larger incumbent enterprises 
have better knowledge of (and often a hand in crafting) regulations and more resources to 
devote to compliance than smaller start-ups.  Informational resources available on the 
IN.gov website are less accessible to individuals without experience with or access to 
computers or technology. Many documents are hard to find and have technical language.  
These kinds of barriers may require services of a lawyer, accountant, or state official to 
comprehend the business licensing process. Depending on the type of business being 
created, completely legitimizing a small business can involve multiple applications and 
workshops. 
 

(iii) Credit and scale barriers.  Another implicit barrier worth mentioning involve challenges in 
scaling up enterprises large enough to effectively compete.  Small firms may find competing 
in certain markets problematic if there is a minimum efficient scale (owing to large fixed or 
“start-up” costs).  While competitive credit markets might adequately supply financing to 
low-income entrepreneurs to enter, the reality may be that low-income entrepreneurs are 
severely credit constrained.  Further, they may be unable to tolerate the risk needed to invest 
so heavily in order to “scale up” to become commercially competitive.  Lack of access to 
financing, while perhaps a reality of competitive markets rather than an artificial barrier, may 
exacerbate the other types of barriers where micro-entrepreneurs are particularly vulnerable. 
 
All interviewees discussed significant funding challenges, which manifest in various ways. 
Flagship Enterprise said: “The gap before you’re ready to get a traditional loan is bigger than what we 
first realized… It’s a challenge graduating a person from a micro-loan.” In addition, several 
interviewees noted they have advised clients to enroll in asset-building programs, such as an 
Individual Development Accounts (IDAs). In their estimation, IDAs were very helpful in 
augmenting financial needs. Some interviewees noted, however, the IDA program is no 
longer in existence due to funding redistribution.7 Upon exploring their claims, we 
uncovered a subtle shift in the use of IDAs in Indiana. Although the program is still 
advertised as a complementary program of BEED on the IHDCA website, there are no 
authorized program administrators in place to refer BEED-eligible clients for IDA funding. 

 

                                                           
7 It is unclear the extent that IDA programs are available that are allocated for microbusiness development support.   



2. Benefit Thresholds 

Low-income entrepreneurs, who receive a micro-loan and establish a business, face additional barriers such as 

incongruity of governmental policies and the sunset of government programs that provide additional training 

and financial support to microbusiness owners. These issues can handicap low-income entrepreneurs’ ability 

to sustain their businesses, possibly heightening their financial insecurity.  The low-income entrepreneur ‘s 

circumstances place them in a vulnerable position. For example, Human Services suggested that most low-

income entrepreneurs are on a shoestring budget: “They are walking on thin ice, and one problem can sink them.” 

Although all interviewees provided insight, BOI thought people generally (including those who work in 

micro-lending or microbusiness development) may lack understanding about this segment of Indiana’s 

business population. 

People don’t understand who is an entrepreneur…who needs help. Most micro-entrepreneurs, regardless of where they 

live, are the working poor. And they need help, but they are silent.   

SCORE referred to the challenges facing the typical low-income microbusiness owners by saying: “There are 

certain hard realities about business… Lower income people have no idea of the process… We can help define the process...but 

there are so many barriers. It’s tough.”  

Perhaps the most difficult barrier that a low-income microbusiness owner must navigate results from their 

success.  When they start to earn more than the limits set by the state, then they become ineligible for 

subsidies for food, housing, and childcare, as well as other benefits. BOI discusses the ramifications of 

disclosure:  

It’s a very difficult position… Oh yes…if you write down “yes” that you are starting a part-time business, you get your 

benefits cut… [Government policies] don’t recognize that you will need a couple of incomes…because when starting a 

business it is highly unlikely you will earn money in the first year. 

Several of the interviewees echoed BOI’s perspective, confirming the common thread of financial 

precariousness faced by low-income clients who attempt to operate their businesses and maintain their 

benefits. A recurrent theme expressed was the large number of entrepreneurs throughout Indiana, in the wake 

of means-tested safety net policies, who eschewed operating legitimately, opting to go underground. By not 

paying taxes or procuring business licensing, microbusinesses create as much distance as necessary to sustain 

underground business operations—preferring to stay hidden. 

Consider an example from the burgeoning farmers market arena.  Farmers markets have become spaces for 

nascent entrepreneurs to begin their businesses without the expense of renting a brick-and-mortar space. This 

is especially useful for underground enterprises avoiding regulations on formal small businesses.  

Entrepreneurs just beginning in their small enterprises, from selling homemade pies to handmade pottery, 

may still face barriers akin to permitting yet in the less formal farmers market realm.  A farmers market is 

headed by an individual, the market master (MM), who oversees compliance with health and safety code and 

is the contact person for the local Health Department (Hofmann et al., 2009).  The MM is able to give, or 

refuse, access to the farmers market.  In addition, vendors must typically pay a fee to gain access to the 

market—around $30 per Saturday session or $300 per season.  Underground economies often evolve detailed 

and effective institutions that may be more accommodating to micro-entrepreneurs. 

The combination of factors such as invisibility, limited contact with micro-lenders and technical assistance 

providers, and less-than-robust social networks has caused an abundance of “potholes” along the pathway of 



the micro-entrepreneur.  The primary holes are voids in pertinent information, resources, and diverse support 

that would be provided by friends, family, and professionals. The interviewees contended these resources 

were available at disproportionately higher levels for middle- to higher-income Hoosiers (Figure 4).  

 

 

Figure 4: Levels of Entrepreneurs 

 

 

3. Perverse incentives and Crowding out 

Politics 

We also observed organizations that administer BEED programs have wide discretion over the promotion of 

those funds. Depending on the priorities, the programs could result in low-income clients being overlooked. 

For example, one interviewee discussed their organization’s close connection with the local banks and city 

area: 

In the effort to attract bigger entrepreneurs to local area, the city would use us as incentives…with tax abatements…as 

a way of packaging, as a way of doing deals…because the bigger businesses could create 40 high-paying jobs.  

The implication is micro-lending can be co-opted to encourage bigger businesses to relocate in support of a 

city’s economic development efforts.  City business development plans may not coincide with addressing self-

sufficiency goals for low-income Hoosiers. 

Furthermore, BEED-sponsored loans may not be used as effectively as intended.  In interviews with micro-

lenders, we were able to determine only a small number of loans in the micro-lenders’ portfolios were BEED-

sponsored loans. Micro-lenders’ lack of resources and marketing and low-income clients’ lack of follow-

through and collateral were cited as reasons for low BEED utilization.  In addition, deciphering what type of 

entrepreneur was actually receiving BEED-sponsored loans was difficult due to the obscurity of the loans. 



One micro-lender suggested it not out of course that a micro-lending portfolio could contain a BEED 

recipient who only technically met eligibility guidelines (e.g., a college graduate who lives at home with parents 

earning limited income), but does not possess the limited support system or other classical barriers associated 

with poverty.  

There were organizations that were already poised to manage BEED programs effectively, and who could 

service the loans and provide comprehensive technical assistance.  It was suggested that these organizations 

were overlooked as pass-through intermediaries for BEED. One interviewee noted: 

We already had an entrepreneurship program in place… We brought in volunteers to provide in-depth training, TA, 

and we also hired local businesses…stimulating the local economy. We were functioning as a business incubator if you 

will. But when the BEED was established, we weren’t included…and many potential local businesses lost out because 

of it. 

On balance, the interviewees suggested that many entrepreneurs either have underground businesses or are 

interested in establishing businesses. Yet, under the established statewide structure for microbusiness 

development, these individuals are not being engaged.   

Uncoordinated Support System 

MDOs follow the course of trying to support the efforts of low-income business startups, but many of the 

interviewees expressed that they did not know where to refer clients for support. We found ISDBC became 

the “catch all” referral organization. This assumption is technically appropriate.  ISBDC, however, suggested 

it was mostly positioned to support clients who have increased financial or social capital, and they referred 

clients with multiple barriers to BOI.  This is an additional step a low-income Hoosier would have make to 

secure guidance. Hence, we began to identify a maze resulting from the lack of coordination of each role of 

the organizations. The imposition of this bureaucratic inefficiency would most likely contribute to the 

dropping out effect: low-income Hoosiers who are not transitioning into the pipeline of microbusiness.  

In addition, the visibility of other stakeholders that have traditionally been involved in supporting 

entrepreneurship was waning around the state. The interviewees could not provide examples of any active 

partnerships with Ivy Tech, Indiana University, or other universities within the state. Our survey of 

postsecondary programs suggested Ball State University, Indiana State University, and Purdue University 

promoted business development programming, but with an emphasis on providing research to economic 

development. The business coach said: “I think Marian University may have something going on… I’m not sure… I 

don’t see anything being advertised from other places.” 

Finally, from a systems perspective, we noticed the lack of coordination and communication among 

government, organizational, and private stakeholders. Organizations seemed to operate within territories 

differently and utilize resources differently. Moreover, organizations (to varying degrees of sophistication) had 

unique proprietary tracking systems. They leveraged their networks and assets differently. Their levels of 

integration and involvement with local municipalities, state governments, and respective communities were 

distinct. These factors contributing to the lack of coordination in the statewide system were apparent when 

interviewees suggested there is no clear understanding of the roles of the various organizations working to 

promote microbusiness in Indiana. SCORE simply stated: “We don’t know who is doing what...and we end up 

competing with each other.”  

 



 

Summary 
 

Key findings Informant quotes 

Opportunity for entrepreneurship can help 

low-income Hoosiers achieve self-sufficiency. 

“Entrepreneurship can be a great equalizer.” 

Many barriers exist and disproportionately 

affect low-income micro-entrepreneurs. 

“Lower income people have no idea of the process… 

We can help define the process...but there are so 

many barriers. It’s tough.” 

Licensing requirements and permits all 

contribute to the cost of starting a new 

business, especially for ventures associated 

with lower incomes.   

“People will come to us..., attend a three hour 

workshop on...where they hear about financial 

literacy, and the feasibility of business ideas… You can 

see the deer-in-the-headlights.” 

Regulatory complexity and compliance costs 

can serve as indirect barriers to entry. 

“Low-income entrepreneurs get frustrated more 

easily.”  “And there is a level of distrust…about the 

government providing what it is supposed to do.” 

Achieving sufficient scale for an enterprise to 

compete successfully poses a barrier. 

“It’s a challenge graduating a person from a micro-

loan.” 

Means-tested safety net policies can penalize 

entrepreneurial efforts. 

“If you write down “yes” that you are starting a part-

time business, you get your benefits cut.” 

Lack of coordination in public support 

systems. 

“We don’t know who is doing what...and we end up 

competing with each other.” 

The main result is low-income Hoosiers either 

opting against entrepreneurship or operating 

underground businesses. 

“We still do not have a success story for the low-

income micro-entrepreneur yet.” 

 

I.e Conclusion 
This report examines the potential barriers that inhibit low-income Hoosiers from successfully utilizing 

entrepreneurship as a pathway for upward mobility. There has been active involvement of micro-lenders and 

technical assistance providers in assisting small businesses development in Indiana. All of the study 

participants identified with motivating, mentoring, teaching, advising, and connecting low-income Hoosiers 

with resources. Yet, those who primarily benefit from these efforts are people with preexisting access to 

capital and credit and who are already poised to enter the pathway of entrepreneurship. Meanwhile, low-

income Hoosiers often contend with challenges that make it difficult to move beyond the information 

acquisition phase to acquire the mentoring and capital to start their businesses.   



Finally, all of the interviewees advocated that entrepreneurship can become a significant equalizer for 

economic security. Moreover, they observed that there are significant numbers of Hoosiers, both low- and 

middle-income, who are either operating underground businesses or have the desire to start microbusinesses. 

They all concur, however, that microbusiness is not a priority in the State of Indiana. And as one micro-

lender said: “We still do not have a success story for the low-income micro-entrepreneur yet.”  The current federal and state 

support systems clearly fall well short of substantively supporting microbusiness for the low-income micro-

entrepreneur.  Despite the intended shifts in purpose to make safety net policies into a launching pad for self-

sufficiency, the practice has not matched the intent.  The safety net rules still provide serious disincentives for 

low-income entrepreneurs to initiate new enterprises and push them into underground economies.  

Regulatory barriers and complexity exacerbate those disincentives.   

 

 

 

 

  



Part 2:   Statistical Analysis of the Factors Influencing Poverty Rates 
 

Part 2 of this report applies a more quantitative, statistical approach to analyzing the trends and determinants 

of poverty Indiana.  It complements the qualitative fieldwork already performed.  The interviews with 

individuals active in the field help inform the data selection and model construction for Part 2.  For instance, 

concerns about government resources available – and the possibility that dependency on public assistance 

combined with eligibility rules that effectively punish or discourage entrepreneurial behavior – lead to 

including measures of government aid at the county level in the data analysis.  The analysis also pays close 

attention to the size of the establishments in a county (i.e., large employers vs. small businesses) in light of the 

concern expressed by interviewees about economic development efforts skewing toward larger businesses 

and employers.  The interview work from Part 1 can also be better understood in light of the findings from 

the econometric analysis in Part 2. 

The approach in Part 2 proceeds through three increasingly complex steps.  The first step is entirely 

descriptive.  It describes the state of poverty in Indiana and its trends, all at a county level of analysis.  The 

second step then explores the correlates of poverty and its trends in Indiana counties, in particular teasing out 

the relationships with multiple concurrent forces.  It helps to separate the roles of correlated factors like 

rurality, baseline income, and job growth.  The third step employs a more sophisticated econometric 

approach to identify the causal role of various factors in driving poverty and its alleviation in Indiana counties 

over the past decade.   

Throughout, a special emphasis is paid to the role of entrepreneurship and regulation in generating better 

conditions for the lower portion of the income distribution.  This research project collected well over 100 

variables at the county level to characterize its demographics, its economic conditions, the size of the public 

sector and its spending, and other indicators that reflect the level and type of regulation and entrepreneurial 

activity present.  Most of these variables have very limited use in a study like this because they are not 

available for all years extending back even just a decade.8 This is especially limiting for regulatory and public 

spending data, which typically lack detailed measures spanning more than a handful of years.  Nonetheless, 

dozens of candidate variables are examined, and fairly extensive or “unrestricted” models are estimated to the 

extent that data richness permit.  These measures serve to proxy for the two core concepts of interest in this 

analysis: the extent of entrepreneurship and regulatory reach locally.  Whether both or neither of these two 

primary forces can help explain the dynamics of local poverty alleviation in Indiana is the empirical question 

being addressed in Part 2.   

The challenges posed by deepening poverty in recent years are particularly severe in Indiana.  The Great 

Recession and the years immediately following have seen poverty rates climb to their highest in over a 

generation.  Looking back to 1980 (US Census, 2013a) reveals that Indiana hit its highest recorded poverty 

rates in 2009 and 2010 at rates exceeding 16% statewide.  The most recent poverty rates for the state in 2013 

show Indiana’s poverty rate at 11.6% (US Census, 2013b), down from 15.2 in 2012, which gets Indiana below 

the national level (14.5%) and puts Indiana ahead of its neighboring states (IL=13.3, KY=20.0, MI=14.5, 

OH=13.7).  The recent recovery down to 12 percent brings Indiana’s poverty rates closer to its average over 

                                                           
8 While these variables might then still offer useful descriptions of the current state of affairs in particular counties, they 
cannot help in explaining the dynamics of poverty in the state.  In many cases, they are more likely to be the result of a 
county’s trends in poverty than a cause of them.   



the past 33 years.  Against the statewide backdrop of poverty rates peaking in 2011, however, is substantial 

county-to-county variation in both poverty levels and recent poverty trends. 

 

II.a Where is the density of poverty greatest and where is it improving? 
To begin the statistical exercise of examining poverty in Indiana, a survey of the landscape of around the state 

offers a basic background.  Indiana’s many counties, 92 in all, lend nicely to a county-level analysis of regional  

poverty trends.  Counties are fairly uniform in geographic size and small enough depict the considerable 

regional variation across the state.  The most recent year for which comprehensive poverty data are available 

is 2012.  There has been considerable variation in poverty rates over the past decade in no small part due to 

the Great Recession of 2007 to 2009.  From 2002 to 2012, the statewide poverty rate in Indiana has ranged 

from a low of 9.6 percent in 2002 to a high of 15.8 percent in 2011.  Most counties in Indiana experienced 

even greater volatility in their poverty rates over that same timespan.  (See the technical Appendix for more 

discussion of the data.)  

County-level poverty rates in 2002 and in 2012 are mapped in Figure 1A and Figure 1B, respectively.  The 

clusters of poverty share a similar story over the past 10 years.  The seven counties with the highest poverty 

rates in 2012 are Monroe, Delaware, Wayne, Marion, Tippecanoe, Vigo, and Switzerland.  All of their rates 

exceed 20 percent.  The seven counties with the highest poverty rates in 2002 differed notably, with Vigo, 

Knox, Crawford, Sullivan, Delaware, Daviess, and Orange on the list.  No county’s poverty rate exceeded 14 

percent in 2002.  The five counties with the lowest poverty rates in 2012 are Hamilton, Hendricks, Boone, 

Hancock, and Dubois.  All of their rates fell below nine percent.  The list of the five counties with the lowest 

poverty rates in 2002 was the same, although their rates were all below 5.5 percent. 

 

  



Figure 1A:  Poverty Rates, 2002 

 

Figure 1B:  Poverty Rates, 2012 

 

Figure 2A depicts a map of the trends in poverty rates from the Great Recession in 2008 to the latest data in 

2012.  The fastest-recovering counties tended to be in the southwest corner of the state.   Figure 2B shows a 
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map of a longer time trend in county poverty rates, stretching back over the last decade and fully containing 

the Great Recession period. Those counties with better-performing poverty rates over the past decade tend to 

be in central Indiana.   

Figure 2A:  Changes in Poverty Rates, 2008-2012 

 
 

Figure 2B:  Changes in Poverty Rates, 2002-2012 
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To get a better sense of how poverty rates that vary across counties and across years also covary with other 

key indicators, consider Table 1.  This partial correlation matrix displays the pairwise correlations between 

several variables used in this study, taking into account all available data for each county.  See Table A2 in the 

Appendix for variable definitions.  Correlations reveal a few important things at first glance.  There is 

substantial statistical power to pick up correlations across variables, although some of these correlations are 

much stronger or more substantive than others.  Poverty rates spanning more than a decade over the 92 

counties are very closely correlated with labor market indicators like unemployment rates and labor force 

participation rates.  Unsurprisingly, they are very strongly correlated with measures of governmental 

assistance (via TANF, food stamps, or unemployment insurance payments).  Counties with high poverty rates 

tend to see higher public assistance in these areas.  They also tend to host more nonprofit organizations per 

capita and, even more closely correlated, greater per capita revenue generated by those nonprofits.  Counties 

and years with higher median household incomes and more businesses being started per capita also exhibit 

lower poverty rates.  These are all as expected.  Perhaps more interesting for the poverty rate measure is its 

small correlation with rurality (ρ=-0.07) and with the growth of larger employers (|ρ|<0.10).  Notably county 

poverty rates are uncorrelated with per-capita employment in government and with the county’s location 

quotient for local government employment.  This last correlation indicates that, while county-years with more 

local government jobs per capita tend to have lower poverty rates, when a county’s local government 

employment is measured relative to the national average then the correlation goes away.  This suggests that it 

is overall macroeconomic or national trends in employment that account for the correlation between poverty 

rates and local government employment (i.e., greater employment by local Indiana governments merely 

followed national trends).   

TABLE 1:  Partial Correlation Matrix for County-Level Poverty Rates 

 
PovRate Rurality HHincome GovJobs LocGovJobs PubAID SmallBiz NPorgs 

UnempRate 0.59** 
       

LaborRate -0.52** 
       

Rurality -0.07** 1 
      

HHincome -0.30** -0.17** 1 
     

GovJobs -0.04 -0.54** 0.04 1 
    

LocGovJobs -0.10** 0.15** 0.06* 0.02 1 
   

LocGovELQ -0.03 0.56** -0.06** -0.76** 0.53** 
   

TANF 0.32** -0.22** -0.45** 0.16** 0.05 
   

PubAID 0.77** -0.08* -0.49** -0.06 0.02 1 
  

UIpayments 0.50** 0.05* 0.33** -0.10** 0.12 0.50** 
  

BizBirths -0.34** -0.35** 0.33** 0.38** 0.01 -0.39** 
  

BigBiz 0.06* -0.25** 0.02 0.36** -0.08** -0.02 
  

MedBiz -0.08** -0.49** 0.05 0.77** -0.04 -0.10** 
  

SmallBiz -0.22** -0.44** 0.17** 0.69** 0.15** -0.24** 1 
 

NPorg 0.14** 0.33** -0.30** 0.20** 0.22** 0.08** 0.18** 1 

NPrevs 0.28** -0.53** -0.06 0.50** -0.21** 0.19** 0.33** 0.09** 

Note:  *, ** indicate statistically significant at p<0. 50, p<0.01, respectively. 

Table 1 also shows correlations across other select indicators.  The public assistance indicators are 

unsurprisingly negatively correlated with median income and small business growth, but they are positively 



correlated with nonprofit density and revenues.  More rural counties have more, less-well-funded nonprofits  

than urban areas do.  Rural counties also tend to have more local government jobs but fewer government 

jobs overall while hosting fewer businesses of all sizes and fewer new business starts.  Some of these 

indicators are closely correlated with each other, making the bivariate analysis rather limited. 

 

II.b What do poverty clusters have in common? 
Indiana’s considerable variation in current poverty rates and in recent poverty trends exhibits some common 

patterns.  Table 2 illustrates some of the correlates of PovRate.  Counties with higher poverty rates in 2012 

tend to have much lower median household incomes, spend more on unemployment insurance, and receive 

more revenue for nonprofits per capita.  These counties with higher poverty rates also tend to be more urban 

and to have more very large establishments (in terms of employees) per capita.  High poverty counties tend to 

have fewer small employers per capita and experienced fewer new businesses formed in the past year.  Again, 

the location quotient for local government employment is uncorrelated with poverty rates in 2012.   

Table 2 also shows correlations with similar variables in the middle and rightmost columns, although there 

are important differences.  For the middle column, PovRate08-12, the correlation is between these indicators as 

measured in 2008 and the change in poverty rates from 2008 to 2012.  The 2008 year marks the middle of the 

Great Recession and the end of the global financial crisis.  The correlations reported in the middle column 

thus help describe which counties have fared the best during and after the major economic downturn.  

Interestingly, the indicators which correlate so well with current poverty rates in the lefthand column (i.e., 

2012) offer little to no predictive insight about which counties’ recent trends fare better or worse.  Counties 

with more favorable trends in poverty rates since 2008 tend to be those spending less on unemployment 

insurance at the start of this period.  The rest of the correlations are statistically indistinguishable from zero.  

The main take-away from these correlations is that the mid- and post-recession impacts on poverty have been 

relatively unpredictable and inconsistent.  Recoveries have not been much different in rural areas than in 

urban areas, in wealthier communities than in poorer communities, or even in areas with stronger new 

business formation or support from nonprofits.   

TABLE 2:  Correlates of County-level Poverty  

 
PovRate, 2012 PovRate08-12 PovRate02-12 

PovRate 
 

0.14 0.56** 

Rurality -0.18* -0.17 -0.29** 

HHincome -0.84** -0.18 -0.44** 

LocGovELQ -0.15 -0.11 -0.31** 

UIpayments 0.44** 0.37** 0.35** 

BizBirthsa -0.22** -0.03 -0.21** 

BigBiz 0.21** 0.10 0.24** 

MedBiz -0.07 0.06 0.12 

SmallBiz -0.19* -0.01 -0.09 

NPrevs 0.26** 0.06 0.33** 

Note:  *, ** indicate statistically significant at p<0.10, p<0.05, respectively. 
a BizBirths correlation based on its 2003 level correlated with its 2003-2012 change because 2002 data are 

unavailable for this variable. 



Taking a longer view, the righthand column in Table 2 depicts the correlates of counties with better poverty 

rate trends over the past decade.  Keep in mind that over this period every single Indiana county’s poverty 

rate rose, with the average county’s poverty rate rising by nearly five percentage points (from 9% to 14%).  

These counties with slower growth in poverty rates over the previous decade tended to have lower initial 

poverty levels, be more rural, and in 2002 be wealthier, have more local government jobs, have less well-

funded nonprofits, and have fewer major employers (establishments with 1,000-plus employees).  Much like 

the relationship with high initial poverty levels, government spending on welfare programs in counties in 

2002 positively correlates with those counties’ subsequent poverty rate trajectory.  More welfare spending 

appears to attract more poverty. 

Just noting the correlates of high-poverty counties and those that have experienced better trends, however, 

tells only a small part of the story.  There are a few factors that seem correlated with higher poverty rates and 

increasing trends in poverty.  Those include lower median incomes, fewer jobs in local government, more 

nonprofit revenues and more public welfare spending, and more jobs in establishments that employ 

thousands of workers.  Many other indicators, such as small businesses and rurality, exhibit inconsistent or 

nonexistent correlations with poverty levels and trends.  Further, the correlates of poverty alleviation post-

recession do not readily extend to poverty alleviation over the past decade.  All of this suggests that merely 

looking at simple correlations of poverty leaves much of the story untold.  Many forces combine to influence 

poverty and its trends.   

The complex story of poverty requires a multivariate approach to better identify the relationships between 

various indicators and poverty rates.  Table 3 offers an initial view of this more complex relationship using a 

multivariate regression to identify correlations conditional upon the other control variables in the model.  The 

structure in Table 3 is similar to that of Table 2.  The first columns show a cross-sectional regression of 

poverty rates on a set of independent variables all measured in 2012.  The middle columns show the same 

basic structure to explain the cross-sectional variation in the 2008-2012 poverty rate trends using the set of 

independent variables all measured circa 2008.  The rightmost columns show the estimates from a regression 

explaining the cross-sectional variation in poverty rate trends over the past decade using the same 

independent variables as measured in 2002.  Robust standard errors are estimated for each model.   

The results for the current cross-section of Indiana counties shows several very strong relationships.  Overall, 

there is a good fit to the model with 92 observations and just eight covariates (R2 = 0.82).  Poverty rates are 

higher in urban areas and  much lower in areas with higher middle class incomes.  (An increase of the county 

median household income of 10% is associated with a 2.1 percentage point drop in its poverty rate.)  More 

medium (establishments with 100-1,000 employees) and small (less than 100 employees) employers on a per 

capita basis consistently points to lower poverty rates.  Conversely, it appears that more major employers per 

capita is associated with higher poverty rates conditional on average wealth and rurality of the county.  More smaller 

businesses look to be good for poverty rates.  Nonprofits’ revenues and the relative intensity of employment 

in the local government sector, on the other hand, reveal no strong positive or negative relationship with 

cross-sectional poverty rates.   

Just as these results offer a refinement over the pairwise correlations in Table 2, they also reflect the overall 

strength (or weakness) in those correlations.  The middle columns for the 2008-2012 trends in poverty rates 

show that the difficulty in explaining the recent trends is not merely a matter of the limitations of pairwise 

correlations.  The multivariate model allows the several measures from 2008 to predict, individually and 

jointly, recent trends in poverty rates.  The results fall short of a useful description.  The hypothesis that the 



eight indicators from 2008 collectively offer no help in predicting recent trends at the county level cannot be 

rejected at conventional levels.  The model explains very little for 2008-2012.9 

Table 3: Cross-Sectional Regression Results for Select Years 

 
PovRate 

 
PovRate08-12 

 
PovRate02-12 

 

 

Coef. 
(Robust  

Std. Err.) 
 

Coef. 
(Robust  

Std. Err.) 
 

Coef. 
(Robust  

Std. Err.) 
 

 
p p p 

Rurality -8.17 0.001 -2.54 0.1 -5.76 0.001 

 
(2.33) 

 
(1.52) 

 
(1.73) 

 HHincome -20.75 <0.001 -2.15 0.068 -6.67 <0.001 

 
(1.11) 

 
(1.16) 

 
(1.25) 

 LocGovELQ -0.85 0.198 -0.16 0.674 -1.17 0.19 

 
(0.66) 

 
(0.37) 

 
(0.88) 

 BizBirth 598.18 0.398 77.63 0.875 
  

 
(703.89) 

 
(491.09) 

   BigBiz 17.89 0.104 3.58 0.484 5.97 0.456 

 
(10.89) 

 
(5.09) 

 
(7.96) 

 MedBiz -2.85 0.027 -0.17 0.838 -0.90 0.565 

 
(1.26) 

 
(0.81) 

 
(1.56) 

 SmallBiz -136.98 0.062 -15.34 0.819 -98.97 0.152 

 
(72.38) 

 
(66.99) 

 
(68.45) 

 NPrevs 0.01 0.98 -0.10 0.56 0.06 0.742 

 
(0.22) 

 
(0.16) 

 
(0.18) 

 _constant 244.82 <0.001 27.40 0.026 81.85 <0.001 

 
(12.75) 

 
(12.12) 

 
(13.22) 

 N 92 p-value 92 p-value 92 p-value 

F 52.31 0.00 0.90 0.52 8.44 0.00 

R2 0.82  0.08  0.43  
 

Turning to the rightmost column, however, Table 3 illustrates how the same modeling approach fares much 

better at explaining poverty trends over the past decade.  Business size and formation measures do not 

explain much here.10  Rather, nearly all of the explanation comes from the rurality indicator and the initial 

HHincome measure.  These two variables alone can explain over 36% of the variation in the ten-year trend in 

county poverty rates.  Wealthier and more rural counties saw their poverty rates rise slower over the past 

decade in Indiana.  A 15% increase in median income back in 2002 is associated with poverty rates rising by 1 

percentage point less than otherwise (i.e., closer to increasing by four percentage points than five percentage 

                                                           
9 Additional data would likely help.  For instance, counties that currently license contractors, electricians, and HVAC 
servicers (per IN.gov) tended to fare worse from 2008-2012 in terms of poverty rates.  Yet without knowing the 
licensing practices in each county in 2008, these variables could not be included. 
10 Note that the BizBirths variable is omitted from this model because it is available only as far back as 2003.  If the 
model were re-run for only 2003-2012, the results are essentially no different than as reported here and BizBirths is 
insignificant.   



points).  More local government employment and more revenues for local nonprofits are not significant 

predictors of poverty rates in the following decade. 

II.c What drives lower poverty rates in Indiana? 
The cross-sectional approaches in the previous section fail to account for the rich year-to-year dynamics in 

county poverty rates and also ignore a great deal of data that could be used to improve our understanding of 

these relationships.  This section presents a much more sophisticated analysis based on treating the data as a 

panel of county-year observations that extend over the previous decade.  Poverty rates exhibit some stability 

from year to year, with each year’s rate being strongly correlated with the prior year’s.11  Similarly, the other 

predictor variables also exhibit a mix of year-to-year stability and trends.  The empirical challenge is to see 

how much of that variation in the panel data for poverty rates can be explained by these indicators of 

entrepreneurial, regulatory, and public sector activity.   

A statistical model to explain the variation in annual county poverty rates needs to take into several key 

factors.  First, macroeconomic trends that affect the entire state need to be accounted for.  This is done with 

year-specific fixed effects that soak up all macroeconomic temporal trends.  This means that any external 

shocks that affect the entire state – any macroeconomic changes or shifts in state policy – are absorbed by 

those yearly controls.   

Second, each county likely has some time-invariant (i.e., permanent) characteristics that influence its poverty 

rate.  Employing county-level fixed effects soaks up any unobserved county-level factors that are not included 

in the model.  While this means that the model is essentially explaining variation within counties – departures 

from each county’s own average PovRate – it also means that any explanatory factor that does not vary over 

the past decade for a particular county cannot be used to explain the variation in poverty rates.  Thus, 

longstanding policies or “cultural” effects peculiar to a particular county cannot be used to explain why that 

county’s poverty rate differed from year to year.   

Third, the concern about endogeneity in the model – the possibility for explanatory factors to themselves be 

influenced by the poverty rate – requires careful construction of the empirical approach.  The possibility of 

“reverse causality” undermines the interpretation of the results.  For example, explaining poverty rates with 

the amount of public spending on TANF and food stamps, risks reverse causality concerns because we 

expect that this kind of public assistance certainly follows from the presence of households below the poverty 

line and might itself cause increases or decreases in poverty rates over time.  To address this, only predetermined 

explanatory variables are used rather than contemporaneous measures.  This means that variations in poverty 

rates in any particular year are explained using only variables as measured in previous years.  The logic that 

current poverty rates can be influenced by past factors but cannot themselves go back in time to the past 

gives us greater confidence in a causal interpretation for these results.  (This holds true even if we are 

concerned that poverty and the explanatory variables are simultaneously determined or that current poverty 

rates cause the explanatory variable.)  The primary cost of this robust causal interpretation is sacrificing some 

intriguing variables that are not available far enough back into the past (e.g., some local government budget 

data, certain licensing data).   

Fourth, the model needs to account for possibly correlated unobservables within the panel structure of the 

data.  Given the county and year fixed effects, the remaining concern lies with some counties’ poverty rates 

                                                           
11 A basic regression model (for the past 10 years) that only controls for year and county fixed effects produces an 
autocorrelated error with ρ=0.35.   



being easier to predict than others and with any remaining year-to-year autocorrelation in the data.  The 

models estimated here all use standard errors that are clustered at the county level.  This accounts for some of 

the difference in precision in our estimates for big (e.g., Marion) and small counties (e.g., Ohio).  The issue of 

autocorrelation in the errors also addressed with the inclusion of an AR(1) error structure.  The technical 

Appendix describes additional specification searches. 

This analysis is limited to the use of publicly available data that stretch back at least to 2002 for all Indiana 

counties.  This restriction, combined with the county-level and year-level fixed effects (which exclude county-

specific policies that did not change since 2002 and exclude any policies that affect all counties, respectively), 

greatly limits the variables available for this analysis.  Future research would do well to incorporate additional 

measures.  Nonetheless, several important and available measures do capture year-to-year variations within 

and across counties for the past decade.  The results presented in Table 4 reflect the limitations in four key 

variables (PubAID, NPrevs, BigBiz, and MedBiz) that are unavailable before 2003, and hence the first model in 

Table 4 only explains PovRate trends from 2004-2012.  It is labeled “Short Model” as it has fewer years.  The 

second model in Table 4, the “Long Model,” is estimated with a few alternative independent variables that 

possess better coverage and allow a balanced panel extending from 2001-2012.  (See Table A4 in the 

Appendix for full results.) 

Under the model assumptions, the effects of the independent variables in models in Table 4 can be 

interpreted as causal effects on poverty rates.  These causal effects are identified off of poverty rate 

departures from its county-specific averages and its year-specific averages.  Thus, the dynamics being 

leveraged here are changes within counties to explain changes in poverty rates (insofar as they deviate from the 

statewide yearly trend).  The models presented in Table 4 explain a good deal of that variation, too.  (The R2 

within exceeds 0.6.)  As reminders, the within-county variation being exploited is the previous year’s so as to 

avoid simultaneity bias.  Also, negative coefficients are desirable for lowering poverty rates.  Table 2 presents 

results from a Short Model and a Long Model that otherwise have the same county and year fixed effects and 

the same autoregressive structure. The explanatory power and the autocorrelation coefficient are much 

stronger with the Long Model.  This reflects the inclusion of more relatively stable years in the longer dataset, 

diluting the tumultuous past few years in Indiana.   

The models in Table 4 essentially provide estimates of the effects of two types of forces on alleviating 

poverty:  entrepreneurial or economic activity and government spending or regulation.  First, the effects of 

economic activity present a fairly consistent story of economic growth, innovation, and entrepreneurial 

activity spurring lower poverty rates.  One of the most consistent findings is that the number of businesses is 

inversely related to poverty rates.  Counties that experience growth in the number of establishments – above 

the county’s average and above whatever is typical for that year statewide – are the counties that experience 

lower poverty rates in the following year.  Each additional 100 businesses stand to, on average, lower poverty 

rates by at least 0.1 percentage points.  (In context, a typical, one standard-deviation increase in the number of 

establishments in a county would account for almost a third the average annual swing in poverty rates.)  Local 

patenting rates also regularly exhibit a negative relationship with poverty rates.  In recent years, growth in 

innovation has been quickly followed by lower poverty rates.  The unpredictability or ‘noise’ around 

innovative activity like patenting renders the estimates of its effect rather noisy.  So although patenting 

regularly appears to lower poverty rates on average in other specifications (see the Appendix for more 

discussion), its statistical significance is such that we cannot rule out the possibility of no effect (as is seen in 

the Long Model).  Whether it is bringing new businesses or more inventions to a county, the evidence points 

to a strong and positive effect of entrepreneurial activity of poverty alleviation.    



Table 4:  Panel Fixed-Effect Regression Results for Poverty Rates 

 
Short Model Long Model 

     variable Effect sign sig. Effect sign sig. 

HomePermitCost – 
 

– 
 Permits – *** – * 

NoPermits + ** + * 

LocGovJobs – 
 

– 
 SNAPtransfers 

  

+ *** 

PubAID + *** 

  UIpayments + *** + *** 

NPrevppp + 
   BigBiz – 
   MedBiz – ** 

  SmallerBiz – * – 
 TotalBiz – *** – ** 

Patents – * – 
 ConsumerLend – 

 

– 
 WalmartEmploy – 

 

– 
 Rural*year – 

 

– *** 

PovRate2000*year + 
 

+ *** 

SSTax2002*year + 
   year=2003 

  

– *** 

year=2004 

  

– *** 

year=2005 

  

– *** 

year=2006 + 
 

+ 
 year=2007 – 

 

– 
 year=2008 + 

 

+ 
 year=2009 + 

 

+ 
 year=2010 – 

 

– ** 

year=2011 – 
 

– * 

year=2012 – 
 

– * 

_constant – 
 

– 
 

 
N Groups N Groups 

 
736 92 1010 92 

 
within overall within overall 

R2= 0.62 0.07 0.70 0.55 
Note:  *, **,*** indicate statistically significant at p<0.10, p<0.05, p<0.01, respectively. 

 

Interestingly, the entrepreneurial nonprofit sector does not exhibit a significant impact on poverty alleviation, 

at least during the more recent period for which data are available.  Nonprofit organizations and revenues 

appear drawn to poverty hotspots, but the results do not demonstrate a subsequent net impact on poverty 



rates.  The statistically insignificant results here may be a results of nonprofits’ impacts simply escaping 

measurement here or the possibility that effective nonprofits attract poverty to a community to offset the 

gains in reducing incumbent poverty.   

The results in Table 4 also test some hypotheses about the nature of that economic growth.  These are 

inspired by the concerns expressed in the field by our informants (see Part 1).  The concern that larger 

ventures, entrepreneurs who would create many jobs, might crowd out the smaller entrepreneur to the 

detriment of the poor is explicitly examined in the Short Model with more recent data.  The results there 

show that the growth in small and medium-sized employers leads to faster reductions in poverty than growth 

in major employers.  The effect is largely driven by medium-sized employers and, for the longer time series 

which the Census County Business Patterns dataset cannot fully cover, disappears without this rich set of 

indicators for small- and medium-sized businesses.  Throughout this analysis, growth in establishments with 

1,000-plus employees is never positively associated with poverty alleviation, while smaller businesses do 

exhibit a poverty-reducing force.   

To push this “big business” impact further, measures of the presence of Wal-Marts are included in the model 

in order to capture its effect.  Wal-Mart is often a lightning rod for community concerns about poverty, as 

both a low-wage employer and a retailer of low-priced necessities.  The results in Table 4 indicate no 

statistically significant effect of Wal-Mart operations in a county on its subsequent poverty rates.  (See the 

Appendix for additional discussion.)  Despite the popular theme, Indiana Wal-Marts do not appear to bring 

more or less poverty to an area.  This is consistent with previous findings in the scholarly literature, where 

Basker (2005) and Ficano (2013) show positive employment effects of Wal-Marts, Hicks (2008) and Sobel 

and Dean (2008) show little long-run local impacts, and others find either small (Goetz & Swaminathan, 

2006) or highly localized adverse impacts (Ellickson & Geico, 2013) of Wal-Marts. 

Another lightning rod in the media, payday loans and high-interest unsecured lending institutions are also 

often linked to a poverty trap (Pew Charitable Trusts, 2012).  These sorts of enterprises play an important and 

complicated role in this story.  On their face, they offer access to financial resources that is notoriously 

limited for low-income individuals seeking to better their situation.  On the other hand, their usurious interest 

rates and potentially deceptive practices make them appear as firms preying on the poor and desperate.  

Whether they represent a “dark side” of entrepreneurship or a much-needed lifeline to escape their 

predicament is an important question that can be informed by some empirical evidence.  Census data on 

consumer lending outlets (NAICS code 522291) count the number of establishments primarily making 

unsecured cash loans in each county.  Their negative effect on poverty rates as reported in Table 4 is not 

statistically significant.  This suggests that more unsecured cash loan establishments neither reliably exacerbate 

nor alleviate county poverty rates in Indiana.  Such a result is consistent with a regulated industry not as 

entrepreneurial or as predatory as popularly portrayed. 

Second, the effects of government activity and public spending identified in Table 4 yield several important 

insights.  Spending on welfare programs in particular counties leads to increases in poverty rates in subsequent 

years.  While undoubtedly helpful, the analysis here finds little support for the idea that these social safety 

programs provide temporary relief or a viable pathway out of poverty.  More spending on these programs 

(TANF and food stamps, unemployment insurance, SNAP) are all strongly associated with higher poverty 

rates in the following years.  Such a consistently strong finding could be the result of (i) more government 

spending signaling the presence of more resources and support for the poor that attracts more poor Hoosiers 

to the area, (ii) safety net programs acting as a ‘trap’ out of which it is hard for recipients to escape, or (iii) a 



deeper persistence in poverty trends such that changes poverty rates take years to ripple through a regional 

economy and public assistance programs stop responding after that initial change.12  Regardless of which 

story or stories hold, the results do not show public assistance spending as a pathway out of poverty.    

The size of the local government is also controlled for in these models.  Both models include a measure of 

employment in local government jobs.  Neither model finds a statistically significant effect of local 

government jobs on alleviating poverty.  A useful study (Pearce, 2009) estimates individuals’ tax burdens for 

each county in order to calculate self-sufficiency wages as far back as 2002.  Using initial tax burden as a 

starting point, the Short Model tests whether counties with higher starting points on taxes experienced faster 

or slower growths in poverty rates over the next decade.  The results show no significant relationship.  (See 

the Appendix for additional remarks.) 

Regulatory reach is more directly measured in this analysis using residential building permits data for each 

county.  Each model includes an average cost of residential building permits, the number the permits issued 

per capita, and an indicator variable for whether a county issued no permits at all in a given year.  The average 

permit cost appears unrelated to poverty rates, likely reflecting the tendency of permit costs to correlate 

closely (ρ=0.67) with median income levels.  Counties that issue more building permits per capita tend to 

experience lower poverty rates in subsequent years.  A one standard-deviation increase in (log) permits per 

capita in the lefthand model, for instance, is associated with a full half a percentage point decrease in poverty 

rates in the following year.  Counties that issued no permits in given year saw the following year’s poverty 

rates over one full percentage point higher than otherwise expected.  These results are unlikely due to merely 

diluting the population with non-poor incomers (who are able to afford newly constructed homes), as the 

result is already conditional on local economic conditions and is robust to including other income or 

population growth measures.   

The models also include a control for initial poverty rates circa 2000 to test whether a high-poverty areas have 

a persistent handicap in recovering.  The Short Model shows that, in recent years, no such legacy effects 

played an important part.  In the Long Model, however, higher initial poverty levels in 2000 are found in 

counties that experienced somewhat worse trends in poverty rates over the next decade.  A similar control for 

rurality is included, identifying whether more rural counties experienced a different time trend in poverty 

rates.  The results show that more rural counties on average enjoyed better trends in PovRate, all else equal.   

Ideally, better measures of local regulatory conditions could be incorporated in the models, but more 

adequate measures are currently unavailable.  Some intriguing measures are available, however, for only one 

or a few years.  While they cannot be included effectively in the models in Table 4, they can at least be 

compared with the county-level fixed effects estimated in those models.  The Appendix contains additional 

details of the analysis.  This comparison essentially just describes the correlation between counties’ persistent 

performance (with respect to poverty rates, after controlling for the other variables in the model) and these 

regulatory climate measures.  Larger per-capita tax breaks paid are significantly positively correlated with the 

county fixed effects in the Long Model of Table 4.  This implies that states with higher persistent poverty 

rates tended to offer more subsidies for economic development.  Better-performing counties with respect to 

                                                           
12 This third possibility, raised by Seefeldt and Graham (2013), follows from a policy dilemma for social safety net 
programs.  They are needed the most during economic downturns, just when their funding is most constrained.  
Accordingly, public assistance spending may lack the volatility of the broader economy.  If it reacts to the initial negative 
(or positive) economic shock through increases (or decreases) in spending but a sustained shock brings little spending 
change for the subsequent years, then the results could give the appearance that the initial spending increase caused the 
longer-term poverty rate increase that really resulted from deeper shocks and limited government responses. 



poverty rates tended to have shorter wait lists for daycare vouchers and more daycare slots per child age 0-4, 

both suggestive of easier entry into the daycare market.    

Which Forces also Influence Median Income? 
While poverty rates are the primary concern for this analysis, the same analysis can be performed for median 

household income.  The preceding analysis identified some strong influences that drove poverty rates across 

counties in Indiana, yet whether those same factors also drive prosperity for the middle of the income 

distribution remains an interesting question.  Increasing concern about income inequality in United States 

makes the answer especially salient today.  If the results look the same for median household income as for 

poverty rates, then it would suggest that factors that raise incomes in the middle of the income distribution 

do so at the expense of growing the share of the population falling into poverty.  Conversely, if the results 

looks inverted, then perhaps the same factors that can help shrink poverty can also grow the incomes of the 

middle class.   

Table 5 presents a parallel analysis for a different dependent variable, HHincome.  (See Table A5 in the 

Appendix for full results.)  The results show roughly similar patterns as in the previous analysis of poverty 

rates.  The same basic forces that shrink the left tail of the income distribution also operate on the middle of 

the income distribution.  In other words, what is good for the middle class also generally tends to be good for 

reducing the poverty rate.  Issuing more building permits, hosting new business growth, and being home to 

more innovation and patenting are all associated with raising median incomes.  Conversely, more social safety 

net spending tends to be followed by reduced median incomes within counties.  Interestingly, and not much 

different than seen in the previous poverty rate analysis, counties’ initial levels of tax burden figure minimally 

into the trajectory of their median income growth, while more rural counties tended see stronger median 

income growth ceteris paribus.  Unlike poverty rates, however, counties with initially high poverty rates tended 

to see their median incomes climb faster.  Higher median incomes and higher poverty rates in the initially 

poorer counties suggests that widening income disparities may be a bigger concern for counties that had 

historically high incidence of poverty.   

Again, the forces driving poverty alleviation are only generally similar to those driving median income growth.  

Some developments have ambiguous or indeterminate effects on prosperity for the poor or the middle class, 

such as the unsecured cash loan industry or the presence of Wal-Marts.  Neither variable showed consistently 

significant effects on median income, much like in the poverty analysis.  Likewise, the weak causal influences 

of nonprofits and of local government employment remain in the income analysis.  Growing the number of 

businesses, however, showed more impact on poverty rates in Table 4 for PovRate than it does for median 

income per Table 5.  The importance of medium and small employers shown in the poverty rate analysis is 

also not replicated for the median income analysis.  What appears instead is that, for the more recent 

timespan in the Short Model, the number of establishments in a county maps onto income levels nicely.  But 

when the time series is expanded to 11 years then the annual trends in the larger economy drive median 

income more than counts of local establishments.  Still, a modest gain of a dozen new establishments in a 

county predicts just a 0.05% increase in median income, while a modest gain of 4.5 patents per 100,000 

people predicts a 0.24% increase in median income.  (The modest hypothetical changes used here are based 

on the median observed year-to-year changes in TotalBiz and Patents.) By comparison, the same increases in 

business counts and in patenting rates would predict 0.04 and 0.02 percentage point decreases in poverty 

rates, respectively.  Such a change is substantively rather small relative to an average year-to-year change in 

poverty rate of around 0.5 percentage points. 



Table 5:  Panel Fixed-Effect Regression Results for Median Household Income 

 
Short Model Long Model 

     variable Effect sign sig. Effect sign sig. 

HomePermitCost +  – 
 Permits + ** + * 

NoPermits – ** – ** 

LocGovJobs +  + 
 SNAPtransfers   – *** 

PubAID – *** 

  UIpayments – *** – *** 

NPrevppp +  

  BigBiz +  

  MedBiz +  

  SmallerBiz –  – 
 TotalBiz – ** + 
 Patents – *** + ** 

ConsumerLend +  + 
 WalmartEmploy –  + 
 Rural*year + ** + *** 

PovRate2000*year +  + *** 

SSTax2002*year +  

  year=2003   + *** 

year=2004   + *** 

year=2005   + *** 

year=2006 +  + *** 

year=2007 + * + *** 

year=2008 +  + *** 

year=2009 +  + *** 

year=2010 +  + *** 

year=2011 +  + *** 

year=2012 +  + *** 

_constant –  – *** 

 
N Groups N Groups 

 
736 92 1010 92 

 
within overall within overall 

R2= 0.39 0.06 0.59 0.40 
 

The Appendix offers one further extension of the analysis to examine an IncomeDistress score instead of poverty 

rates or median household income.  This IncomeDistress score derives from the “distress score” used by the 

Indiana Office of Community & Rural Affairs (Stuart, 2011) to help allocate CDBG funds around the state.  



The results from this analysis are presented in the Appendix as experimental and needing considerable 

caution in interpretation.   

II.d  Summary 
The quantitative analysis of county-level poverty rate trends in Indiana shows several interesting results 

overall.  The descriptive statistics and maps show a good deal of variation among Indiana counties over the 

past decade.  For poverty rates, which have risen across the state in the past decade, there is considerable 

variation from county to county.  Only one of the top five counties in terms of highest poverty rates in 2012 

was on that list in 2002, and all of the counties had much higher poverty rates coming out of the Great 

Recession.  Counties with higher poverty rates tend to have weaker job markets, more nonprofits and more 

public assistance spending, and fewer new businesses starting.  Poverty rates worsened fastest from 2002-

2012 in counties that were initially poorer, spending more on public assistance programs, and adding fewer 

new businesses.  Recent recoveries have tended to occur in rural counties and those with more smaller and 

medium-sized businesses.   

A panel data regression approach helps estimate the effects of entrepreneurial and government activity on 

alleviating poverty.  Identifying causal drivers of poverty rates in Indiana counties requires a more 

sophisticated approach that separates the multiple interrelated forces at play and addresses the possible bias 

resulting from poverty rates both responding to and influencing economic and regulatory activity.  The results 

give support to some of the expected relationships but also fail to evidence many of the popular impressions 

common among Part 1 interviewees and the media.  More economic activity in the form of a growing 

number of businesses (especially smaller businesses in recent years) and more patenting consistently drives 

lower poverty rates.  Contentious businesses often linked to localized poverty, Wal-Mart and unsecured 

consumer lenders, show no adverse impact on poverty rates and might even help.  Perhaps disappointingly, a 

better-funded nonprofit sector does not appear to alleviate poverty in its county.  The same can be said for 

increased local government employment, although additional spending on welfare programs in a county is 

associated with increases in its future poverty rates.  Regulatory stringency in the form of fewer housing 

permits issued consistently leads to higher poverty rates. 

Limitations 
The analysis presented here takes a conservative and limited approach to identifying the causal drivers of 

poverty rates.  To mitigate concerns that a complex web of interdependent forces prevent clean identification 

of what causes what, the econometrics lean heavily on two identifying assumptions.  First, while unobserved 

county characteristics surely matter, it is assumed that these unobservables (or their effects) are time-invariant 

in the sample.  A limiting consequence of this assumption is that the results cannot identify the effects of 

persistent county-level characteristics, such as regional culture, geography, long-standing economics bases, or 

stable local policies.  Second, it is assumed that previous years’ economic and governmental activity can 

influence but not be influenced by current poverty rates.  The results are sensitive to alternative lag structures 

and assumptions about the timing and persistence of these kinds of impacts (and the serial correlation in the 

error term). 

Two key drivers of local poverty rates are not addressed in this work: macroeconomic forces and (federal and 

state) policies that affect the entire state.  The year indicator variables in Table 4 capture the year-by-year 

influences of the larger economy and all statewide policy shifts, but they cannot separate how each element of 

the economic and policy arenas affected local poverty rates.  The coarseness of annual, aggregate poverty rate 

estimates simply do not permit that kind of attribution.  Further, appreciating the effects of state-level policy 



shifts is beyond the scope of this initial investigation of intra-Indiana trends.  Using neighboring Midwest 

regions as a “control group” offers a promising next step for evaluating the impacts of Indiana state policies. 

While a wealth of data combine to help identify the drivers of intra-state variation in poverty rates, the 

analysis will always remain limited by the quality of the data used.  More and better indicators of 

entrepreneurial activity, government spending and regulatory activity, and poverty might alter and improve 

the findings.  Publicly available data at the county level stretching back more than a handful of years imposes 

a surprisingly high bar for data.  Notably scarce are historical measures of local government spending,  

entrepreneurial activity by industrial sector, and local regulatory actions.  This is especially true for “shadow 

economy” or underground economic activity – something by nature extremely difficult to measure 

systematically and yet interviewees rightly named it as an arena important to low-income entrepreneurs.  

Better measures of local government spending, permitting, or enforcement would also help. 

The data in this report largely stop in 2012, the latest reliable figures for county-level poverty rates available.  

So while Indiana poverty rates appear to have benefited from the recent upturn in the economy, this analysis 

examines the variation in poverty rates from county-to-county in the state and thus relies on the latest data 

which happen to only cover through 2012.  The dynamics of the most recent two years may tell a somewhat 

different story.  Future research should update these findings in Part 2 with newer data when released. 

  



 

Conclusions 
 

The empirical investigation described here covered the entire state with an intensive qualitative and 

quantitative data gathering exercise.  Sorting through the data reveals important observations about the nexus 

of poverty, entrepreneurship, and regulation in Indiana.  Some of these findings are more robust and some 

are more speculative.  All of them merit further inquiry.   

Among the more robust findings in both Part 1 and Part 2 of the report are: 

 Dual pathways:  There is a pervasive belief that entrepreneurship can be a critical path to self-

sufficiency for those in poverty, but very little concerted effort and investment has occurred to 

harness the entrepreneurial poor.  This places the onus on the indirect path whereby (non-poor) 

entrepreneurs bring expanded opportunities to low-income households and communities.  Evidence 

from Part 1 identified the unrealized potential of low-income microenterprise in Indiana, while 

evidence from Part 2 showed significant effects of new business formation. 

 Smaller businesses:  Both the field interviews and the data analysis find consistent evidence that 

smaller businesses are more closely connected to alleviating poverty.  While larger employers may 

overlook the poor (or possibly even crowd out other economic development efforts), growth in 

small- and mid-sized establishments shows promise. 

 Tensions between safety nets and entrepreneurship:  A common theme in field interviews is the 

perverse incentives of many safety net programs, where basic entrepreneurial activity risks losing 

benefit eligibility.  While these programs may discourage entrepreneurship, their expansion appears 

to sustain and even grow poverty rates at the county level.  Given the difficulty in finding financing 

for low-income entrepreneurs, the weak effect of consumer lending outlets (a private enterprise 

element to the safety net) stands out as a shortcoming.  Comments from interviewees alongside the 

effect of new business and innovations in alleviating poverty point to opportunities to better 

harmonize these efforts. 

Other findings in either Part 1 or Part 2 of the report suggest additional observations and tentative 

conclusions.   

 Regulation’s unintended consequences:   Regulation on small businesses imposes 

disproportionately large barriers on microbusinesses.  Licensing, permitting, compliance, and other 

administrative complexity present major obstacles that, lacking the networks and resources to hire 

lawyers and other consultants, the poor simply cannot overcome.  Public policies may also hinder 

poverty reduction by stifling indirect wealth creation for the poor by entrepreneurial activity that 

employs or otherwise indirectly benefits the poor.  The statistical analysis in Part 2 also shows that 

more lax permitting (and perhaps easier entry to the daycare industry) is associated with poverty 

reduction.  These well-intentioned regulations have serious (for the most part) unintended 

consequences that dissuade would-be entrepreneurs or divert them into the shadow economy.   

 Going underground:   A major and difficult-to-measure consequence of microenterprise colliding 

with regulation is a substitution of “shadow economy” or underground enterprises in lieu of more 



legitimate pursuits.  The magnitude of this distortion is hard to quantify by its very nature – avoiding 

detection by public authorities – but the common belief is that it is quite large. 

Implications for Public Policy 
While the analysis here did not explicitly evaluate specific policies, its findings can still inform policymakers 

considering reform.  Nothing so precise as a detailed policy proposal can follow immediately from these 

findings.  Instead, the results suggest promising directions for policymakers and future researchers to 

consider.  Policymakers would do well to carefully weigh the likely-yet-unintended consequences of erecting 

additional regulatory barriers.  Whether these barriers are overt (e.g., prohibitions, licenses) or more subtle 

(e.g., costly testing, complex rules), the adverse consequences for more vulnerable populations – especially 

those pursuing improved living situations and self-sufficiency – can be anticipated.  Those concerned with 

income inequality may use regulatory relief, especially targeted to low-income micro-entrepreneurs, to avoid 

exacerbating current trends.  Whatever policymakers can do to foster more innovation and more free 

enterprise warrants consideration potentially as another arrow in a quiver of antipoverty programs.  In some 

cases, the laissez-faire approach of doing nothing (no easy task for regulators and planners) may be in the best 

interest of the poor.  For all the attention given to payday loan outlets, Wal-Marts, and other enterprises that 

disproportionately serve the poor, the evidence from Indiana shows no long-term adverse consequences for 

poverty rates from their siting in communities.  That attention might be more constructively invested in 

promoting better coordination among agencies supporting microenterprise, improving technical assistance 

and information, and lowering regulatory and monitoring costs for microbusinesses.  Courting bigger 

businesses (with higher payrolls) achieves some policy goals, but this approach may not benefit poorer 

Hoosiers as much as smaller enterprises do.  The emerging bottom line is that antipoverty efforts can find 

complementary programs in support of microenterprises.  State and local policy, especially in arenas not 

directly linked to poverty, would do well to consider “the little guy.”  
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Appendix 

Table A1: Interview Organizations Descriptions 

 

Access to 

Capital

Technical 

Assistance

Business Ownership Initiative (BOI)
To help people start and grow businesses and provide 

access to financing.
http://www.businessownership.org/home Nonprofit (501c3)

Community Action of Northeast Indiana 

(CANI)

To help community, family, individual causes to alleviate 

conditions of poverty.
http://www.canihelp.org/ Nonprofit (501c3)

Flagship Enterprise

To be a premier technological Business incubator 

creating new jobs and contributing to the long-term 

economic development of the communities of Anderson, 

Madison County and the state of Indiana by encouraging 

and nurturing the entrepreneurial spirit in communities 

and by providing mentoring, networking, business 

services, educational opportunities and access to capital.

http://www.flagshipenterprise.org/ Nonprofit (501c3)

Service Corps of Retired Executives 

(SCORE)

To foster vibrant small business communities through 

mentoring and education.
https://indianapolis.score.org/ Nonprofit (501c3)

Indiana Small Business Development 

Center (ISBDC)

To accomplish its mission through a continuous focus on 

impact, realizing it is not enough to hold training events 

and meet with clients, but that tangible value needs to be 

provided to our clients as a result of outcome-focused 

SBDC engagement.

http://isbdc.org/ Government Entity

Community Action of Greater 

Indianapolis (CAGI)
To enable those we serve. http://www.cagi-in.org/ Nonprofit (501c3)

Human Services, Inc.

To provide leadership along with other organizations, 

families and individuals to help participants acquire the 

skills necessary to become self-sufficient through 

intervention and education.

http://www.hsi-indiana.com/ Nonprofit (501c3)

Business Coach

(Individual)
Greater Indianapolis entrepreneurs N/a

For-profit Business Owner 

(Educational Background: BA 

in Psychology, MA in 

Leadership & Training, 

Certified by SCORE)

Mission or Focus Population Website Classification

Provides:

Interviewee



Statistical Analysis 

The Data: 

 

Table A2:  Variable Definitions 

Variable Description Source 

PovRate Estimated percent of people of all ages in poverty Censusa 
PovRate08-12 Change in PovRate from 2008 to 2012 

 PovRate02-12 Change in PovRate from 2002 to 2012 
 UnempRate Unemployment rate (not seasonally adjusted), annual average StatsIndianab 

LaborRate Labor force participation rate, annual average StatsIndianab 
Rurality Index of relative rurality (2000), from Waldorf (2006) StatsAmericac 
HHincome log of median annual household income (5-year ACS or decennial 

Census) Census 
GovJobs Average annual employment in government (federal, state, local) jobs, 

per capita QCEWd 
LocGovJobs Average annual employment in local government jobs, per capita QCEWd 
LocGovELQ Employment location quotient relative to the US for local government QCEWd 
TANF Average TANF families, per capita StatsIndianae 
PubAID TANF + average number of food stamp recipients, per capita StatsIndianae 
UIpayments log of unemployment insurance compensation payments($1000s), per 

capita IDWDf 
BizBirths Business births, per capita SBAg 
BigBiz Establishments with 1,000+ employees, per capita CBPh 
MedBiz Establishments with 100 – 999 employees, per capita CBPh 
SmallBiz Establishments with under 100 employees, per capita CBPh 
NPorgs Registered nonprofit organizations, per capita NCCSi 
NPrevs Nonprofit revenues reported on Form 990, per capita NCCSi 
NPrevppp log of nonprofit revenues reported on Form 990, per person in 

poverty 
 HomePermitCostt-1 Average residential building permit cost (total permit costs divided by 

total permits, $1000s), previous year.  Recoded to 0 when no permits 
were issued. StatsIndianaj 

Permitst-1 log of number of residential building permits issued, per capita, 
previous year. StatsIndianaj 

NoPermitst-1 Dummy variable equaling 1 if no permits issued; 0 otherwise, previous 
year. StatsIndianaj 

SNAPtransfers t-1 Transfer payments for SNAP ($1000s), per capita, previous year. BEAk 

SmallerBizt-1 Establishments with less than 20 employees per 10 residents, previous 
year StatsAmerical 

TotalBizt-1 Total number of establishments (in 1000s), previous year CBPh 
Patentst-1 Total count of utility patents, per capita, previous year USPTOm 
ConsumerLendt-1 Count of unsecured consumer lending outlets (NAICS #522291), per 

1,000 residents, previous year CBPh 
WalmartEmployt-4 Total (current) Wal-Mart employees of current locations that had Holmesn 



opened four years prior, per 100 persons in poverty (in year t-4) 

SSTax2002 Total taxes paid (in $1000s) per adult, 2002 Pearce (2009) 
IncomeDistress Index of income distress, higher values mean less distress  See text. 

a From the Small Area Income and Poverty Estimates: 

http://www.census.gov/did/www/saipe/data/statecounty/data/index.html 
b http://www.stats.indiana.edu/topic/laus.asp 
c http://statsamerica.org/innovation/anydata/custom.asp 
d Bureau of Labor Statistics’ Quarterly Census of Employment and Wages: http://www.bls.gov/cew/datatoc.htm 
e http://www.stats.indiana.edu/dms4/new_dpage.asp?profile_id=314&output_mode=2 
f http://www.hoosierdata.in.gov/dpage.asp?id=59&view_number=3&menu_level=&panel_number=2 
g Small Business Administration:  http://www.sba.gov/advocacy/firm-size-data 
h Census County Business Patterns:  http://www.census.gov/econ/cbp/ 
i National Center for Charitable Statistics:  http://nccsweb.urban.org/tablewiz/bmf.php 
j http://www.stats.indiana.edu/bp/ 
k Bureau of Economic Analysis:  http://www.bea.gov/itable 
l StatsAmerica:  statsamerica.org/innovation/anydata/custom.asp 
m USPTO: http://www.uspto.gov/web/offices/ac/ido/oeip/taf/countyall/explan_countyall.htm 
n Much of the data downloaded from Thomas Holmes (http://www.econ.umn.edu/~holmes/data/WalMart/ ).  For 

post-2006 store openings (listed in ReferenceUSA, 2014) not matched to Holmes data, manual internet searches 

identified opening dates. 

 

  

  



Table A3:  Descriptive Statistics 

Variable Obs Mean Std. Dev. Min Max 

PovRate 1102 11.609 3.705 3.2 26.0 
PovRate08-12 92 2.053 1.451 -1.6 5.4 
PovRate02-12 92 5.039 2.015 1.2 12.0 
UnempRate 1102 6.727 2.509 2.4 17.9 
LaborRate 1102 0.503 0.031 0.374 0.641 
Rurality 1102 0.426 0.124 0.091 0.639 
HHincome 1102 10.699 0.153 10.375 11.390 
GovJobs 1102 0.711 0.224 0.217 1.485 
LocalGovJobs 1102 0.045 0.012 0 0.078 
LocGovELQ 1102 1.302 0.486 0 2.940 
TANF 920 0.004 0.002 3.4E-04 0.018 
PubAID 920 0.099 0.038 0.015 0.230 
UIpayments 1102 -1.702 0.557 -2.825 -0.243 
BizBirths 1102 0.002 0.001 4.7E-04 0.004 
BigBiz 1102 1.7E-05 2.4E-05 0 1.8E-04 
MedBiz 1102 4.7E-04 2.4E-04 0 1.4E-03 
SmallBiz 1102 0.021 0.004 0.012 0.032 
NPorgs 1012 0.006 0.001 0.003 0.011 
NPrevs 1012 2453.492 2563.354 85.463 19917.660 
NPrevppp 1012 -5.670 0.977 -8.053 -2.812 
HomePermitCostt-1 1102 0.130 0.043 0 0.417 
Permitst-1 1102 -5.869 1.329 -10.011 0 
NoPermitst-1 1102 0.020 0.140 0 1 
SNAPtransfers t-1 1102 0.098 0.062 0.007 0.355 
SmallerBizt-1 1102 0.333 0.112 0.164 0.912 
TotalBizt-1 1102 1.606 2.946 0.075 24.566 
Patentst-1 1102 1.6E-04 1.8E-04 0 0.001 
ConsumerLendt-1 1102 0.034 0.029 0 0.129 
WalmartEmployt-4 1102 0.047 0.064 0 0.468 
SSTax2002 1102 0.179 0.024 0.149 0.246 

IncomeDistress 1102 3.921 6.069 -14.425 24.464 

Note:  Descriptive statistics calculated for all observations used in the Long Model in Table 4 (i.e., years 2001-

2012). 

 

From 1990 – 2012, the state poverty rate averaged 11.6 percent with a peak of 15.8 percent in 2011, which 

was 1.8 standard deviations above its mean.  Over the past decade, the statewide peak of 15.8 percent was 

1.35 standard deviations above its mean for the past decade. At the county-level, 71 of 92 counties 

experienced a recessionary peak even further from its mean than the state as a whole. 

 



The models: 
Variable selection is guided by three major principles throughout:  exogeneity (variables that occur before or 

are theoretically independent of poverty rates are preferred), parsimony (fewer variables enhance clarity and 

highlight essential relationships), and theoretical relevance (they measure or proxy for entrepreneurial activity, 

regulatory reach, and size of the public sector).  In many cases, less theoretically ideal variables are chosen 

over ones that more closely match the desired measure because the selected variable has fewer missing values.  

This is especially true in the Short Model and, most of all, in the Long Model.  To mitigate endogeneity 

concerns, the models estimated here use the lagged or previous year’s measure of welfare spending to predict 

current poverty rates under the assumption that, conditional on all of the other controls in the model, 

unexpectedly high poverty rates in a county in year t cannot cause greater public welfare spending in that 

county in year t-1.  (This kind of formulaic spending resists the foresight necessary to anticipate poverty 

shocks.)  One exception is the WalmartEmploy variable, which uses a four-year lag to allow the effects of Wal-

Mart openings to ripple through the local economy. 

The basic structure for the panel regression models in Table 4 takes the form: 

POVERTYit = α + βXit-1 + δZit + T + ui + θit ,  where θit = ρθit-1 + εit , 

and where εit is a white noise error term, ui are the fixed effects for each county, T is a vector year-specific 

fixed effects, |ρ| < 1, and α, β, δ, and ρ are all model parameters to be estimated.  The Zit term indicates 

interaction terms between year and time-invariant county attributes Zi, which leaves the δ term to be 

interpreted as a time trend in the effect of Z.  Note that all other X variables enter the model as temporal lags.  

X is generally divided into vectors describing regulatory conditions and government spending, nonprofit 

activity, and other economic conditions such as sizes of establishments, patenting, and the size of certain 

industries.  The fixed-effect estimator identifies the parameters via within-county variation, leaving the county 

fixed effects to soak up the between county variation not otherwise explained in the model.   

The HomePermitCost variable is unavailable for counties in years when no home permits were issued (i.e., the 

average cost is undefined).  A concern arises if the incidence of counties not reporting any home permits 

being issued in a particular year was correlated with changes in poverty rates, perhaps because no building 

permits accompanied local economic stagnation.  To test for this possibility, the missing values of 

HomePermitCost were re-coded as zeroes and a dummy variable (NoPermits) to indicate which observations 

were re-coded is added to the model.   

The results: 
A few additional remarks on the WalmartEmploy and ConsumerLend effects estimated in Table 4 are in order.  

Wal-Mart’s expansion throughout Indiana appears to follow poverty rates rather than cause them.  Results do 

not vary appreciably whether Wal-Mart’s employment or revenues in the county are used.  Alternative 

versions of the model can trace out the effects of Wal-Mart expansions over time, such as its immediate 

effect and then its more long-term effect.  The only consistent result from those models is that any temporary 

spike in poverty rates immediately after expansions is negated within a few years, for a net effect 

indistinguishable from zero. 

For ConsumerLend, at heart of much of the unsecured cash loan industry are two major elements.  First, there 

is concern that consumers lack sufficient information or even competence to undertake these transactions, 

and hence regulatory oversight is demanded.  Second, this heavily regulated industry faces large barriers to 

entry – often controlled or supported by incumbent firms – that confer localized monopoly power and allow 



lenders to charge very high mark-ups.  (Even state-enforced rate ceilings may serve to foster tacit collusion 

among lenders keeping rates high.)  Removing the barriers (licensing, zoning, permitting) for this industry can 

drive prices down, likely to the benefit of the poor and low-income entrepreneurs.  Otherwise, changes in the 

industry are more likely to merely follow the prevailing local poverty levels rather than substantively improve 

them. 

For public-sector effects in Table 4, the insignificant result for LocGovJobs holds if LocGovELQ is used instead.  

The Short Model also produced an insignificant coefficient for the SSTax trend term.  If Pearce’s (2009) full 

self-sufficiency wage figure – arguably a county-specific measure of “cost of living” – is used instead, then 

similar insignificant results follow. 

 

  



Table A4:  Panel Fixed-Effect Regression Results for Poverty Rates 

 
Short Model 

 
Long Model 

 

       variable Coef. Std. Err. p Coef. Std. Err. p 

HomePermitCost -1.511 1.468 0.304 -1.029 1.234 0.405 

Permits -0.275 0.096 0.004 -0.147 0.076 0.054 

NoPermits 2.146 0.906 0.018 1.397 0.729 0.056 

LocGovJobs -8.516 8.832 0.335 -5.802 7.471 0.438 

SNAPtransfers 
   

15.674 2.905 0 

PubAID 28.873 5.622 0 
   UIpayments 1.580 0.542 0.004 1.645 0.430 0 

NPrevppp 0.132 0.131 0.315 
   BigBiz -3997.966 3205.842 0.213 
   MedBiz -1923.420 775.947 0.013 
   SmallerBiz -3.944 2.124 0.064 -0.094 1.553 0.952 

TotalBiz -1.633 0.508 0.001 -1.005 0.417 0.016 

Patents -867.090 522.876 0.098 -331.845 398.795 0.406 

ConsumerLend -3.009 4.018 0.454 -1.578 3.092 0.610 

WalmartEmploy -2.189 4.751 0.645 -3.895 2.676 0.146 

Rural*year -0.275 0.176 0.119 -0.347 0.110 0.002 

PovRate2000*year 0.003 0.009 0.719 0.030 0.007 0 

SSTax2002*year 0.563 0.971 0.563 
   year=2003 

   
-0.996 0.192 0 

year=2004 
   

-1.740 0.201 0 

year=2005 
   

-1.268 0.178 0 

year=2006 0.173 0.276 0.532 0.184 0.144 0.201 

year=2007 -0.158 0.511 0.757 -0.222 0.204 0.277 

year=2008 0.336 0.761 0.659 0.210 0.266 0.432 

year=2009 0.341 1.051 0.746 0.105 0.413 0.800 

year=2010 -1.174 1.504 0.435 -1.772 0.788 0.025 

year=2011 -0.946 1.694 0.577 -1.610 0.786 0.041 

year=2012 -0.808 1.869 0.666 -1.495 0.729 0.041 

_constant -7.869 459.153 0.986 -203.883 108.146 0.06 

 
N K 

 
N K 

 

 
736 92 

 
1010 92 

  F(24,620) F(91,620) AR1 (ρ) F(22,896) F(91,896) AR1 (ρ) 

 42.43 8.31 0.09 88.97 6.37 0.27 

 
within between overall within between overall 

R2= 0.62 0.08 0.07 0.70 0.78 0.55 
 

Figures A1 and A2 below depict a mapping of the county fixed effects as estimated in the Long and the Short 

poverty rate models, respectively.  They show some strong correlations (ρ=0.55, p<0.0001).  Marion county 



and many of the counties near Indiana’s border look to fall into similar deciles between the two models.  The 

collar counties of Marion county, however, appear to diverge considerably between these alternative modeling 

approaches.    

Figure A1:  County-Level Fixed Effects (Short Model, PovRate) 

 
Figure A2:  County-Level Fixed Effects (Long Model, PovRate) 
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County fixed-effects:  Short Model 

County fixed-effects:  Long Model 
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Table A5:  Panel Fixed-Effect Regression Results for Median Household Income 

 
Short Model 

 
Long Model 

 

       variable Coef. Std. Err. p Coef. Std. Err. p 

HomePermitCost 0.012 0.052 0.816 -0.011 0.042 0.799 

Permits 0.007 0.003 0.038 0.005 0.003 0.057 

NoPermits -0.069 0.032 0.032 -0.059 0.024 0.016 

LocGovJobs 0.406 0.314 0.197 0.181 0.246 0.464 

SNAPtransfers    -0.454 0.094 0 

PubAID -0.557 0.200 0.006 

   UIpayments -0.052 0.019 0.007 -0.044 0.014 0.002 

NPrevppp 0.003 0.005 0.475 

   BigBiz 59.190 113.565 0.602 

   MedBiz 13.002 27.546 0.637 

   SmallerBiz 0.000 0.075 0.995 -0.021 0.052 0.686 

TotalBiz 0.039 0.018 0.032 0.013 0.013 0.341 

Patents 54.000 18.538 0.004 29.971 13.381 0.025 

ConsumerLend 0.119 0.143 0.406 0.085 0.102 0.402 

WalmartEmploy -0.076 0.169 0.655 0.040 0.087 0.643 

Rural*year 0.014 0.006 0.026 0.015 0.003 0.000 

PovRate2000*year 0.0003 0.0003 0.309 0.001 0.000 0.001 

SSTax2002*year 0.042 0.035 0.232 

   year=2003    0.021 0.006 0.001 

year=2004    0.048 0.008 0 

year=2005    0.037 0.009 0 

year=2006 0.009 0.010 0.358 0.050 0.010 0 

year=2007 0.035 0.018 0.054 0.079 0.013 0 

year=2008 0.041 0.027 0.135 0.090 0.015 0 

year=2009 0.010 0.037 0.800 0.061 0.019 0.002 

year=2010 0.053 0.054 0.323 0.110 0.031 0 

year=2011 0.056 0.060 0.351 0.121 0.031 0 

year=2012 0.046 0.067 0.490 0.118 0.029 0 

_constant -22.198 16.255 0.173 -15.562 3.671 0 

 
N K 

 
N K 

 

 
736 92 

 
1010 92 

  F(24,620) F(91,620) AR1 (ρ) F(22,896) F(91,896) AR1 (ρ) 

 16.72 13.81 0.10 54.98 20.32 0.23 

 
within between overall within between overall 

R2= 0.39 0.07 0.06 0.59 0.47 0.40 
 

 



Additional results 

County fixed-effects correlations 

The estimated county-level fixed effects, as mapped above, can be correlated with some indicators with too 

much missing information to be included in the full panel data regression models.  The Indiana Economic 

Development Corporation administers several subsidy programs aiming to promote economic development 

in the state (Indiana Economic Development Corporation, 2013).  The reported amounts paid or contracted 

across the various programs was summed for each county in each year (2005 – 2013), normalized by the 

number of persons living in poverty in the county that year, and correlated with the county fixed effects from 

the Long Model.  The results indicate significant correlations for paid (ρ=0.09, p<0.05) and for contracted 

(ρ=0.11, p<0.01) amounts.  Interestingly, the results do not hold for the Short Model.  While it might be the 

case that larger economic development subsidies go hand-in-hand with higher county poverty rates, it might 

also be that the larger subsidies are targeting counties with persistent poverty challenges.   

Similar correlation analyses can also be performed with daycare data from KidsCount.org, the Annie E. Casey 

Foundation project.  Two variables used.  First is the number of licensed child care slots per child aged 0-4.  

This represents the availability of supply in the market.  Second is the ratio of the number of children on a 

waiting list for a child care voucher to the number of children receiving child care vouchers. This represents a 

sort of inverse of supply.  Daycare slots per child is significantly negatively correlated with county fixed 

effects from the Short Model (ρ=-0.34, p<0.0001).  The voucher congestion indicator is significantly 

positively correlated with the Long Model fixed effects (ρ=0.17, p<0.0001).  Taken together, they suggest 

that more congestion in the supply of daycare is associated with higher persistent poverty rates in a county.   

Random-effects models 

Alternative random effects specifications were also explored before ultimately opting for the fixed effects 

regressions.  County-level fixed effects are jointly significant in the models, and concerns about county 

unobservables are just too severe to justify the use of random effects.  Still, the random effects results offer 

some useful confirmation of the findings here.  For the most part, the random effects results closely map 

onto the results reported in Table 4.  Not controlling for state-level unobservables basically renders 

establishments insignificant and turns the local government jobs coefficient large and negative.  For the Short 

Model, the effects of patenting and medium businesses are also diminished.  For the Long Model, the results 

are otherwise the same in terms of coefficients’ signs and significance.  Controls for AR(1) and county-level 

unobserved factors appear to matter considerably in this context. 

IncomeDistress models 
The same model can be applied to a more multidimensional metric of IncomeDistress.  The CDBG distress 

score is based on six components, two of which involve housing data (vacancy rate and median house value).  

These two are omitted from the IncomeDistress score used here.  Otherwise, the construction of the 

IncomeDistress score follows the instructions detailed in Stuart (2011).  It is a year-by-year normalization of four 

indicator variables: median household income, labor force participation rate, unemployment rate, and poverty 

rate.  The first two lower the distress level, and the latter two increase the distress level.   

The score is based directly on employment data (labor force participation and unemployment rate) that 

caution against the use of jobs-related variables in the model (e.g.,  LocGovJobs).  Even using lagged or last 

year’s values for these jobs variables may pose problems for the validity of the model if there are persistent 

trends in employment or stickiness in labor markets.  Accordingly, the results are relegated to the appendix 

and the reader is advised to use these results with great caution and to take them as suggestive.  They are 



descriptive of the relationship between this IncomeDistress score – an index that blends income measures for the 

middle and the lower portion of the income distribution with labor market conditions – and the previously 

identified factors that influence poverty rates alone.   

Table A6 in the Appendix indicates some surprising preliminary results.  In the Short Model covering only 

the more recent years, basically only the persistent county-level fixed effects, the spending on unemployment 

insurance, and the years following the Great Recession are statistically significant predictors of IncomeDistress 

at conventional levels.  The Long Model with the longer time series indicates several more significant effects.  

More unemployment insurance spending brings more distress in the following year, but other public 

assistance spending (e.g., SNAP, TANF, food stamps) has no effect on this index.  More business 

establishments reduces the distress in the following year.  More Wal-Mart employment (per person in 

poverty) reduces distress four years later.  And the initial poverty rate circa 2000 predicts somewhat faster 

average reductions in distress over the past decade.  Overall, the model with this more multidimensional 

income distress measure shows some congruence with the poverty rate model although the statistical fit is not 

as strong.  

 

  



Table A6:  Panel (Fixed Effect) Regression Results for IncomeDistress 

 
Short Model 

 
Long Model 

 

       variable Coef. Std. Err. p Coef. Std. Err. p 

HomePermitCost 5.799 4.646 0.212 2.412 4.130 0.559 

Permits -0.048 0.315 0.880 -0.179 0.262 0.494 

NoPermits 0.181 2.946 0.951 0.269 2.506 0.915 

LocGovJobs 43.657 32.584 0.181 35.370 26.880 0.189 

SNAPtransfers 
   

-14.196 11.310 0.210 

PubAID -17.265 21.719 0.427 
   UIpayments -8.479 1.904 0 -3.851 1.487 0.010 

NPrevppp -0.485 0.449 0.280 
   BigBiz 8378.944 10262.28 0.415 
   MedBiz 3950.457 2668.108 0.139 
   SmallerBiz 6.157 7.175 0.391 7.599 5.342 0.155 

TotalBiz 2.949 2.136 0.168 3.056 1.700 0.073 

Patents 1314.964 1720.582 0.445 -578.699 1345.596 0.667 

ConsumerLend -4.221 14.806 0.776 3.786 11.115 0.733 

WalmartEmploy 25.793 16.921 0.128 17.842 10.166 0.080 

Rural*year 0.229 0.828 0.782 0.075 0.485 0.877 

PovRate2000*year -0.0614 0.0435 0.158 0.057 0.030 0.061 

SSTax2002*year -1.376 4.545 0.762 
   year=2003 

   
-1.895 0.538 0 

year=2004 
   

-0.037 0.769 0.962 

year=2005 
   

0.078 1.067 0.942 

year=2006 0.568 0.900 0.529 -0.385 1.321 0.771 

year=2007 3.023 1.899 0.112 0.568 1.542 0.713 

year=2008 2.714 2.998 0.366 -0.907 1.830 0.620 

year=2009 5.789 4.302 0.179 -1.180 2.140 0.582 

year=2010 12.850 6.116 0.036 0.281 3.081 0.927 

year=2011 13.760 7.073 0.052 0.955 3.244 0.769 

year=2012 10.618 7.991 0.184 -1.576 3.294 0.632 

_constant 1323.319 1490.632 0.375 -1045.488 354.729 0.003 

 
N K 

 
N K 

 

 
736 92 

 
1010 92 

  F(24,620) F(91,620) AR1 (ρ) F(22,896) F(91,896) AR1 (ρ) 

 8.39 3.14 0.37 9.76 4.04 0.44 

 
within between overall within between overall 

R2= 0.2452 0.0329 0.02 0.2005 0.0136 0.0074 
 

 


